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Abstract

This thesis examines how abortion-related legislation diffused across U.S. states in

the first full legislative year after Dobbs v. Jackson Women’s Health Organization

(2022). Drawing on a corpus of 188 enacted bills across 46 states, it uses compu-

tational text analysis—TF–IDF cosine similarity computed across 104,445 unique

n-grams—together with bill-level and dyadic regression to identify the structural pre-

dictors of textual convergence. Three findings invert conventional expectations. First,

protective coalitions, not restrictive ones, deployed standardized legislative templates

most aggressively in 2023: protective bills are significantly less novel than neutral bills

(β = −0.076, p = 0.022), while restrictive bills are statistically indistinguishable from

the neutral baseline. Second, the highest textual convergence across state lines coex-

ists with a near-complete absence of direct PAC contributions between coordinated

legislators, indicating that diffusion operates through informational rather than finan-

cial channels. Third, at the state-pair level, shared advocacy organization co-presence

(PAC Jaccard β = +0.039, p < 0.001) and shared protective coalition membership

(β = +0.037, p < 0.001) predict textual similarity while geographic contiguity is null

(β = +0.003, p = 0.734). The thesis advances a framework of constitutional vacuum

diffusion, with reactive template mobilization as its operative mechanism, and dis-

tinguishes vertical (restrictive) from horizontal (protective) coalition architectures in

their production of detectable textual signatures.
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Chapter 1

Introduction

1.1 The Puzzle of Post-Dobbs Diffusion

On June 24, 2022, the Supreme Court issued its decision in Dobbs v. Jackson Women’s

Health Organization, overruling Roe v. Wade (1973) and Planned Parenthood of South-

eastern Pennsylvania v. Casey (1992) and returning the regulation of abortion to the

states. The decision did not merely alter constitutional doctrine. It collapsed, in a

single opinion, the federal preemption regime that had structured state-level repro-

ductive policy for nearly half a century. The states became, overnight, the exclusive

jurisdictional venue for a contested policy domain in which both regulatory expansion

and codification of protections had been institutionally constrained for two genera-

tions.

The legislative response was rapid, substantively bilateral, and—I will argue—

structurally novel. By the close of the 2023 legislative session, forty-six states had

enacted at least one statute responsive to the new constitutional environment, pro-

ducing a corpus of 188 bills that ranged from six-week gestational limits and trigger

statutes to shield laws, codified clinic protections, and procedural expansions of

access. The textual record of that single legislative year is the empirical object I

analyze.
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The accumulated literature on policy diffusion did not anticipate the characteristic

features of this record. The geographic-learning tradition, descending from Walker

(1969), predicts that innovation spreads through regional clusters as adopting states

observe and adapt to the experience of nearby pioneers. The event-history framework

of Berry and Berry (1990) specifies internal determinants and regional influence as

the principal predictors of adoption timing. The copy-and-paste tradition formalized

by Jansa, Hansen, and Gray (2019) predicts that interest-group drafting infrastruc-

ture produces detectable textual signatures, and—given the institutional prominence

of national restrictive-coalition organizations in pre-Dobbs abortion policy—should

produce its strongest signature on the restrictive side. None of these predictions accu-

rately describe the 2023 record. Geographic contiguity is statistically null as a pre-

dictor of cross-state textual similarity. Coalition coordination is detectable, but it

is concentrated on the protective rather than the restrictive side. And the diffusion

timeline is too compressed for the observational learning the geographic tradition

presupposes: bills enacted in March cannot be the product of states having watched

the consequences of bills enacted in February.

The empirical puzzle, then, concerns diffusion regimes. When federal preemption

abruptly collapses in a highly salient, organizationally mature policy domain, what

mechanism replaces the slow regional learning the field has theorized? The answer

I develop is that the mechanism is not learning at all. It is the activation of pre-

positioned templates through coalition-aligned organizational networks—a regime

that the diffusion literature has not previously needed to specify, and one whose

signatures are visible in the textual record of the first post-shock legislative cycle.
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1.2 The Argument

I advance four interlocking claims. The first is empirical: the 2023 post-Dobbs abortion

corpus exhibits a characteristic textual structure—moderate cross-state borrowing

rather than either wholesale copying or independent drafting, with two-thirds of bills

clustered between 0.70 and 0.90 on the cross-state novelty measure—and that struc-

ture is coalition-asymmetric. Protective bills are significantly less novel than the neu-

tral baseline (β = −0.076, p = 0.022); restrictive bills are not statistically distinguish-

able from it (β = −0.017, p = 0.482). At the dyadic level, cross-state textual similarity

is predicted by shared organizational infrastructure (β = +0.039, p < 0.001, measured

as the Jaccard index of PAC donor organizations) and by shared protective coalition

membership (β = +0.037, p < 0.001), not by geographic contiguity (β = +0.003,

p = 0.734). These findings invert the pre-Dobbs expectation that restrictive-coalition

templating would dominate the observable record.

The second claim is theoretical. The thesis develops a framework—constitutional

vacuum diffusion—that specifies the structural conditions under which the empir-

ical signature documented here should be expected: a judicially imposed rather than

discursively negotiated policy window, a bilateral rather than unilateral opportunity

structure, a compressed temporal horizon, and a pre-existing advocacy infrastructure

that positioned model language before the precipitating shock. Within that frame-

work, the thesis identifies reactive template mobilization as the operating mechanism:

pre-built statutory language, refined over years by organizations on both sides of the

issue, is activated through affiliate channels in the months immediately following the

shock. The mechanism is distinct from learning-based diffusion (which presupposes

time to observe consequences), from conventional crisis adoption (which presupposes

templates produced in response to the precipitating event), and from the Shipan and
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Volden four-mechanism typology (whose categories the post-shock hybrid does not

cleanly match).

The third claim concerns coalition architecture. The asymmetry between restrictive

and protective coordination is not, on the evidence assembled here, an accident of

mobilization timing. It reflects two distinct organizational forms: a vertical architec-

ture on the restrictive side, in which template development concentrates within a

small number of national nodes (Americans United for Life, Susan B. Anthony Pro-

Life America, the Alliance Defending Freedom) that distribute language outward to

allied state legislators; and a horizontal architecture on the protective side, in which

state-level affiliates of the principal advocacy organizations (Planned Parenthood, the

ACLU, the Center for Reproductive Rights, Reproductive Freedom for All (RFA))

coordinate laterally on a shared codification agenda. These architectures produce

different textual signatures, and the 2023 record is consistent with both operating

simultaneously.

The fourth claim is methodological. The dissociation between financial transfer and

textual coordination—reported across the ten highest-similarity bill pairs and con-

firmed by systematic analysis of the DIME contribution record—provides empirical

support for the Hall and Deardorff (2006) legislative-subsidy framework in a policy

domain where the financial-influence intuition has been particularly prominent in

public commentary. The organizations whose Jaccard overlap predicts convergence

are not purchasing legislative behavior. They are supplying informational infrastruc-

ture: model language, legal memoranda, drafting assistance, and expert testimony.

Contribution-only measures of interest-group influence systematically misspecify the

channel through which coordination operates in this domain.
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1.3 Scope, Approach, and Limits

This thesis was designed to answer a narrow question with precision: what textual and

structural patterns characterize cross-state diffusion in the first post-Dobbs legislative

cycle, and which institutional and coalitional features predict them? The empirical

scope is correspondingly constrained. The analysis covers a single legislative year

(2023), a single policy domain (abortion regulation), and a single national context

(the United States). It analyzes enacted legislation rather than the full population

of introduced bills. It measures textual similarity through TF–IDF cosine distance

over n-gram representations rather than through semantic embeddings. And it oper-

ationalizes organizational infrastructure through PAC donor co-presence rather than

through richer measures of organizational depth that would require lobby-disclosure

and IRS data, the thesis does not incorporate.

These choices were deliberate prioritizations rather than concessions, a framing devel-

oped at length in Section 6.7. The single-year scope isolates the initial legislative

response to the constitutional shock before feedback effects from judicial challenges

and electoral consequences could contaminate the diffusion signal. The enacted-bill

scope captures the completed output of the legislative process and avoids the inter-

pretive ambiguity of bills whose failure may reflect strategic withdrawal rather than

substantive rejection. The TF–IDF representation provides transparent, reproducible

textual measurement consistent with the broader text-as-data literature on legisla-

tive similarity (Wilkerson, Smith, and Stramp 2015; Linder et al. 2020). Each choice

carries inferential costs, and Chapter 6 specifies them explicitly along with the future

research agenda—qualitative inquiry into drafting processes, archival enrichment of

organizational measures, longitudinal corpus extension, cross-domain replication, and

semantic methodological refinement—that would address them.

16



The argument’s implication structure extends well beyond the narrow empirical ques-

tion. If constitutional vacuum diffusion is a generalizable regime rather than a descrip-

tion of one policy area’s idiosyncratic post-shock dynamics, the framework should

travel to other domains in which federal doctrinal infrastructure has collapsed or may

collapse—firearms regulation following New York State Rifle & Pistol Association

v. Bruen, voting rights following Shelby County v. Holder, hypothetical reversals of

other long-standing constitutional doctrines. Whether the framework does travel is

an empirical question that the present thesis raises but does not answer. The contri-

bution it makes is to specify the framework precisely enough that subsequent research

can evaluate it.
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1.4 Plan of the Thesis

The chapters that follow proceed from the literatures the thesis draws on through the

empirical analysis to the theoretical apparatus and its limits.

Chapter 2 reviews the diffusion literature that the thesis engages and revises: the

geographic tradition, the event-history framework, the copy-and-paste research pro-

gram, the state-capture literature on organizational influence, and the four-mechanism

typology of Shipan and Volden. It identifies the specific predictions each tradition

generates for the post-Dobbs environment and locates the analytical gap that consti-

tutional vacuum diffusion is positioned to fill.

Chapter 3 specifies the research design. It documents corpus construction from

LegiScan records, the TF–IDF representation and cosine-similarity computation, the

construction of the cross-state novelty measure, the bill-level regression specification,

and the dyadic regression specification incorporating the PAC Jaccard organizational

measure derived from the DIME database. It justifies the analytical choices the design

makes and previews the limitations the design imposes.

Chapter 4 reports the empirical findings. It documents the distributional properties

of the novelty measure, the bill-level regression results including the partial inversion

of Squire (2007) on professionalism, and the dyadic regression results that establish

organizational co-presence and coalition alignment as the structural predictors of

cross-state textual similarity. It presents the case-level evidence of the Nevada SB 370–

Washington HB 1155 near-replication and the dissociation between financial transfer

and textual coordination across the highest-similarity bill pairs.

Chapter 5 develops the theoretical apparatus. It introduces constitutional vacuum

diffusion as a regime characterized by specific structural conditions, specifies reactive
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template mobilization as the operating mechanism within that regime, develops the

vertical–horizontal coalition architecture distinction between restrictive and protec-

tive coordination, reinterprets the professionalism finding as a measure of capacity for

adoption rather than capacity for innovation, and reconstructs the exporter–importer–

reinforcer typology to accommodate the 2023 record’s coalition-asymmetric structure.

Chapter 6 specifies the limits of the design. It identifies the inferential gap between

the textual signatures the analysis detects, and the mechanism-level claims the frame-

work advances, articulates the rival mechanisms the design cannot eliminate, and

develops the future research agenda—qualitative drafting-process inquiry, archival

enrichment, longitudinal extension, cross-domain replication, and semantic method-

ological refinement—that subsequent investigation should pursue.

Chapter 7 consolidates the contributions, locates the thesis within the trajectory

of diffusion scholarship, and closes with the interpretive question the 2023 record

poses most urgently for the field: whether the patterns documented here represent

a transitional anomaly of the immediate post-Dobbs mobilization period or the first

evidence of a structural transformation in how American states make policy after

constitutional shocks. That question cannot be resolved from a single legislative year.

The analytical infrastructure assembled here is designed to support its resolution by

the research that follows.
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Chapter 2

Theoretical Frameworks

2.1 Introduction

On June 24, 2022, the Supreme Court’s decision in Dobbs v. Jackson Women’s Health

Organization removed the federal constitutional right to abortion that had existed

since Roe v. Wade in 1973. The decision handed abortion policy back to the states,

creating what I call a "constitutional vacuum"—a sudden absence of federal rules

governing a highly contested policy area.

What followed presents a theoretical puzzle. If classic frameworks are correct, states

should have adopted abortion policies gradually, learning from early adopters and

adapting legislation to local contexts. If, alternatively, advocacy organizations had

prepared legislative templates in anticipation of the decision, we might observe rapid,

coordinated adoption with high textual similarity across states. Chapter 4 evalu-

ates which scenario the empirical record more closely supports. Where foundational

models predict gradual geographic spread over years or decades (Walker 1969; Berry

and Berry 1990), with higher-capacity states adopting first and lower-capacity states

following (Shipan and Volden 2008), post-Dobbs legislative activity suggests a funda-

mentally different temporal and spatial dynamic—one characterized by compressed

timeframes, ideological rather than geographic clustering, and elevated textual coor-

dination consistent with organizational template deployment.
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2.1.1 Three Puzzles

Three specific puzzles, each emerging from tensions within the theoretical traditions

reviewed below, motivate this research.

Throughout this thesis, I distinguish between two broad coalitions that mobilized

following Dobbs. The restrictive coalition encompasses organizations, legislators, and

advocacy networks working to limit or prohibit abortion access—including Amer-

icans United for Life, Alliance Defending Freedom, National Right to Life Com-

mittee, and their state-level affiliates. The protective coalition encompasses those

working to preserve or expand abortion access—including Planned Parenthood affili-

ates, the ACLU Reproductive Freedom Project, the Center for Reproductive Rights,

and Reproductive Freedom for All (formerly NARAL Pro-Choice America). These

labels—restrictive and protective—are used throughout as analytically neutral terms

describing policy direction rather than normative orientation. Both coalitions are

internally heterogeneous, with member organizations differing in strategy, emphasis,

and institutional form, but the coalition-level distinction captures the fundamental

organizational divide structuring post-Dobbs legislative activity.

Puzzle 1: Why do restrictive and protective coalitions exhibit different coordination

structures? Scholarship on policy entrepreneurship documents multiple coordination

strategies available to advocacy coalitions (Mintrom and Norman 2009), and organi-

zational influence theory predicts that centralized template networks should produce

different diffusion signatures than decentralized horizontal coordination (Garrett and

Jansa 2015; Hertel-Fernandez 2019). Whether opposing coalitions within the same

policy domain employ structurally different organizational architectures, and what
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observable textual patterns such differences would produce, remains an open empir-

ical question.

Puzzle 2: How does policy coordination occur when financial pathways are absent?

Campaign finance scholarship emphasizes the role of PAC contributions and lobbying

expenditures in shaping legislative behavior (Hall and Wayman 1990; Baumgartner

and Jones 1993). When major policy windows open, existing theory predicts substan-

tial financial investment in newly salient arenas. Yet, organizational influence can also

operate through informational mechanisms that require no financial transfer: legisla-

tive subsidies in the form of model bills, policy briefs, and expert testimony (Hall

and Deardorff 2006). Whether financial or informational mechanisms predominate in

post-Dobbs coordination is an open empirical question with implications for how we

understand organized influence in American state politics.

Puzzle 3: What explains the speed and breadth of post-Dobbs policy diffusion?

Classic diffusion models describe a gradual process in which states learn from early

adopters over years or decades, with adoption waves spreading through geographic

or institutional networks (Walker 1969; Berry and Berry 1990; Shipan and Volden

2008). Punctuated equilibrium theory predicts rapid change following focusing events,

but typically within individual jurisdictions rather than simultaneously across many

(Baumgartner and Jones 1993). Dobbs created conditions that neither framework was

designed to explain: a simultaneous policy opening across all fifty states, with pre-

positioned organizational infrastructure ready to fill the regulatory space. Whether

the resulting legislative activity follows patterns explicable by existing frameworks, or

whether it requires theoretical extension, is a central question the empirical chapters

investigate.
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2.1.2 Why Existing Theories Fall Short

There is no singular theoretical framework that sufficiently explains the post-Dobbs

pattern. Classic diffusion theory explains gradual learning but not rapid coordination.

Constitutional shock theories explain abrupt change but not pre-prepared deploy-

ment. Organizational influence theories explain template provision but not why dif-

ferent coalitions chose divergent strategies.

Text-as-data methods offer a powerful toolkit for systematic analysis of legislative

language at scale. By converting bill texts into numerical representations through

TF-IDF vectorization and computing pairwise similarity through cosine distance,

researchers can identify patterns of textual convergence across hundreds of bills that

would be impossible to detect through manual comparison alone (Wilkerson, Smith,

and Stramp 2015; Linder et al. 2020). These methods enable researchers to move

beyond binary adoption measures—did a state enact a policy or not?—to continuous

measures of how closely states’ legislative language converges, capturing gradations

of borrowing, adaptation, and independent drafting that adoption-only frameworks

miss (Boehmke and Skinner 2012).

However, computational text similarity is a necessary but insufficient indicator of

policy diffusion. Text-as-data methods can measure the degree of linguistic conver-

gence between two bills, but they cannot, by themselves, validate the mechanisms

that produce that convergence. High cosine similarity between bills in two states

could reflect template distribution from a shared advocacy organization, indepen-

dent drafting from common constitutional constraints, parallel responses to the same

model legislation source, or coincidental overlap in legal boilerplate. Distinguishing

among these explanations requires additional analytical leverage.
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I pursue that leverage through two complementary strategies. First, dyadic regression

models (Stage Two) test whether observed similarity patterns correlate with theo-

retically specified predictors—shared advocacy network ties, institutional similarity,

geographic proximity—allowing formal adjudication among competing explanations.

Second, documentary evidence from LegiScan legislative records, organizational pub-

lications, and media coverage provides contextual grounding for interpreting compu-

tational patterns. Together, computational similarity measurement, regression mod-

eling, and documentary evidence constitute a rigorous empirical strategy for the ques-

tions this thesis addresses. Definitive causal process tracing—including elite interviews

with legislative stakeholders—represents an important avenue for future research dis-

cussed in Chapter 6. Still, the present design provides substantial inferential leverage

within a purely quantitative framework.

2.1.3 Chapter Roadmap

This chapter reviews the theoretical foundations that are essential for understanding

post-Dobbs abortion policy diffusion:

Section 2.2 establishes baseline expectations from classic diffusion theory by showing

how policies typically spread: gradually, with sequential learning, through geographic

or structural networks. I analyze concrete examples (lottery adoption, antismoking

policies, education reforms) to demonstrate the years-long timeframes that make post-

Dobbs rapidity anomalous.

Section 2.3 investigates theories of constitutional shocks and rapid policy change,

focusing on when abrupt legal disruptions alter diffusion dynamics. I contrast Dobbs

with Obergefell v. Hodges (marriage equality) and Shelby County v. Holder (voting

rights) to show what makes Dobbs distinctive: a predictable shock that created a
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vacuum with prepared organizational actors. I also situate U.S. post-Dobbs diffusion

within broader transnational abortion rights networks.

Section 2.4 examines how advocacy organizations coordinate policy through informa-

tion networks in lieu of financial contributions. This section clarifies the theoretical

foundation for the “PAC paradox” by showing how organizations provide what Hall

and Deardorff term “legislative subsidies”—template provision, technical assistance,

convening infrastructure—without money (Hall and Wayman 1990).

Section 2.5 explains why abortion policy differs from economic regulation by situating

it within “morality policy” scholarship (Mooney and Lee 1995; Mooney and Lee 2000;

Mooney and Schuldt 2008; Haider-Markel 2001). Technical simplicity, high salience,

and value conflicts create distinctive diffusion patterns that help explain post-Dobbs

rapidity.

Section 2.6 assesses text-as-data methods (TF-IDF, cosine similarity) for computa-

tionally measuring policy borrowing, while identifying validation requirements when

applying thresholds developed for economic policy to morality policy contexts.

Section 2.7 synthesizes these frameworks to identify critical gaps: What explains coali-

tion asymmetry in coordination strategies? How do information-only networks achieve

coordination? What mechanisms operate specifically under constitutional vacuum

conditions?

Section 2.8 concludes by linking theoretical frameworks to the thesis’s computational

research design: text analysis to identify coordination patterns, and dyadic regres-

sion models to test whether institutional and network variables explain observed

textual similarity. The chapter closes by articulating the empirical implications that
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the theoretical synthesis generates—predictions against which Chapter 4’s findings

are evaluated.
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2.2 Classic Diffusion Theory: How Policies Spread Across States

Classic policy diffusion theory provides the baseline against which post-Dobbs leg-

islative patterns must be evaluated. This section reviews the foundational models of

interstate policy adoption, establishes what these models predict about the temporal,

geographic, and institutional dimensions of diffusion, and identifies the conditions

under which their predictions may not hold.

2.2.1 The Core Insight: States Learn from Each Other Over Time

Political scientists have long recognized that states seldom legislate in isolation.

Instead, policies spread through interstate networks via identifiable mechanisms

that scholars have documented across numerous policy domains (Gray 1973). Under-

standing these classic patterns is imperative for recognizing when post-Dobbs abortion

policy departs from established diffusion dynamics.

The key characteristic of traditional diffusion is its gradualism. Policies spread over

years or decades as states learn from early adopters, adapt policies to local contexts,

and build political coalitions to support change. This learning-based process creates

predictable patterns: geographic clustering (neighbors learn from neighbors), struc-

tural similarity (similar states adopt similar policies), and sequential adoption (later

adopters learn from earlier ones).

2.2.2 Walker’s Foundational Framework: Innovation and Learning

Jack Walker’s (1969) seminal study analyzed 88 policy innovations across U.S. states,

documenting systematic patterns in adoption timing and interstate influence (Walker

1969). Walker ranked states along a continuous “innovation score”—ranging from New

York (0.656) at the most innovative to Mississippi (0.298) at the least—reflecting the
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average speed at which states adopted new programs across 88 policy domains. States

scoring higher were consistently early adopters across policy areas; those scoring lower

consistently adopted later. Walker found that diffusion occurred through regional net-

works over extended periods, with states learning primarily from comparable neigh-

bors.

The mechanism driving diffusion was emulation under bounded rationality: states

observed neighboring and comparable jurisdictions, drew analogies to their own cir-

cumstances, and adopted policies when precedent suggested feasibility. Walker drew

explicitly on Simon’s (1955; 1991) framework of bounded rationality as well as the

organizational decision-making literature developed by March and Simon (1958) and

Cohen, March, and Olsen (1972), which demonstrates that institutional actors operate

under incomplete information and shifting attention rather than comprehensive out-

come evaluation. This emulation process took time—often years between initial adop-

tion and widespread diffusion—as states needed to identify relevant precedents, assess

political feasibility, and build coalitions supporting change.

Walker’s framework established three key insights that remain central to diffusion

research:

1. Timing matters: Early adopters face more uncertainty; later adopters benefit

from accumulated evidence

2. Networks matter: Geographic proximity, shared characteristics, and professional

connections shape which states learn from which

3. Gradualism is normal: Policy adoption occurs sequentially as information accu-

mulates and uncertainty decreases
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Theoretical Debates and Limitations

While Walker’s innovation framework advanced the study of policy diffusion, sub-

sequent scholarship has identified significant limitations. Most critically, Walker

assumed states act as rational, information-seeking entities that update beliefs based

on policy outcomes—an assumption challenged by bounded rationality perspectives

Simon (1955) and Simon (1991). States may adopt policies for reasons beyond out-

come optimization: symbolic politics, electoral positioning, interest group pressure,

or bureaucratic mimicry (DiMaggio and Powell 1983). Moreover, Walker’s regional

network emphasis obscures other coordination pathways. Ideological networks, profes-

sional associations, and advocacy organizations can facilitate diffusion independently

of geographic proximity—particularly salient for understanding post-Dobbs patterns

where ideology, not geography, structures coordination. Recent scholarship on policy

networks demonstrates that “who learns from whom” depends less on proximity than

on shared partisan control, organizational linkages, and value alignments (Desmarais,

Harden, and Boehmke 2015). These critiques do not invalidate Walker’s framework

but clarify its scope conditions: learning-based diffusion predominates when (1)

policy outcomes are observable and uncertain, (2) states prioritize effectiveness over

symbolic goals, and (3) geographic or structural networks structure information

flows. When these conditions fail—as in post-Dobbs abortion policy—alternative

mechanisms dominate.

Walker’s framework established the empirical regularity of cross-state policy adoption

but left a critical question unresolved: why do states adopt from some peers and not

others? The innovation score approach identifies which states lead, but it treats diffu-

sion as a black box—policies spread, but the mechanisms remain underspecified. Berry
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and Berry (1990) integrated state characteristics and external diffusion pressures into

a unified model, moving the field from description toward causal explanation.

2.2.3 Berry and Berry: Internal Determinants + External Diffusion

Berry and Berry (1990) addressed this gap by integrating internal determinants (state-

specific political and economic conditions) with external diffusion pressures (inter-

state learning and competition) into a unified event history model. Their Event His-

tory Analysis (EHA) framework became the methodological standard for diffusion

research.

The central contribution of Berry and Berry (1990)’s model is the integration of

these two forces: states adopt policies when internal conditions are favorable, and

external pressure creates incentives for action. This dual mechanism explains why

similar policies spread at different rates in different contexts—the balance between

internal capacity and external pressure varies.

Subsequent scholarship, particularly Shipan and Volden (2008), systematized four

primary diffusion mechanisms:

1. Learning: States adopt policies after observing successful implementation else-

where

2. Competition: States adopt policies to prevent disadvantage relative to competi-

tors (especially economic policies)

3. Imitation: States copy neighbors or structurally similar states even without

evidence of effectiveness

4. Coercion: Federal mandates or conditions compel state adoption
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Crucially, all four mechanisms require time. Learning requires observing outcomes,

competition requires recognizing threats, imitation requires identifying models, and

coercion requires federal action. These time-intensive processes produce gradual dif-

fusion curves.

Lottery Adoption: A 22-Year Diffusion Benchmark

Berry and Berry (1990)’s analysis of state lottery adoption provides a concrete tem-

poral benchmark for classic diffusion processes. New Hampshire became the first

state to adopt a modern lottery in 1964; by 1986, the endpoint of their study period,

twenty-seven additional states had followed. This 22-year diffusion window exhibited

the gradual, learning-based pattern their framework predicts: early adopters faced

uncertainty about revenue impacts, public acceptance, and administrative feasibility,

while later adopters benefited from accumulated evidence demonstrating lottery via-

bility across diverse state contexts.

The adoption curve revealed systematic patterns consistent with learning-based dif-

fusion. States with fiscal stress were more likely to adopt (an internal determinant),

and the probability of adoption also increased when neighboring states had operating

lotteries (external diffusion). Geographic proximity mattered: states learned primarily

from contiguous neighbors whose revenue experiences and implementation challenges

were observable and relevant. The median adoption lag—time between a neighbor’s

adoption and a state’s own adoption—spanned multiple years as legislators monitored

outcomes, built political coalitions, and navigated opposition from anti-gambling con-

stituencies.

The temporal insight is critical: Even for a relatively straightforward policy innovation—

lotteries involve minimal technical complexity compared to regulatory or social
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policy—diffusion required more than two decades to reach two-thirds of states.

Learning, coalition-building, and political feasibility assessment cannot be com-

pressed below certain thresholds when states operate independently. This 22-year

benchmark, alongside Shipan and Volden’s 25-year antismoking timeline, establishes

empirical expectations against which post-Dobbs temporal compression becomes

visible as an anomaly.

Mechanism Specification and Causal Identification

Berry and Berry (1990)’s framework advanced diffusion research methodologically

by operationalizing multiple mechanisms simultaneously, but their EHA approach

faces identification challenges. Observationally, learning, competition, and imitation

can produce similar adoption patterns, making causal mechanism attribution diffi-

cult without additional evidence (Boehmke and Skinner 2012). A state adopting a

policy after neighbors do could be learning from outcomes, competing for advantage,

imitating successful peers, or responding to unobserved regional shocks.

This identification problem intensifies for morality policies where outcome uncer-

tainty is low and symbolic motivations are high. When abortion legislation spreads

rapidly, distinguishing between genuine policy learning (observing ban effectiveness)

and partisan imitation (copying co-ideologues without outcome assessment) requires

evidence beyond temporal correlation. This study addresses the identification chal-

lenge by triangulating computational similarity patterns with regression analysis of

theoretically specified predictors and documentary evidence from secondary sources.

Definitive mechanism validation through elite interviews—the most direct path to

distinguishing learning from imitation—remains an important extension proposed in

Chapter 6.
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Moreover, Berry and Berry (1990)’s internal/external dichotomy obscures organiza-

tional mediation. Their framework treats interstate influence as direct state-to-state

transmission, but advocacy organizations often serve as intermediaries: collecting

information, developing templates, and coordinating across states. This organiza-

tional layer—central to post-Dobbs patterns—requires theoretical extensions beyond

classic internal/external frameworks.

Berry and Berry (1990)’s integration model advanced the field by demonstrating

that both internal conditions and external pressures matter—but their event history

approach treats mechanisms as observationally equivalent. A state adopting a policy

after its neighbor could be learning, competing, imitating, or responding to coercion;

the EHA framework cannot distinguish among these without additional structure.

Shipan and Volden (2008) provided that structure by specifying four independent

mechanisms and testing them simultaneously.

Shipan and Volden (2008)’s mechanism framework generates a further question: what

institutional features determine which mechanism predominates in a given policy

domain? Their own analysis points toward legislative professionalism as a key moder-

ating variable—higher-capacity states have different strategic incentives than lower-

capacity states when deciding whether to learn from peers or independently innovate.

This insight connects the diffusion literature directly to scholarship on legislative

institutions and state governmental capacity.

2.2.4 Legislative Professionalism and State Capacity

A critical internal determinant shaping state policy adoption is legislative pro-

fessionalism (Squire 1992; Squire 2007; Mooney and Lee 1995). Professionalized

legislatures—those with longer sessions, higher member compensation, and larger
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professional staff—possess greater capacity to independently research, draft, and

refine legislation, reducing dependence on external policy models. Less professional-

ized legislatures, by contrast, face resource constraints that make external borrowing

a rational strategy for policy development (Jansa, Hansen, and Gray 2019).

Conceptualizing Legislative Professionalism

Squire’s (1992, 2007, 2024) index measures professionalization through three equally

weighted components: legislative compensation relative to Congress, staff per leg-

islator relative to Congress, and days in session relative to Congress (Squire 1992;

Squire 2007; Squire 2024). A score of 1.00 indicates complete equality with Congress; a

score approaching 0.00 indicates minimal professionalization. The 2021 update reveals

remarkable stability: scores correlate at .830 with 1979 measurements, indicating that

legislative professionalization levels change slowly across decades (Squire 2024, Table

1).

The most professionalized legislatures—California, Pennsylvania, New York, Mas-

sachusetts, and Michigan—are large-population states with full-time legislators,

substantial staff resources, and year-round sessions. Squire’s 2021 data show Cal-

ifornia scoring 0.626 on the updated index, with Pennsylvania, New York, and

Massachusetts following closely (Squire 2024). The least professionalized—New

Hampshire, Wyoming, North Dakota, Montana, and South Dakota— score below

0.10, reflecting part-time “citizen legislature” designs with minimal staff and brief

sessions (Squire 2024, Table 1).
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Professionalism and Policy Diffusion

Legislative professionalism directly affects policy diffusion dynamics through multiple

mechanisms. First, and more relevant to this thesis, less professionalized legislatures

are more likely to copy bills from other bodies than more professionalized ones (Jansa,

Hansen, and Gray 2019). Legislators with limited staff and session time face higher

costs for independent policy development; adopting templates from external sources

substantially reduces these costs. This finding directly supports Hall and Deardorff’s

legislative subsidy framework: template provisions are especially valuable when leg-

islative capacity is constrained.

Second, bureaucrats are more involved in crafting measures in less professionalized

legislatures than in more professionalized ones (Kroeger 2022). When legislators lack

policy staff, they rely on executive branch expertise—or, relevantly, for abortion

policy, on external advocacy organizations providing ready-made language. Third,

more professionalized legislatures experience lower concurrence rates in the second

chamber for bills passed by the first, suggesting greater deliberation and amendment

activity (Brown and Garlick 2024). Template-based bills may face less scrutiny in cit-

izen legislatures than in professionalized bodies with the capacity for detailed review.

Theoretical Predictions for Post-Dobbs Diffusion

These findings generate predictions for post-Dobbs abortion policy diffusion. If Jansa,

Hansen, and Gray’s copy-and-paste thesis holds, less professionalized legislatures

should show higher textual similarity to template sources than more professional-

ized legislatures, which have greater capacity for independent drafting or substantive

adaptation.

This reasoning generates the first testable hypothesis:
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H1: Less professionalized state legislatures will produce legislation with

higher textual similarity to template sources than more professionalized

state legislatures.

Operationalization: This hypothesis treats legislative professionalism as a continuous

predictor using Squire Index scores (2021 update) and textual similarity as a contin-

uous outcome measured through maximum pairwise cosine similarity. The empirical

test examines the full range of professionalism scores without imposing arbitrary cut-

points that could obscure non-linear relationships or interactive effects.

However, morality policy dynamics may moderate this relationship. If ideological com-

mitment overwhelms legislative capacity considerations, even professionalized legis-

latures may adopt templates verbatim to signal coalition membership rather than

demonstrate policy expertise. Yet, the professionalism-similarity relationship may be

conditioned by coalition context. States with moderate professionalism and strong

advocacy coalition presence occupy a theoretically interesting position: they possess

sufficient institutional capacity to draft original legislation, yet the presence of orga-

nized template infrastructure may make borrowing strategically attractive even when

independent drafting is feasible. This suggests an interaction effect:

H2: The relationship between legislative professionalism and textual simi-

larity is moderated by coalition context. Among states with active restric-

tive advocacy organizations, moderate professionalism will be associated

with higher template similarity than the main effect of professionalism

alone would predict.

Operationalization: Coalition presence is measured through documented organiza-

tional activity (AUL model bill introductions, ADF litigation support) in each state.
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The interaction effect is tested through a professionalism x coalition presence inter-

action term in OLS regression models, with textual similarity as the dependent

variable. The logic is that template adoption in moderately professionalized states

reflects strategic choice rather than resource constraint. When organized advocacy

networks offer polished model legislation aligned with a legislature’s ideological orien-

tation, even capable legislatures may prefer to adopt templates—freeing institutional

resources for customization on other dimensions—rather than drafting from scratch.

This prediction distinguishes the advocacy network explanation from a purely insti-

tutional account. If only professionalism mattered, moderately professionalized states

should occupy a middle position in the similarity distribution regardless of coalition

context.

This professionalism framework also illuminates potential coalition asymmetry. If

restrictive coalition states tend toward lower professionalization (as evidenced by a

correlation with Republican control in citizen-legislature states), vertical template

distribution from national organizations may be especially effective. If protective

coalition states tend toward greater professionalization (as in professional-legislature

states), horizontal coordination with more substantive adaptation may be more fea-

sible. The interaction between legislative capacity and coalition strategy represents

an underexplored mechanism in policy diffusion scholarship that I address through

computational text analysis and dyadic regression modeling.

2.2.5 Temporal Baselines: How Long Does Diffusion Usually Take?

Understanding post-Dobbs temporal compression requires establishing normal diffu-

sion speeds. Shipan and Volden (2008)’s comprehensive analysis of antismoking policy

adoption across 675 U.S. cities (1975–2000) provides empirical benchmarks.
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Their event history analysis revealed a classic S-shaped adoption pattern spanning

approximately 25 years across three policy waves: workplace smoking bans (1970s–

1980s), restaurant bans (1990s), and bar bans (2000s). Year dummy coefficients were

“negative in the early years of our series, positive in the middle, and negative toward

the end”—precisely the pattern expected when early adoption is slow (high uncer-

tainty), middle adoption accelerates (evidence accumulates), and late adoption slows

as remaining jurisdictions exhibit stronger opposition.

Each of Shipan and Volden (2008)’s four mechanisms—learning, competition, imita-

tion, and coercion, introduced in Section 2.2.3—generates distinct empirical signa-

tures relevant to the temporal baseline question. Learning produces gradual adoption

correlated with policy success in pioneer states; competition produces adoption clus-

tered among economic rivals; imitation produces rapid diffusion among ideologically

similar states; and coercion produces simultaneous adoption following federal action.

For post-Dobbs abortion policy, the mechanism question takes on particular signifi-

cance. Dobbs is neither a federal mandate (ruling out coercion in its traditional form)

nor does it create obvious economic competition dynamics. The relevant mechanisms

are therefore learning and imitation—but the speed of post-Dobbs legislative activity

raises the question of whether states had sufficient time to “learn” from early adopters,

or whether the observed patterns reflect template-driven imitation facilitated by orga-

nizational networks.

Key Temporal Insight

Shipan and Volden (2008)’s coefficient (3.20) implies that a 10 percentage-point

increase in state population covered by local antismoking laws substantially increased

focal city adoption —yet the full diffusion process still unfolded over more than two
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decades. Even when learning was effective and proved statistically robust, policy dif-

fusion proceeded through sequential adoption spanning a quarter century.

This temporal baseline clarifies the anomaly introduced by post-Dobbs abortion pol-

icymaking. Figure 2.1b directly contrasts normal learning-based diffusion with the

compressed legislative response observed after the Supreme Court’s 2022 decision.

2.2.6 The Post-Dobbs Departure: Six Months, Not Six Years

Post-Dobbs abortion legislation provides a critical test case. If classic mechanisms

predominate, the temporal, geographic, and textual patterns should follow the

benchmarks established above. If organizational infrastructure enabled template-

based coordination, the resulting patterns would be expected to depart from those

benchmarks in predictable ways—compressed timeframes, ideological rather than

geographic clustering, and elevated cross-state textual similarity. Chapter 4 evaluates

which expectation the evidence supports.

The temporal benchmarks established above—22 years for lottery adoption through

1986 (Berry and Berry 1990), 25 years for antismoking policies through 2000 (Shipan

and Volden 2008)—generate clear predictions. If post-Dobbs diffusion followed classic

patterns, adoption should unfold over years, not months. Temporal compression, if

observed, would indicate mechanisms beyond learning-based diffusion.

Classic diffusion theory generates clear predictions for a context like this

one: if learning mechanisms predominate, we should observe gradual adoption, geo-

graphic clustering, and textual diversity reflecting local adaptation across states. The

temporal benchmarks established above—22 years for lottery adoption, 25 years for

antismoking policy—provide the counterfactual against which to evaluate post-Dobbs

rapidity. Whether those predictions hold or whether the post-Dobbs record departs
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Figure 2.1: Traditional diffusion patterns (Panels A–B).
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(a) Stylized S-shaped adoption curve illustrating learning-based diffusion based on patterns
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with learning-based diffusion mechanisms.
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Figure 2.2: Traditional learning-based diffusion, continued from Figure 2.1. What
typically unfolds over a quarter-century occurred in less than half a year post-Dobbs.
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from them in ways consistent with organizational coordination mechanisms is the

central empirical question I investigate.

2.2.7 Empirical Expectations from Classic Theory

If post-Dobbs abortion policy followed classic diffusion patterns, we would expect:

Geographic clustering: States should learn primarily from neighbors, producing

regional waves of adoption (Walker 1969; Gray 1973). Proximity-based diffusion

networks should predict textual similarity.

Sequential adoption: Pioneer states should adopt first; others should observe outcomes

before acting. Adoption should accelerate as evidence accumulates, producing the S-

curve documented by Shipan and Volden (2008).

Textual diversity: States should adapt policies to local contexts, producing textually

distinct laws even when pursuing similar policy goals. Independent drafting should

yield lower cross-state similarity than template sharing.

Years-long timeframes: Even rapid diffusion should unfold over multiple legislative

cycles, as states build coalitions, draft legislation, and overcome political inertia.

These predictions establish empirical benchmarks. Chapter 4 examines whether post-

Dobbs patterns conform to or depart from classic expectations.

2.2.8 Theoretical Implications: When Does Classic Theory Break

Down?

Drawing on the temporal benchmarks and theoretical debates established above, I

argue that the Dobbs context reveals specific boundary conditions for traditional

diffusion theory—conditions under which the learning mechanisms Walker (1969)
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and Berry and Berry (1990) document are displaced by organizational coordination.

Classic frameworks excel at explaining:

• Policies with uncertain outcomes where states benefit from observing early

adopters

• Technical policies requiring adaptation to local conditions

• Policies without prepared templates where states must develop legislative lan-

guage independently

• Contexts without organized advocacy networks providing ready-made solutions

Classic frameworks struggle to explain:

• Policies with prepared templates where legislative language pre-exists the oppor-

tunity for adoption

• Highly salient policies where political coalitions exist before policy opportunity

• Constitutional shocks creating sudden opportunities that advocacy organiza-

tions anticipated

• Morality policies where value conflicts override technical learning

To explain post-Dobbs diffusion, we must move beyond classic frameworks

to theories of rapid change, organizational coordination, and morality

policy. Classic theory establishes the baseline; subsequent sections explain depar-

tures from that baseline.

43



2.3 Constitutional Shocks and Rapid Policy Change

2.3.1 Constitutional Shocks and Diffusion Dynamics

This section examines when and how constitutional shocks alter diffusion dynamics.

I first review theories of punctuated equilibrium, policy windows, and crisis dif-

fusion (Baumgartner and Jones 1993; Kingdon 2011; Boushey 2010; Schiff and

Mallinson 2023) with two other recent constitutional shocks—Obergefell v. Hodges

(marriage equality, 2015) and Shelby County v. Holder (voting rights, 2013)—to

demonstrate Dobbs ’s uniqueness. Finally, I situate U.S. post-Dobbs diffusion within

broader transnational abortion rights networks, showing how decades of international

coordination prepared U.S. advocacy organizations for rapid domestic deployment

(Fernández Anderson, Calasanti, and Kay 2025).

The central question: Under what conditions do constitutional shocks produce rapid,

coordinated policy diffusion rather than gradual, learning-based adoption?

2.3.2 Punctuated Equilibrium: When Stability Breaks

Baumgartner and Jones (1993)’s punctuated equilibrium theory challenges the incre-

mentalist view that policy change occurs gradually through small adjustments.

Instead, they argue, policy domains alternate between long periods of stability

(equilibrium) and brief periods of dramatic change (punctuation).

The mechanism: Policy monopolies—coalitions of actors controlling a policy domain—

maintain stability by limiting participation and framing issues favorably. Punctua-

tions occur when exogenous shocks, focusing events, or venue shifts destabilize monop-

olies, allowing previously excluded actors to enter and reframe issues. Once monopolies

break, rapid change becomes possible until new equilibria form.
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Application to abortion: Pre-Dobbs, federal constitutional protections under Roe and

Casey created equilibrium. States couldn’t ban abortion outright, limiting policy

changes to incremental restrictions (waiting periods, parental notification, clinic reg-

ulations) (Planned Parenthood of Southeastern Pennsylvania v. Casey 1992). Dobbs

punctuated this equilibrium by removing federal constraints, opening space for both

comprehensive bans and comprehensive protections. The 50–year equilibrium broke

suddenly, enabling rapid policy change.

Key Insight: Punctuated equilibrium theory explains when rapid change becomes

possible (after exogenous shocks), but not how actors exploit those windows or why

different coalitions adopt different coordination strategies. For those mechanisms, we

need additional theoretical tools.

2.3.3 Kingdon’s Policy Windows: Coupling Problems, Politics, and

Policies

Kingdon (2011)’s "policy windows" framework explains how pre-existing policy solu-

tions become enacted when windows of opportunity open. Three independent streams

flow continuously:

1. Problems stream: Issues demanding attention (focusing events, indicators, feed-

back)

2. Politics stream: Electoral changes, shifts in public mood, organized political

forces

3. Policy stream: Proposals circulating among specialists, advocates, researchers

The mechanism: Policy entrepreneurs—actors willing to invest time and resources—

wait for windows when all three streams align, then “couple” prepared solutions to

45



recognized problems under favorable political conditions. Windows open briefly when

politics shift or when events occur; entrepreneurs must act quickly before windows

close.

Application to abortion: Dobbs opened a policy window by shifting the politics stream

(removing federal constraints) and focusing attention on the problems stream (states

now responsible for abortion regulation). Crucially, the policy stream already con-

tained prepared solutions: Americans United for Life had model “trigger ban” leg-

islation ready for immediate implementation (Becker 2022); Reproductive Freedom

for All had model “shield law” language developed during the Texas SB 8 litigation.

Policy entrepreneurs in multiple states coupled these pre-existing solutions to the

newly opened window simultaneously across states.

Theoretical extensions and entrepreneurship strategies. Kingdon’s framework illumi-

nates policy readiness but underspecifies the variation in entrepreneurial strategy.

Why did restrictive coalition entrepreneurs pursue vertical template distribution

through centralized organizations while protective coalition entrepreneurs empha-

sized horizontal state-to-state coordination? Both strategies involve coupling prepared

solutions to political opportunities, yet they differ fundamentally in coordination

architecture.

Mintrom and Norman (2009) extend Kingdon by theorizing policy entrepreneur

strategies: building coalitions, framing problems, demonstrating viability, and cre-

ating policy momentum. Post-Dobbs conditions present a natural test of this variation.

If coalition-building strategies diverge between centralized and distributed coordina-

tion architectures, observable differences in textual similarity patterns should follow

— a prediction developed in §2.4 and tested in Chapter 4.
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Moreover, Kingdon’s temporal framework—windows opening briefly, requiring rapid

entrepreneurial action—fits post-Dobbs rapidity but raises questions about the depth

of preparation. The six-month enactment timeline suggests not merely “prepared”

solutions but extensively refined, legally vetted, politically coordinated templates ready

for immediate deployment. This preparation level implies years of anticipatory work,

organizational investment in template development, and strategic positioning before

the window opened. Understanding this requires moving beyond Kingdon’s window

metaphor to examine organizational ecology. How advocacy organizations sustain

template infrastructure across decades, coordinate multi-state deployment, and time

implementation to maximize policy impact.

2.3.4 Crisis Diffusion: Policy Change Under Urgency

Recent scholarship extends diffusion theory to crisis contexts where urgency alters

adoption dynamics. Boushey (2010) shows that crises can accelerate diffusion by

reducing information-gathering time and increasing the political feasibility of rapid

action.

The mechanism: Crises create urgency that shortcuts normal learning processes.

Instead of years observing outcomes, states adopt policies within weeks based on lim-

ited information. Crisis conditions also reduce political friction: opposition weakens

when problems demand immediate solutions, enabling rapid enactment.

Limitations of abortion: Crisis diffusion frameworks assume reactive policy-making in

response to unexpected emergencies (natural disasters, pandemics, economic crises).

Post-Dobbs diffusion was anticipatory : the leaked draft opinion in May 2022 gave

organizations and states two months to prepare for an expected decision. Addition-

ally, Dobbs didn’t create urgency in the crisis sense—no lives were immediately at

47



risk requiring emergency response. States enacted legislation rapidly, but on normal

legislative timelines (regular sessions, not emergency sessions).

The critical distinction is between reactive urgency and prepared deployment. Crisis

diffusion theories explain the former; post-Dobbs patterns reflect the latter. This

suggests a mechanism distinct from crisis diffusion: constitutional vacuum with orga-

nizational preparation.

2.3.5 Comparing Constitutional Shocks: Why Dobbs Is Different

To understand Dobbs ’s distinctiveness, I compare it with two other recent Supreme

Court decisions that significantly altered state policy authority: Obergefell v. Hodges

(2015, marriage equality) and Shelby County v. Holder (2013, voting rights).

Obergefell v. Hodges (2015): Mandated Compliance, Not Policy Cre-

ation

Obergefell mandated marriage equality nationwide, requiring all states to license

same-sex marriages and recognize marriages from other states.1 Thirteen states had

constitutional amendments or statutes banning same-sex marriage when Obergefell

was decided; these laws became immediately unenforceable.

What followed: Compliance diffusion, not innovation diffusion. States needed to

update marriage license forms, train county clerks, revise state websites, and clarify

eligibility for benefits. Some states acted within hours (California, New York); others

took weeks (Alabama, Louisiana) amid political resistance.(Chappell 2015) A few

1(Obergefell v. Hodges 2015).
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localities initially refused compliance (Rowan County, Kentucky, famously), but

eventually all complied.

Why diffusion patterns differ from Dobbs:

1. Mandate vs. vacuum: Obergefell set a federal floor (all states must allow same-

sex marriage); Dobbs removed the federal framework entirely (states decide

independently)

2. Compliance vs. innovation: States implemented a required change; they didn’t

create new policies or coordinate novel approaches

3. No template distribution: States didn’t need model legislation because the

requirement was straightforward (license marriages); Dobbs required creating

comprehensive regulatory frameworks

4. No coalition coordination: No coordination necessary when all states must do

the same thing; Dobbs involved competing coalitions with opposed goals

The policy outcome was nationally uniform (all states recognized same-sex marriage),

but this uniformity stemmed from judicial mandate rather than coordinated policy

diffusion. States couldn’t choose whether to allow same-sex marriage; they could only

choose the speed of compliance.

Shelby County v. Holder (2013): Removing Constraint, Not Creating

Vacuum

Shelby County invalidated Section 4(b) of the Voting Rights Act, eliminating the for-

mula determining which jurisdictions required federal “preclearance” before changing

voting laws (Shelby County v. Holder, 570 U.S. 529 2013). This removed federal

oversight from nine states (mostly Southern) with histories of voting discrimination.
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What followed: Previously blocked policies implemented rapidly, but less coordi-

nated than post-Dobbs. Texas implemented voter ID requirements within hours of

the decision—the state had sought preclearance for years but had been denied (The

Effects of Shelby County v. Holder 2023). North Carolina, Mississippi, Alabama, and

other previously covered jurisdictions enacted voting restrictions (voter ID, reduced

early voting, polling place closures) within months.

Why diffusion patterns differ from Dobbs :

1. Removing constraint vs. creating vacuum: Shelby County removed federal over-

sight but didn’t change the underlying legal framework (states still had authority

to set voting rules; they just no longer needed preclearance). Dobbs changed the

underlying framework entirely (states gained abortion authority they previously

lacked).

2. Opportunistic vs. coordinated: States implemented policies they had already

attempted but had been blocked. This was an opportunistic implementation

of pre-existing state preferences, not coordinated template deployment across

states. Post-Dobbs involved active coordination through template sharing.

3. Limited scope: Shelby County affected nine states directly; others weren’t pre-

viously covered and didn’t face immediate policy opportunities. Dobbs affected

all 50 states simultaneously.

4. Slower, less coordinated: Even in previously covered states, voting restriction

adoption was slower and less textually coordinated than post-Dobbs abortion

legislation. States pursued different approaches: Texas emphasized voter ID,

North Carolina reduced early voting, and Mississippi implemented registration

restrictions. High textual similarity was absent.
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Implications: Shelby County opened opportunities for states to implement policies

they’d already tried to pass, but it didn’t create a constitutional vacuum requiring

new regulatory frameworks. States filled a constraint removal, not a policy void.

2.3.6 What Makes Dobbs Unique: Three Conditions

Comparing Dobbs to Obergefell and Shelby County reveals three conditions producing

rapid, coordinated diffusion:

1. Predictability with Preparation Time

The Dobbs draft opinion leaked on May 2, 2022, giving advocates and legislators

nearly eight weeks to prepare for the expected late-June decision. This predictability

with preparation time distinguishes Dobbs from both:

• Obergefell : Somewhat anticipated but timing uncertain; no leaked draft

• Shelby County : Timing uncertain; decision surprised some observers

The advanced warning enabled:

• Organizations to finalize model legislation and distribute to state partners

(Becker 2022)

• Legislative sponsors to pre-file bills for immediate consideration

• Coalition coordination to align messaging and timing (Miller 2024)

• Strategic planning for post-decision implementation

The three conditions identified above—predictability with preparation time, consti-

tutional vacuum, and pre-existing organizational infrastructure—explain how rapid

coordinated diffusion became possible. But, Dobbs also restructured something more
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fundamental: the vertical distribution of policy authority within American federalism

itself. Understanding post-Dobbs diffusion requires examining not only the conditions

enabling coordination but also the structural transformation in federal-state rela-

tions that created the policy space coalitions rushed to fill. Where §2.3.6 identified

the preconditions for rapid deployment, §2.3.7 examines the jurisdictional shift that

made deployment consequential—the abrupt conversion of states from constrained

implementers of federal constitutional floors to sovereign architects of comprehensive

abortion regulatory regimes.

2. Constitutional Vacuum (Not Mandate or Constraint Removal)

I introduce the term "constitutional vacuum" to capture the distinctive policy space

Dobbs created—distinguishing it from constitutional mandates (requiring specific

state action) and constitutional constraint-removals (permitting previously prohibited

action without creating new authority). The vacuum concept emphasizes that Dobbs

did not merely remove Roe’s federal floor; it eliminated the entire federal framework

within which states had operated for fifty years, leaving a genuine policy void that

states could fill in any direction. This framing, developed for this study, captures the

symmetry of opportunity that distinguished Dobbs from other recent constitutional

shocks. The three conditions I identify below—predictability with preparation time,

constitutional vacuum rather than mandate or constraint removal, and pre-existing

organizational infrastructure—constitute my theoretical synthesis of why Dobbs pro-

duced diffusion dynamics that no single existing framework anticipates. I argue that

all three conditions are jointly necessary: predictability without infrastructure pro-

duces preparation without coordination capacity; a vacuum without predictability

prevents strategic deployment; infrastructure without a vacuum has no policy space

to fill.
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Throughout the remainder of the thesis, I refer to the policy space Dobbs created as a

constitutional vacuum. The vacuum permitted states to enact a wide range of policy

responses, including:

• Banning abortion entirely from conception

• Protecting abortion access throughout pregnancy

• Adopting any intermediate position

• Reversing policy direction across legislative sessions

This vacuum differs fundamentally from:

• Obergefell : Mandated specific outcome (marriage equality required)

• Shelby County : Removed oversight but didn’t create new authority

The vacuum created symmetric opportunities for coalitions with opposed goals,

explaining why both restrictive and protective coalitions mobilized simultaneously.

Under Obergefell, only opponents mobilized (seeking resistance strategies); under

Shelby County, only voting restriction advocates mobilized (exploiting lifted con-

straints). Under Dobbs, both coalitions faced equivalent opportunities to shape policy

in previously unavailable ways.

3. Pre-Existing Organizational Infrastructure

Multiple national advocacy organizations had invested decades in building template

libraries, state partnerships, and rapid-response capacity:

Restrictive coalition:
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• Americans United for Life (AUL): founded 1971; maintains a comprehensive

model legislation library including trigger bans, gestational limits, abortion pill

restrictions, and clinic regulations (Miller 2024; DiBranco 2014).

• Alliance Defending Freedom (ADF): produces legal strategy coordination and

model legal briefs (Miller 2024).

• National Right to Life Committee: maintains a state affiliate network for rapid

deployment (Miller 2024).

• Susan B. Anthony Pro-Life America: operates through grassroots mobilization

infrastructure (Miller 2024).

Protective coalition:

• Planned Parenthood affiliates: 49 state/regional organizations with existing leg-

islative lobbying capacity

• ACLU Reproductive Freedom Project: Model shield law language developed

during Texas SB 8 litigation

• Center for Reproductive Rights: Legal strategy templates

• NARAL Pro-Choice America (now Reproductive Freedom for All): State affil-

iate coordination network

This infrastructure didn’t exist for:

• Obergefell : No pre-existing model legislation for same-sex marriage compliance

(straightforward requirement needed no templates)

• Shelby County : Some voting restriction templates existed, but organizational

infrastructure was less developed and less coordinated
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2.3.7 Federalism and Vertical Power Shifts

Constitutional shocks do not merely change policy authority—they restructure fed-

eralism dynamics by reallocating jurisdiction between national and subnational gov-

ernments. Bednar (2009)’s theory of robust federalism conceptualizes federal sys-

tems as ongoing negotiations between levels of government, with equilibria shifting

when courts reallocate authority. Bulman-Pozen and Gerken (2009) demonstrate that

state governments alternate between “servant” status (implementing federal mandates

within constrained parameters) and “sovereign” status (pursuing independent policy

agendas when federal constraints lift), with court decisions triggering these role tran-

sitions.

Dobbs shifted states from servant to sovereign status with unusual abruptness. For

fifty years under Roe and Casey, states operated as servants implementing federal

constitutional floors: they could not ban abortion before viability, could not impose

undue burdens on access, and faced immediate judicial invalidation when exceeding

constitutional limits. Dobbs eliminated these constraints entirely, converting states

to sovereigns with complete abortion policy autonomy. This shift activated what

Nugent (2009) terms “state entrepreneurial capacity”—the ability of governors and

legislators to claim political credit for policy innovation without federal oversight

or constraint (Nugent 2009). The servant-to-sovereign transition suggests that states

positioned as anti-abortion sovereigns-in-waiting—those with trigger bans, declara-

tory statutes, or constitutional amendments—would be able to implement prepared

legislation immediately. In contrast, protective states could construct comprehensive

frameworks without federal preemption concerns.

However, federalism theory explains state capacity for independent action, not state

coordination in action. The servant-to-sovereign transition clarifies why states could
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enact diverse abortion policies following Dobbs—they gained jurisdictional authority

previously denied to them. Yet the empirical pattern shows states did not merely

act independently; they acted similarly through coordinated template adoption. If

vertical coordination predominates in the restrictive coalition, we would expect high

textual similarity among trigger-ban states; if horizontal coordination characterizes

the protective coalition, shield law similarity should also be elevated, but potentially

with greater variation. Federalism scholarship predicts policy divergence when states

gain sovereignty (states pursue locally tailored policies reflecting constituent pref-

erences); post-Dobbs patterns show policy convergence within ideological coalitions

despite divergent state contexts. Understanding coordination requires moving beyond

federalism’s jurisdictional analysis to organizational influence theory Section 2.4: fed-

eralism explains why states had authority to act; organizational theory explains how

states coordinated action despite formal independence.

2.3.8 Democratic Responsiveness to Constitutional Shocks: Theoret-

ical Foundations

Constitutional shocks do not merely alter legal constraints—they fundamentally

reshape democratic responsiveness by creating new opportunities for elected officials

to align policy with public preferences. Camobreco and Barnello (2008) theorize how

constitutional disruptions activate dormant policy preferences, enabling states to

translate public opinion into legislation when federal constraints are removed.

1. Preference activation: Constitutional shocks made previously constrained issues

salient to voters, increasing the political costs of non-responsiveness

2. Constraint removal: Elected officials gain authority to enact policies reflecting

constituency preferences that the federal framework previously prohibited
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3. Electoral incentives: Post-shock environments reward responsiveness; officials

who fail to act face primary challenges or general election vulnerability

Camobreco and Barnello (2008, pp. 443–445)’s analysis of state abortion policy fol-

lowing Webster v. Reproductive Health Services (1989)—which weakened but did not

overturn Roe—demonstrates that even partial constraint removal produces measur-

able policy responsiveness. States with conservative public majorities moved imme-

diately to restrict abortion access within constitutional limits, while states with pro-

gressive majorities expanded protections. Crucially, this responsiveness was immediate

rather than gradual: states didn’t wait for policy learning; they enacted preferences

the moment constraints lifted.

Application to post-Dobbs : The total constitutional vacuum created by Dobbs rep-

resents an amplified version of Camobreco and Barnello’s mechanism. Where Web-

ster created narrow maneuvering room within federal constraints, Dobbs removed

constraints entirely. This complete removal should—according to democratic respon-

siveness theory—produce maximum alignment between state policy and state-level

public opinion.

Democratic responsiveness theory predicts this pattern: restrictive legislation should

emerge in states with conservative public majorities; protective legislation in states

with progressive majorities. Whether post-Dobbs patterns confirm this prediction—

and whether responsiveness operated through electoral accountability or anticipatory

mechanisms like trigger bans—remains an empirical question Chapter 4 investigates.

However, responsiveness theory alone cannot explain coordination patterns—why sim-

ilar states adopted nearly identical language rather than independently responsive

policies. Democratic responsiveness theory predicts convergence in policy outcomes
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(similar goals) but not textual convergence (similar language). Understanding coor-

dination requires integrating organizational influence theory (Section 2.4).

Theoretical Tension: Camobreco and Barnello’s framework assumes responsiveness

follows electoral processes: voters express preferences, officials respond. Post-Dobbs,

however, many restrictive states enacted legislation through trigger bans—pre-

existing laws automatically taking effect when Roe fell—without intervening electoral

cycles. 2

I extend responsiveness theory here by distinguishing anticipatory responsiveness—

legislation enacted in advance of an anticipated constitutional change—from reactive

responsiveness—legislation enacted in response to shifted public demands. Trigger

bans, enacted years before Dobbs in anticipation of exactly this ruling, represent

the former category: a form of responsiveness whose mechanism is organizational

preparation rather than demand registration.

Constitutional shocks originate in courts, but their policy consequences flow through

interest-group mobilization pathways. Wlezien and Goggin (1993) theorize the rela-

tionship between the Supreme Court abortion decisions and advocacy organization

activity, demonstrating that court rulings trigger strategic organizational responses

rather than directly determining policy outcomes.

The Mechanism:

1. Court decisions signal opportunity structure: Rulings communicate which policy

goals are legally viable and which face constitutional barriers

2Thirteen states had trigger bans that activated immediately or within 30 days of the Dobbs

decision: Arkansas, Idaho, Kentucky, Louisiana, Mississippi, Missouri, North Dakota, Okla-

homa, South Dakota, Tennessee, Texas, Utah, and Wyoming (Nash and Guarnieri 2022).
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2. Organizations interpret signals: Advocacy groups translate legal doctrine into

strategic action—identifying policy opportunities, assessing litigation risk,

timing legislative initiatives

3. Mobilization follows interpretation: Organizations activate coalitions, distribute

resources, and coordinate multi-state campaigns based on opportunity assess-

ments

Wlezien and Goggin’s analysis of post-Webster (1989) mobilization reveals asym-

metric responses: restrictive organizations immediately activated after Webster

weakened Roe, while protective organizations initially underestimated the threat

and mobilized more slowly (776–779). This asymmetry produced policy outcomes

favoring restriction in the early 1990s until protective coalitions developed counter-

mobilization infrastructure.

Contrast with post-Dobbs : The Dobbs mobilization environment differed fundamen-

tally from Webster because both coalitions anticipated the decision and prepared

extensively. The leaked draft opinion in May 2022 eliminated surprise, enabling:

• Symmetric preparation: Both restrictive and protective organizations finalized

templates, coordinated state partners, and positioned for rapid deployment

• Pre-decision coordination: Organizations convened strategy sessions and dis-

tributed materials before the official decision

• Trigger mechanisms: Thirteen states had enacted trigger bans years before

Dobbs, representing organizational foresight rather than reactive mobilization

(Nash and Guarnieri 2022)

This symmetric preparation explains why post-Dobbs diffusion involved simultaneous

restrictive and protective legislation rather than the sequential mobilization observed
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by Wlezien and Goggin after Webster. The constitutional vacuum created symmetric

opportunities; organizational preparation ensured both coalitions could exploit oppor-

tunities immediately.

Public opinion dynamics: Wlezien and Goggin demonstrate that court decisions can

alter public opinion salience without necessarily changing underlying preferences

(781–783). Webster made abortion more salient to voters, increasing single-issue

voting without fundamentally shifting the distribution of pro-choice vs. pro-life prefer-

ences. This salience effect creates political incentives for responsive legislation: officials

face greater electoral consequences for abortion positions when salience is high.

Post-Dobbs exhibited similar dynamics: abortion salience spiked in 2022-2024,

affecting midterm elections and numerous state referenda. However, aggregate pref-

erence distributions remained remarkably stable. Pew Research Center surveys

documented 61 percent public support for legal abortion in all or most cases in

March 2022 (Doherty, Kiley, and Asheer 2024) immediately before Dobbs ; by May

2024, two years after the decision, this figure had risen only modestly to 63 per-

cent. The distribution of opposition remained similarly stable at approximately 37

percent. States responded to increased salience by enacting legislation that reflected

rather than shifted preferences. This confirms democratic responsiveness theory while

clarifying the mechanism: constitutional shocks activate latent preferences through

salience effects rather than creating new preferences.

Integration with organizational theory: Wlezien and Goggin’s framework links courts

to interest groups but underspecifies how organizations translate judicial signals into

coordinated multi-state action. Legislative subsidy theory (Hall and Deardorff, Sec-

tion 2.4) fills this gap: organizations respond to court decisions by providing tem-

plates, technical assistance, and coordination infrastructure—enabling rapid legisla-
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tive response without requiring financial contributions. The organizational infrastruc-

ture built during the decades between Roe and Dobbs positioned both coalitions to

mobilize within months rather than years when the constitutional vacuum finally

materialized.

2.3.9 The Combination Matters: Why All Three Conditions Are Nec-

essary

The combination is jointly necessary, and the logic of that necessity can be stated pre-

cisely. As established in §2.3.6, each condition is necessary but insufficient alone: pre-

dictability without infrastructure produces anticipation without coordinated capacity;

a vacuum without predictability prevents strategic deployment; infrastructure without

a vacuum has no policy space to fill. Their conjunction was sufficient to produce simul-

taneous, multi-state, textually coordinated legislative responses from both coalitions

within six months of the triggering event — a pattern no single condition could gen-

erate independently.

2.3.10 Transnational Antecedents of Horizontal Coordination

The horizontal coordination capacity that protective coalitions deployed after Dobbs

did not emerge in isolation. Fernández Anderson, Calasanti, and Kay (2025) docu-

ment a "circular diffusion" pattern in which abortion-rights innovations have moved

between U.S. and Latin American movements over six decades, with originator and

adopter roles exchanging through sustained transnational interaction. U.S. activists

entered 2022 with decades of exposure to Latin American horizontal coordination

models—Argentina’s National Campaign for Legal, Safe, and Free Abortion, Mexican

interstate decriminalization networks, and the medication-abortion accompaniment

protocols pioneered by Socorristas en Red—through which protective coalitions had
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successfully coordinated across subnational jurisdictions in the absence of national

legalization. This historical depth carries one important caveat for the argument that

follows. Protective coalitions can coordinate vertically when organizational conditions

favor it, as the Argentine and Mexican cases demonstrate. The vertical-horizontal

asymmetry this thesis documents for U.S. abortion policy in 2023 is therefore best

understood as a feature of the post-Dobbs organizational environment rather than

as an inherent property of protective coalitions—a qualification §5.4 returns to in

developing the coalition-architecture distinction.
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2.4 Organizational Influence and Legislative Template Provision

2.4.1 Organizational Coordination Without Campaign Finance

This section explains how advocacy organizations coordinate policy across states

without campaign finance mechanisms—the theoretical foundation for understanding

the “PAC paradox” (high textual coordination despite zero financial contributions

to state legislators). I review Hall and Deardorff (2006)’s theory of legislative subsi-

dies, showing how organizations provide informational rather than financial resources.

I then examine template distribution networks demonstrating vertical coordination

mechanisms (Hertel-Fernandez 2019). The central insight of this section is that orga-

nizations influence policy through pure epistemic channels—template provision, tech-

nical assistance, convening infrastructure—making campaign contributions unneces-

sary for coordination. This framework provides the theoretical foundation for under-

standing the “PAC Paradox” examined empirically in Chapter 4.

2.4.2 The PAC Paradox: Coordination Without Money

Three related but distinct studies address the relationship between organized inter-

ests and policy outcomes. Campaign finance scholarship examines how PAC contri-

butions shape legislative access and voting behavior within individual legislatures

(Hall and Wayman 1990). Lobbying research investigates how organized groups pro-

vide informational subsidies to sympathetic legislators, facilitating policy develop-

ment through expertise rather than financial leverage (Hall and Deardorff 2006;

Baumgartner, Berry, et al. 2009). Policy diffusion scholarship, by contrast, exam-

ines how policies spread across state boundaries, but has focused primarily on insti-

tutional mechanisms—legislative professionalism, geographic proximity, and policy

characteristics—rather than on the organized financial or informational networks that
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might facilitate cross-jurisdictional coordination (Shipan and Volden 2008; Boehmke

and Skinner 2012).

The intersection of these literatures is theoretically productive but empirically under-

developed. If campaign contributions drive cross-state coordination, we would expect

PAC funding patterns to predict textual similarity between states’ legislation. If lob-

bying and informational subsidies are the operative mechanism, coordination could

occur through model legislation sharing, testimony coordination, and organizational

template distribution—channels that leave documentary traces but not necessarily

financial ones. If diffusion operates through institutional channels independent of

organized interests, neither financial nor informational network measures should pre-

dict textual similarity after controlling for institutional variables. My work empirically

adjudicates among these competing predictions.

2.4.3 The Pure Epistemic Pathway: Information Without Finance

Hall and Deardorff (2006) identifies a legislative subsidy mechanism distinct from

both vote-buying and informational signaling models. Organizations coordinate

policy across jurisdictions by subsidizing the legislative work of ideologically aligned

officials—providing staff resources, policy expertise, and draft language that reduces

legislators’ costs of achieving goals they already hold. Crucially, this mechanism

operates through the legislator’s resource constraints rather than through preference

alteration: “In our model, they affect the legislator’s budget line, not the parame-

ters of the utility function” (Hall and Deardorff 2006, p.70). The subsidy pathway

explains how organizations influence without vote-trading precisely because they

target legislators who already agree—the challenge is reducing implementation costs,

not changing minds.
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Why this matters for abortion policy: The legislative subsidy framework illuminates

the PAC paradox. Federal abortion PACs concentrated financial resources on fed-

eral races for strategic reasons: federal races require greater expenditure, federal

policy addresses organizational priorities (judicial appointments, Hyde Amendment

restrictions), and—critically—state-level policy coordination operates through sub-

sidy mechanisms rather than campaign finance channels. Organizations coordinated

state policy by subsidizing aligned legislators’ work through template provision and

technical assistance, without requiring direct campaign contributions. The subsidy

model predicts precisely this pattern: when organizations and legislators share policy

preferences, influence flows through resource provision rather than financial exchange.

The mechanism:

• National organizations maintained model legislation libraries covering all abor-

tion policy aspects: Americans United for Life’s “Defending Life” guides (Shep-

pard 2012), Alliance Defending Freedom’s litigation-linked templates (Kirk-

patrick 2023), Reproductive Freedom for All’s state coordination materials, and

Planned Parenthood Federation of America’s affiliate resources.

• Organizations distributed templates to state partners through existing affiliate

networks

• State legislators introduced templated language, often with minimal local cus-

tomization

• Organizations provided technical assistance (legal analysis, amendment lan-

guage, testimony) throughout legislative processes

• Coordination occurred through information infrastructure, not financial infras-

tructure
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2.4.4 Template Distribution Networks: Vertical Coordination Mech-

anisms

Research on the distribution of organizational templates illuminates specific mecha-

nisms that enable vertical coordination from national organizations to state legisla-

tures.

Hertel-Fernandez (2019): ALEC and Conservative Template Distribu-

tion

Hertel-Fernandez (2019)’s comprehensive study of the American Legislative Exchange

Council (ALEC) demonstrates how one organization achieves policy coordination

across states through template provision without significant campaign contributions

to individual legislators.

ALEC’s model:

• Develops model legislation on conservative priorities (tax cuts, deregulation,

education privatization, voting restrictions)

• Distributes templates through state legislator members (∼2,000 members,

∼25% of all state legislators)

• Provides implementation support (model amendments, talking points, research

summaries)

• Convenes annual conferences, facilitating state-to-state coordination

• Tracks state-level introduction and passage of ALEC-model bills

Success metrics: Hertel-Fernandez (2019) documents that ALEC-model bills are intro-

duced in states hundreds of times annually, with varying passage rates depending on
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the issue area and the state’s political composition. High textual similarity across

states indicates direct template borrowing rather than independent development.

Key mechanism: Network infrastructure. ALEC succeeds through sustained invest-

ment in organizational infrastructure: comprehensive policy staff developing tem-

plates, state outreach coordinators distributing materials, and regular convenings

building relationships. This infrastructure enables rapid deployment when policy

opportunities arise.

Application to abortion: Americans United for Life (AUL) and Alliance Defending

Freedom (ADF) occupy an organizational role in abortion policy comparable to the

role ALEC occupies in conservative economic and regulatory policy. ALEC itself does

not develop abortion-policy templates; it is invoked here as the closest organizational

analogue for understanding vertical template distribution as organizational form.

• Template libraries: AUL publishes annual “Defending Life” guides containing

model legislation on trigger bans, gestational limits, medication abortion restric-

tions, clinic regulations, and informed consent requirements (Sheppard 2012;

Roberts 2019). Investigative reporting documented that AUL-drafted language

appeared in over 400 bills across 41 states in the decade preceding Dobbs (Becker

2022).

• State partnerships: Both organizations maintain state partner organizations and

legislative champions who introduce templated language, enabling what Ziegler,

Eichner, and Cahn term “retrenchment by diversion”—advancing substantive

policy goals under rhetorically palatable frames (Ziegler, Eichner, and Cahn

2025).
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• Legal support: ADF provides model legal briefs defending abortion restrictions,

reducing litigation costs for states. ADF’s dual role—simultaneously shaping

federal constitutional doctrine through legislation—exemplifies the vertical inte-

gration characteristic of restrictive coalition infrastructure (Kirkpatrick 2023).

• Convening: Organizations host strategy sessions and training for state legisla-

tors and allied groups, building the relational infrastructure that enables rapid

template deployment when policy opportunities arise.

The organizational infrastructure enabling rapid post-Dobbs mobilization developed

over decades through sustained investment in template development, state partner-

ship cultivation, and rapid-response capacity. The Southern Poverty Law Center

characterizes contemporary restrictive coalition infrastructure as "a sprawling, well-

funded, far-right operation" with sophisticated coordination mechanisms extending

beyond traditional campaign finance (Miller 2024). This characterization, while nor-

matively charged, captures the organizational density that distinguishes post-Dobbs

restrictive mobilization from earlier periods of abortion politics, when coordination

depended more heavily on grassroots religious networks with less centralized template

distribution capacity.

The vertical pathway: National organization → model legislation development →

template distribution to state partners → state legislative introduction → organiza-

tional support for passage. This pathway enables rapid, coordinated implementation

across multiple states with minimal customization.

Garrett and Jansa (2015): Model-Bill Networks and State Adoption

Garrett and Jansa (2015) systematically analyzes model-bill networks, demon-

strating how legislative templates circulate through organizational channels and
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produce policy coordination across states. Using text analysis of state legislation,

they identify patterns of model-bill adoption and network structures.

Key findings:

1. Network centralization matters: Policies with centralized template providers

(one or a few organizations) show higher cross-state textual similarity than

policies with decentralized sources

2. Template clarity affects adoption: Well-drafted, comprehensive templates are

adopted more frequently and with less customization than vague or partial

templates

3. Organizational reputation matters: Legislators trust templates from established

organizations more than unknown sources

Mechanism: Reducing legislative uncertainty. Model bills provide certainty about

legal viability, political messaging, and operational implementation. This uncertainty

reduction is especially valuable for controversial policies where legislators face political

risk.

Application to abortion: Post-Dobbs abortion legislation involved highly centralized

template provision:

Restrictive coalition:

• Americans United for Life (founded 1971): Over fifty years, AUL filed more

than 200 legal briefs in abortion-related litigation. Between 2010 and 2018—

the decade preceding Dobbs—the organization’s model legislation appeared in

more than 400 bills introduced across 41 states, establishing a comprehensive
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template library including trigger bans, gestational limits, medication abortion

restrictions, and clinic regulations (Becker 2022; Sheppard 2012).

• Alliance Defending Freedom: ADF attorneys drafted the Mississippi fifteen-week

ban at issue in Dobbs v. Jackson Women’s Health Organization and argued the

case before the Supreme Court. The organization’s influence operates primarily

through strategic litigation coordination rather than state-level model-bill dis-

tribution; in 2022, ADF’s model legislation activity focused predominantly on

LGBTQ-related policies (including over 130 bills addressing sports participa-

tion, bathroom access, and gender-affirming care), while its abortion-related

influence flowed through amicus briefs, litigation support, and post-Dobbs legal

defense of state restrictions (Kirkpatrick 2023; Miller 2024).

• National Right to Life Committee: State affiliate network for rapid deployment

• Susan B. Anthony Pro-Life America: Grassroots mobilization infrastructure

Protective coalition:

• Multiple template sources (ACLU, Planned Parenthood, Center for Reproduc-

tive Rights) but coordinated through coalitional networks

• RFA (formerly NARAL) coordinating state-to-state horizontal sharing

• Moderate centralization, would predict moderate textual similarity across pro-

tective states if Garrett and Jansa’s centralization thesis holds.

Garrett and Jansa (2015) framework generates predictions about coordination archi-

tecture and textual outcomes. Centralized template provisions from fewer sources

should yield greater cross-state similarity than horizontal coordination across multiple

sources. If restrictive coalitions rely more heavily on centralized organizations (AUL,
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ADF) while protective coalitions distribute coordination across state-level networks,

we would expect asymmetric similarity patterns—a prediction Chapter 4 investigates

further.

2.4.5 Why Organizations Invest in Template Infrastructure

Developing comprehensive model legislation libraries requires substantial organi-

zational investment: policy staff expertise, legal review, pilot testing, and ongoing

updates. Why do organizations make these investments?

Strategic logic:

1. Preparation for opportunities: Constitutional shocks like Dobbs create sudden

policy windows. Organizations with prepared templates can move immediately;

organizations without templates lose opportunities while developing language.

2. Economies of scale: Developing one comprehensive model bill is more efficient

than 50 states independently drafting legislation. Organizations centralize policy

development costs, reducing aggregate resources required.

3. Legal risk mitigation: Model bills receive extensive legal review before distri-

bution, reducing the likelihood of constitutional or statutory conflicts. State

legislators gain legally vetted language without bearing the costs of individual

review.

4. Messaging consistency: Template language enables coordinated messaging

across states. When 15 states use similar language to define “unborn child,”

messaging coordination is easier than when states use disparate definitions.

5. Coalition signaling: Template adoption signals coalition membership and ide-

ological alignment. States introducing AUL templates signal membership in a
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restrictive coalition; states adopting RFA language signal membership in a pro-

tective coalition.

I hypothesize that this architectural asymmetry—centralized template distribution

in restrictive coalitions, distributed peer coordination in protective ones—produces

systematically higher within-coalition textual similarity among restrictive adopters

relative to protective adopters, an observable implication testable against the cosine

similarity matrix developed in Chapter 3.

2.4.6 Organizational Influence Without Financial Incentives

The legislative subsidy framework, combined with template distribution research,

establishes that organizations coordinate policy across states through resource-based

mechanisms that substitute for financial contributions to individual legislators. Tem-

plate provision, technical assistance, and strategic coordination function as subsidies

to aligned legislators—reducing the costs of policy pursuit without requiring vote-

buying or preference alteration. This subsidy pathway operates when organizations

and legislators share goals; the organizational contribution is implementation capacity,

not persuasion.

This theoretical insight resolves the PAC paradox: High textual coordination occurred

because organizations provided legislative subsidies (templates, technical assistance,

strategic coordination) to aligned legislators through pre-existing organizational net-

works. These subsidies reduced the costs of rapid policy implementation following

Dobbs, enabling six-month coordination timeframes that would be impossible if states

had to draft legislation independently.

The broader implication: Financial contributions are neither necessary nor sufficient

for policy coordination. Campaign finance scholarship correctly identifies money as
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one influence mechanism, but overemphasizes its importance relative to informational

mechanisms. Post-Dobbs abortion diffusion demonstrates that sophisticated organiza-

tional infrastructure providing high-quality policy information can coordinate across

jurisdictions at least as effectively as financial networks.

Limitation: Legislative subsidy theory explains vertical coordination (national orga-

nization to state legislatures) better than horizontal coordination (state-to-state

without organizational intermediaries). For protective coalition horizontal patterns,

complementary theoretical tools examining peer learning and coalitional reciprocity

are needed—mechanisms that documentary evidence can partially illuminate but

that the elite interviews and comparative case studies proposed in Chapter 6 would

address most directly.

2.4.7 Dyadic Hypotheses: Advocacy Networks and Coordination

Channels

The legislative-subsidy framework developed across §2.4.3–§2.4.6 generates two

hypotheses testable at the state-pair level. The first concerns whether advocacy

network ties predict cross-state textual convergence; the second concerns whether

that convergence operates through informational rather than financial channels.

Organizational Influence

H5: (Advocacy networks): State dyads connected through shared advocacy

organization networks will exhibit higher pairwise textual similarity than

unconnected dyads, controlling for institutional characteristics and geo-

graphic proximity.
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Operationalization: Advocacy network connections are measured through shared orga-

nizational membership (e.g., states with AUL-affiliated bill sponsors, states with

Planned Parenthood legislative lobbying activity). The unit of analysis is the state

dyad; the dependent variable is pairwise cosine similarity; network ties are indepen-

dent variables in dyadic regression models, with controls for Squire Index similarity,

geographic contiguity, and partisan alignment.

H6: The relationship between shared advocacy network ties and textual

similarity will persist after controlling for shared PAC donor networks,

consistent with informational rather than financial coordination mecha-

nisms.

Operationalization: Shared PAC donor networks are measured using the Database

on Ideology, Money in Politics, and Elections (DIME)’s records of federal abortion-

focused PAC contributions to candidates in each state. The hypothesis is tested by

comparing model fit and coefficient significance when PAC network variables are

added to the dyadic regression specification from H5. A finding in which advocacy

ties predict similarity but PAC overlap does not would support the legislative subsidies

framework over campaign finance models as the primary coordination mechanism.

A finding in which advocacy organization ties predict similarity but PAC donor

overlap does not would support the legislative subsidies framework (Hall and Dear-

dorff 2006) over campaign finance models (Hall and Wayman 1990) as the primary

mechanism of cross-state coordination.
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2.5 Morality Policy as Distinctive Diffusion Context

2.5.1 Morality Policy and Diffusion Distinctiveness

This section explains why abortion policy diffusion differs systematically from eco-

nomic policy diffusion by situating abortion within “morality policy” scholarship. I

review defining characteristics of morality policies—technical simplicity, high salience,

value conflicts—and explain how these characteristics enable rapid diffusion without

learning periods. The morality policy framework is essential for understanding post-

Dobbs temporal compression: the characteristics reviewed below explain why abortion

legislation does not require the extended learning periods characteristic of technical

economic policies, and why template adoption can proceed without the outcome-

evaluation cycles to slow diffusion in regulatory domains.

2.5.2 What Makes Morality Policy Different

Political scientists distinguish between two broad categories of policy based on under-

lying conflict type:

Economic/regulatory policies involve distributional conflicts: who gets what resources,

how costs and benefits are allocated. Examples include tax policy, business regulation,

environmental protection, and professional licensing. These policies typically involve:

• Complex technical details requiring expertise

• Uncertain outcomes requiring evidence gathering

• Distributional bargaining among stakeholders

• Learning from implementation experience
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Morality policies involve value conflicts: fundamental disagreements about right and

wrong, appropriate behavior, and societal values. Examples include abortion, same-

sex marriage, drug legalization, capital punishment, and physician-assisted suicide.

These policies typically involve:

• Technical simplicity (the policy itself is straightforward, even if values are con-

tested)

• High public salience (citizens care intensely)

• Value-based rather than evidence-based debate

• Stable coalitions based on moral/religious worldviews

Mooney and Lee (1995) and Mooney and Lee (2000) established three core char-

acteristics distinguishing morality from economic policy, later extended by Mooney

and Schuldt (2008), who added a fourth dimension—resistance to compromise. The

foundational three characteristics most relevant to understanding diffusion dynamics

are:

1. Technical Simplicity

Morality policies are technically simple in that they don’t require specialized expertise

to understand policy mechanisms or predict effects (Mooney and Lee 1995). Abortion

policy exemplifies this simplicity:

• The policy question is straightforward: Under what conditions is abortion legal?

• The regulatory framework is uncomplicated: Gestational limits, provider

requirements, procedural restrictions are administratively simple to implement
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• Predictions about effects are unnecessary: Proponents and opponents don’t

debate “what will happen” if abortion is banned/protected; they debate whether

abortion is morally acceptable

Contrast with economic policy: Tax policy requires expertise to predict revenue effects,

incidence across income groups, behavioral responses, and macroeconomic impacts.

Professional licensing requires understanding labor markets, consumer protection, and

interstate reciprocity. Economic policies are technically complex.

Implication for diffusion: Technical simplicity means states don’t need extended

learning periods. When California adopts a new tax structure, other states want

to observe the revenue impacts before adopting it. When a state adopts abortion

restrictions, other states don’t need to “learn” whether restrictions work—states

already know policy will reduce abortion access (the intended effect). No learning

period is necessary when outcomes are predictable from moral principles rather than

discovered through implementation experience.

2. High Public Salience

Morality policies generate intense public attention and strong opinions. Abortion is

among the highest-salience issues in American politics:

• Large majorities have opinions—unlike many technical policies, where most

citizens lack preferences (Doherty, Kiley, and Asheer 2024).

• Opinions are intense—citizens care deeply, not casually.

• Issue is electorally relevant—abortion influences vote choice, candidate recruit-

ment, voter mobilization.

• Single-issue voters exist on both sides
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Contrast with economic policy: Most regulatory policies are low-salience. Citizens

have weak or nonexistent opinions about occupational licensing, tax depreciation

schedules, or environmental permitting procedures. Low salience means legislators

face little electoral pressure for action.

Implication for diffusion: High salience means political coalitions exist before policy

opportunities (Mooney and Lee 1995; Mooney and Lee 2000). When Dobbs created

policy space, organized interests and mobilized citizens were already activated—no

mobilization lag was necessary. States could act immediately because political pres-

sure for action was already present.

3. Value-Based Conflict

Morality policies involve conflicts over first principles—fundamental disagreements

about right and wrong that aren’t resolvable through evidence or compromise. The

abortion debate fundamentally concerns:

• When life begins and what moral status embryos/fetuses possess

• Women’s bodily autonomy and reproductive decision-making authority

• Religious and secular values in public policy

• Gender roles, sexual morality, family structure

These are non-negotiable value differences. Compromise is difficult because positions

rest on moral absolutes rather than distributional preferences that can be negotiated.

Contrast with economic policy: Distributional conflicts are negotiable. If two groups

disagree about tax rates, compromise is possible (split the difference). If groups dis-

agree about environmental regulation, cost-benefit analysis can produce an acceptable
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middle ground. Economic conflicts involve trade-offs; morality conflicts involve com-

peting absolutes.

Implication for diffusion: Value-based conflict creates stable, ideologically coherent

coalitions that transcend geography. States with similar value compositions (mea-

sured by religious adherence, political ideology, and partisan control) adopt similar

abortion policies regardless of geographic proximity or structural characteristics. Ide-

ology predicts diffusion better than geography in morality policy domains.

H3: Restrictive legislation will exhibit lower mean cross-state textual

novelty than protective or neutral legislation, reflecting the restrictive

coalition’s more centralized template-distribution infrastructure (Jansa,

Hansen, and Gray 2019). The inversion of this prediction in the post-

Dobbs record is itself a substantive finding (Chapter 4).

Operationalization: Mean pairwise cosine similarity is computed separately within

restrictive and protective bill subsets, classified by the policy direction coding

described in Chapter 3. The hypothesis predicts a statistically significant differ-

ence in within-coalition similarity distributions.

H4: Bills enacting procedural expansions of abortion regulation (e.g., new

reporting requirements, provider licensing changes) will exhibit higher

novelty scores than bills enacting categorical restrictions or protec-

tions, reflecting the greater scope for legislative innovation in procedural

domains.

Operationalization: Cross-state novelty score (1 – maximum cosine similarity) serves

as the dependent variable. Bills are classified by mechanism type—categorical restric-

tion, categorical protection, procedural expansion, or procedural limitation—using

79



the coding scheme described in Chapter 3. OLS regression with mechanism-type indi-

cators tests whether procedural bills exhibit statistically higher novelty scores than

categorical bills.

2.5.3 Haider-Markel: Morality Policy and Ideological Networks

Haider-Markel (2001)’s influential study demonstrates empirically that morality poli-

cies diffuse through advocacy coalition networks rather than geographic proximity.

Analyzing same-sex marriage bans in the 1990s, Haider-Markel shows that the tradi-

tional geographic diffusion model fails for morality policy: neighboring states were not

more likely to adopt similar policies than distant states once internal characteristics

were controlled.

Instead, adoption patterns reflected two alternative mechanisms. First, internal

state characteristics—particularly religious composition, partisan control, and public

opinion distributions—predicted policy timing independent of what neighboring

states did. Second, organized advocacy coalitions coordinated policy campaigns across

ideologically similar states regardless of geography, actively promoting adoption in

receptive jurisdictions while bypassing hostile ones. Conservative states adopted

restrictive policies when conservative coalitions mobilized effectively; progressive

states resisted when protective coalitions proved stronger. The geographic expansion

of conflict occurred through strategic advocacy targeting, not neighbor-to-neighbor

learning.

Mechanism: Ideological signaling and reputation. States adopt morality policies partly

to signal values to constituencies and peer states. Being among the first conservative

states to restrict abortion signals commitment to pro-life values; being among the
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first progressive states to protect abortion signals commitment to reproductive rights.

These signals matter for maintaining ideological reputations within coalitions.

Haider-Markel’s framework thus generates a testable alternative to geographic dif-

fusion models: if morality policy dynamics predominate in post-Dobbs abortion leg-

islation, textual similarity should be predicted by ideological alignment—measured

through partisan control, religious composition, and historical policy trajectories—

rather than geographic contiguity. Ideologically proximate but geographically distant

states should exhibit elevated textual similarity; geographically proximate but ideo-

logically divergent states should not. Chapter 4 evaluates these competing predictions

against the full cross-state similarity matrix.

2.5.4 Ideological Polarization and Coalition Formation

Haider-Markel’s ideological network thesis operates within a broader context of Amer-

ican political polarization. Fiorina and Abrams (2008) document decades of increasing

elite polarization accompanied by mass sorting—citizens increasingly aligning party

identification with ideological positions across policy domains—though Fiorina has

subsequently complicated this account, arguing that elite polarization has outpaced

mass polarization (Fiorina and Abrams 2011). Abramowitz (2010) demonstrates that

this sorting accelerated dramatically after 2000, producing exceptionally cohesive par-

tisan coalitions by the 2010s. For abortion specifically, this sorting created remark-

ably homogeneous coalitions by 2022. Unlike the 1970s—1990s when abortion atti-

tudes cross-cut party lines—pro-choice Republicans like Olympia Snowe and pro-

life Democrats like Bob Casey Sr. held prominent positions—contemporary abor-

tion politics exhibits near-perfect party-ideology alignment. Pew Research Center

data show that by 2022, 85% of Democrats supported abortion access in most or all
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cases while 89% of Republicans opposed it in most or all cases, representing unprece-

dented partisan polarization on the issue (Nadeem 2023). This alignment facilitated

post-Dobbs coordination: restrictive coalition members shared not merely abortion

positions but entire ideological worldviews, enabling trust and coordination without

complex coalition-building across ideological divides.

The near-perfect partisan alignment observable by 2022 did not emerge instanta-

neously; it represents the culmination of a decades-long issue evolution in which

abortion transformed the American party system. Fiorina and Abrams (2008) applies

Carmines and Stimson (1989)’s model to demonstrate that abortion is an “easy”

issue—technically simple, emotionally accessible, and persistently salient—with the

capacity to produce lasting partisan realignment. Beginning in the late 1970s, Repub-

lican and Democratic members of Congress diverged on abortion roll-call votes; this

elite-level polarization subsequently diffused to party activists and, eventually, to

the mass electorate. Carmines and Woods (2002) documents the critical mediating

role of party activists in this process: convention delegates and campaign workers

showed no significant partisan differences on abortion through 1980, but by the mid-

1980s, Republican activists were consistently pro-life while Democratic activists were

consistently pro-choice. These activists served as organizational transmission belts—

precisely the layer through which template distribution networks operate in the post-

Dobbs context.

Carmines, Gerrity, and Wagner (2010) completes the picture by demonstrating that

media coverage increasingly linked abortion-focused interest groups to specific parties,

creating public-facing signals that reinforced partisan sorting. The interest group-

party alignment they document operated through informational and organizational

channels rather than primarily financial ones—a pattern that anticipates the PAC
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paradox I identify empirically. The issue evolution framework enriches the polarization

account in a specific way relevant to diffusion dynamics: it shows that by 2022, abor-

tion was not merely a salient issue but a party-defining one. The coalitions mobilizing

after Dobbs were not ad hoc formations responding to a new opportunity; they were

the product of fifty years of organizational consolidation along partisan lines. This

historical depth explains the coordination capacity both coalitions demonstrated—

and raises the question of whether structural differences in how each coalition evolved

might explain asymmetric coordination strategies.

However, polarization alone cannot explain coalition asymmetry in coor-

dination strategies. Both coalitions are equally polarized; both demonstrate high

ideological coherence; both faced symmetric opportunities following Dobbs. Yet they

adopted fundamentally different coordination mechanisms—vertical template distri-

bution (restrictive coalition) versus horizontal state-to-state coordination (protective

coalition). Polarization theory predicts that coordination will occur within ideologi-

cally homogeneous networks; it does not predict how coordination will be structured

or why opposed coalitions would select divergent organizational strategies. Under-

standing this strategic asymmetry requires integrating organizational capacity anal-

ysis (Section 2.4) with polarization dynamics. The puzzle persists: ideological sorting

creates enabling conditions for coordination, but what organizational architecture

enables coordination?

2.5.5 Distinctive Morality Policy Diffusion Patterns

The three defining characteristics—technical simplicity, high salience, value conflicts—

combine to produce distinctive diffusion patterns in morality policy domains:

1. Rapid adoption without learning periods
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Because outcomes are predictable from values rather than requiring empirical dis-

covery, states don’t need years of observation to yield results. Post-Dobbs six-month

timeframe is anomalous for economic policy but consistent with morality policy logic.

2. Ideological rather than geographic clustering

Value-based conflict creates coalitions defined by ideology, not location. Geographic

diffusion patterns characteristic of economic policy (lottery adoption, antismoking

laws) don’t emerge in morality policy domains.

3. Template-based coordination

Technical simplicity means legislative language is straightforward to standardize.

Complex economic policies require local customization; simple morality policies can

be adopted nearly verbatim. High cross-state textual similarity is expected in morality

policy.

4. Symmetric mobilization

Both sides of the morality policy debate are intensely engaged. Dobbs created sym-

metric policy opportunities (vacuum, not mandate or constraint removal), producing

simultaneous mobilization of opposed coalitions. Economic policy opportunities typ-

ically favor one side (regulated industries oppose protections; consumer advocates

support them), leading to asymmetric mobilization.

2.5.6 Implications for Text Analysis Validation

Morality policy distinctiveness raises methodological questions about text-as-data

similarity thresholds. Existing research validating cosine similarity thresholds focuses

on economic policies: tax provisions, occupational licensing, and tort reform. These

studies establish thresholds:

84



• Cosine similarity ≥ 0.50 = “coordinated borrowing”

• Cosine similarity ≥ 0.70 = “substantial textual reuse”

Question: Do these thresholds transfer to morality policy contexts?

Reasons for skepticism:

1. Template standardization: Morality policies may achieve higher baseline simi-

larity through template adoption without the same degree of active coordination

required for complex economic policy adaptation

2. Symbolic language: Morality policy language often serves symbolic functions

(signaling values) beyond operational functions. Terms like “unborn child,”

“reproductive freedom,” “life begins at conception” carry symbolic weight that

makes verbatim adoption more attractive than customization.

3. Legal risk aversion: Highly contested morality policies face immediate litiga-

tion. Using a legally vetted template language verbatim reduces litigation risk

compared to customized language that hasn’t been tested in court.

Implication: I cannot assume economic policy thresholds validate morality policy

coordination claims. High textual similarity might reflect:

• Active coordination through template sharing (the interpretation I’m testing)

• Independent adoption of standard symbolic language

• Legal risk aversion producing verbatim template adoption without active coor-

dination

Validation Requirement Computational similarity findings benefit from triangu-

lation with documentary evidence tracking template distribution. Full mechanism
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validation—including elite interviews and comparative case studies—represents the

most productive future research extension, discussed in Chapter 6. The present study

provides partial validation through regression analysis testing competing theoretical

predictors and secondary-source documentary investigation, while acknowledging that

similarity measures alone constitute insufficient evidence of coordination in morality

policy contexts.

2.5.7 Situating Abortion in Morality Policy Literature

Abortion policy exemplifies morality policy characteristics while adding distinctive

elements:

Technical simplicity confirmed: Abortion regulation is administratively straightforward—

gestational limits, provider restrictions, and procedural requirements don’t require

specialized implementation knowledge.

High salience confirmed: Abortion is consistently among the top 2–3 issues Americans

report caring about, with stable majorities holding strong opinions for decades.

Value conflict confirmed: Fundamental disagreements about fetal personhood, bodily

autonomy, and women’s equality ensure abortion remains contentious indefinitely.

Additional distinctive features:

1. Federal-state interaction: Unlike most morality policies (which are entirely state-

controlled), abortion involved federal constitutional protections for 50 years.

The Dobbs shock was distinctive precisely because it removed the federal frame-

work.
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2. Medical technology: Medication abortion (mifepristone + misoprostol) creates

enforcement challenges absent in most morality policies. States can ban medi-

cation abortion, but pills are difficult to control when they can be mailed from

other states or countries.

3. Interstate mobility: Women can travel for abortion, creating incentives for pro-

tective states to explicitly facilitate access for non-residents (shield laws, tele-

health policies). Most morality policies don’t involve cross-border service pro-

vision to the same degree.

4. Organizational infrastructure: The pro-choice/pro-life organizational ecosystem

is uniquely developed compared to most morality policy domains, with major

national organizations, state affiliate networks, litigation support, and decades

of template development.

These distinctive features mean abortion policy diffusion involves morality policy

dynamics plus additional mechanisms specific to abortion’s history and medical-legal

context. Understanding requires engaging morality policy theory while remaining

attentive to abortion-specific mechanisms.

2.5.8 Abortion Policy as Morality Policy: Framing and Public Sup-

port Dynamics

A critical question in morality policy scholarship concerns whether policies defined

by moral conflict operate differently from redistributive policies when both involve

public funding. Roh and Berry (2008) investigates this question through state abor-

tion funding referenda, demonstrating that abortion policy behaves fundamentally

differently from other redistributive issues despite superficial similarity in fiscal impli-

cations.
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The analytical puzzle: Abortion funding involves redistribution (public money

financing private medical services), yet voting patterns follow moral frameworks

rather than redistributive logic. If abortion were a standard redistributive issue,

support should correlate with:

• Income (lower-income voters supporting public funding)

• Partisanship linked to economic preferences (Democrats supporting spending,

Republicans opposing)

• General attitudes toward government spending and social programs

Roh and Berry (2008) find instead that abortion funding referenda outcomes are

predicted by:

• Religious adherence (Catholic and evangelical populations opposing)

• Moral traditionalism (social conservatism, not fiscal conservatism)

• Value-based partisan identification (abortion attitudes predict voting indepen-

dent of economic attitudes)

This pattern confirms Mooney and Lee (1995)’s theoretical claim: moral conflicts

override economic considerations when policies involve value disputes. Voters treat

abortion funding as a statement about fetal life and women’s autonomy, not as a fiscal

policy question. Opposition to abortion funding doesn’t correlate with opposition to

other social spending; it correlates with moral beliefs about abortion specifically.

Implications for diffusion: The morality-not-redistribution finding explains several

post-Dobbs patterns:

1. Ideological networks dominate fiscal networks: States with similar moral com-

positions coordinate regardless of economic structure. Roh and Berry (2008)
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predicts that states like Texas and Florida—sharing moral conservatism despite

different fiscal contexts—should show high textual similarity, while economically

similar but morally divergent states should not.

2. Campaign finance irrelevance (PAC paradox): If abortion were a redistribu-

tive policy, campaign contributions from economic interests should predict out-

comes. Instead, post-Dobbs coordination occurred without meaningful PAC con-

tributions because moral networks, not financial networks, drive abortion policy.

Roh and Berry’s framework explains why: voters supporting abortion restric-

tions or protections aren’t mobilized by economic arguments but by moral com-

mitments that don’t require financial persuasion.

3. Template standardization: Economic policies require customization to state

fiscal contexts (what works in California’s budget doesn’t necessarily work in

Wyoming’s). Morality policies need no such customization—moral goals are

portable across economic contexts. The technical simplicity that morality policy

scholars identify follows from Roh and Berry’s insight: abortion isn’t about eco-

nomic implementation but about moral expression through law.
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2.6 Computational Approaches to Measuring Policy Diffusion

2.6.1 The Measurement Challenge

Traditional policy diffusion research faced a fundamental limitation: measuring tex-

tual borrowing across large legislative corpora exceeded human analytical capacity.

Researchers could identify whether states adopted similar policies (adoption coding)

and when adoption occurred (event history analysis), but could not systematically

assess how similar legislative language was across jurisdictions or trace specific textual

lineages through diffusion networks (Grimmer and Stewart 2013).

Text-as-data methods resolve this limitation by treating legislative language as

analyzable data. Computational techniques—particularly TF-IDF vectorization and

cosine similarity measurement—enable systematic comparison across hundreds or

thousands of documents, revealing similarity patterns that are otherwise invisible to

case study approaches.3 For post-Dobbs abortion legislation, where states introduced

over 600 bills in 2023 alone, computational methods provide the only feasible path

to systematic pattern identification.

2.6.2 Threshold Validation: What Similarity Scores Indicate

A critical question for any text-based diffusion analysis concerns interpretation: what

level of textual similarity constitutes evidence of coordination or borrowing? Linder

et al. (2020) systematically validated similarity thresholds using bills with confirmed

borrowing relationships—cases where legislative history, sponsor interviews, or docu-

mentary evidence established direct template use.

3Detailed methodological specifications appear in Chapter 3.
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Their analysis established interpretive benchmarks: cosine similarity scores at or above

0.50 provide strong evidence of direct borrowing or template use; scores at or above

0.70 indicate substantial verbatim textual reuse; scores below 0.30 were unlikely to

represent meaningful borrowing beyond coincidental similarity in standard legal lan-

guage. Boehmke, Brockway, et al. (2020)’s State Policy Innovation and Diffusion

database applies similar thresholds across multiple policy domains, finding these cut-

offs reliably distinguish coordinated from independent adoption in economic and reg-

ulatory contexts.

2.6.3 Domain Transfer and Validation Requirements

These threshold validation studies, however, focused primarily on economic and regu-

latory policies: tax provisions, occupational licensing, tort reform (Linder et al. 2020;

Boehmke and Skinner 2012; Desmarais, Harden, and Boehmke 2015). Whether thresh-

olds transfer to morality policy context remains an open methodological question with

theoretical stakes.

As Section 2.5 established, morality policies exhibit distinctive characteristics—

technical simplicity, symbolic language, legal risk aversion—that may produce

elevated baseline similarity independent of active coordination. Template stan-

dardization may be more attractive when policies are technically simple; symbolic

terminology (“unborn child,” “reproductive freedom”) may diffuse through discourse

rather than deliberate coordination; litigation risk may incentivize verbatim adop-

tion of legally vetted language. These morality policy characteristics suggest that

economic policy thresholds may underestimate the similarity levels required to infer

coordination in abortion legislation.
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This methodological uncertainty necessitates careful validation. Computational text

analysis identifies candidates for coordination—bill pairs or networks exhibiting ele-

vated similarity—but cannot alone distinguish active coordination from independent

template adoption, standard legal language, or coincidental similarity. Distinguishing

these scenarios requires additional analytical leverage: documentary investigation

tracing the distribution of templates through organizational publications and legisla-

tive records, and regression analysis testing whether theoretically specified predictors

(shared advocacy ties, institutional similarity) explain observed patterns. Definitive

mechanism identification through comparative case studies and elite interviews—

which would enable direct observation of coordination processes—represents the most

important future research extension, discussed in Chapter 6.

My research design reflects this validation imperative. Computational analysis (Stage

One) identifies patterns requiring explanation; dyadic regression models (Stage

Two) test competing theoretical predictors; and documentary investigation of orga-

nizational records, legislative testimony, and media coverage provides contextual

grounding for interpreting statistical results. Chapter 3 details methodological imple-

mentation; the present discussion establishes why multiple forms of evidence are

theoretically necessary given morality policy’s distinctive characteristics.
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2.7 Synthesis: Critical Gaps in Existing Frameworks

2.7.1 Synthesizing Theoretical Gaps

This section synthesizes the four theoretical domains reviewed above to identify crit-

ical gaps that existing frameworks fail to adequately explain. I avoid extended argu-

mentation about contributions (that belongs in the findings chapters) and instead

briefly preview the three interconnected puzzles the thesis investigates. This section

foreshadows rather than resolves.

2.7.2 Three Interconnected Puzzles

Existing scholarship provides essential foundations but leaves three interconnected

puzzles inadequately explained:

Puzzle 1: Coalition Asymmetry in Coordination Strategies

Why did coalitions seeking to restrict abortion access primarily use vertical tem-

plate distribution from national organizations (Americans United for Life, Alliance

Defending Freedom) while coalitions seeking to protect abortion access primarily used

horizontal state-to-state coordination?

What we know: Organizational influence theory (Section 2.4) shows that template

distribution is an effective coordination mechanism. Morality policy theory (Section

2.5) shows that value conflicts create stable coalitions defined by ideology rather than

geography.

What remains unclear: Why organizational capacity, resource levels, and strategic

incentives would lead opposed coalitions to select fundamentally different coordination

pathways. Both coalitions faced symmetric opportunities (constitutional vacuum),
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had national organizational infrastructure, and operated under similar time pres-

sures. Yet they adopted asymmetric strategies. Recent transnational research shows

protective coalitions can coordinate through vertical structures in Latin America,

(Fernández Anderson, Calasanti, and Kay 2025) suggesting the U.S. pattern may be

temporally or contextually specific rather than inherent to coalition type. Existing

frameworks don’t predict or explain this asymmetry.

Puzzle 2: Information-Only Coordination (The PAC Paradox)

How did states achieve high textual coordination in abortion legislation despite essen-

tially zero campaign finance contributions from federal abortion-focused Political

Action Committees to state legislative candidates?

What we know: Hall and Deardorff (2006)’s legislative subsidy theory shows that

informational resources can influence policy through epistemic pathways. Template

provision reduces legislators’ costs of pursuing existing goals.

What remains unclear: The specific mechanisms through which pure information net-

works coordinate across jurisdictions at scale. How do organizations ensure template

adoption without financial incentives? How do states coordinate the timing of intro-

duction without central direction? What makes informational coordination successful

in some policy domains (apparently including abortion) but not others?

Puzzle 3: Constitutional Vacuum Mechanisms

What specific mechanisms enable rapid, coordinated policy diffusion following a con-

stitutional shock that creates a vacuum (removing the federal framework) rather than

mandating compliance or merely removing constraints?

What we know: Constitutional shock theories (Section 2.3) show that abrupt dis-

ruptions alter diffusion dynamics. Dobbs created uniquely conducive conditions: pre-
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dictability with preparation time, constitutional vacuum creating symmetric oppor-

tunities, and pre-existing organizational infrastructure.

What remains unclear: How these conditions interact to produce specific coordina-

tion patterns. Why does a vacuum enable rapid coordination when constraint removal

(Shelby County) or mandate compliance (Obergefell) produce slower, less coordi-

nated responses? What role does predictability play beyond enabling preparation?

Do vacuum conditions consistently produce the patterns I observe, or is this a unique

combination of circumstances unlikely to repeat?

2.7.3 Why These Puzzles Matter

These interconnected puzzles represent more than empirical curiosities—they point

to theoretical gaps limiting our understanding of policy diffusion under specific con-

ditions:

Classic diffusion theory excels at explaining gradual, learning-based adoption but

struggles with rapid, template-based coordination following constitutional shocks.

Constitutional shock theories explain when rapid change becomes possible, but they

do not explain what mechanisms actors use to exploit those opportunities or why

different coalitions choose different mechanisms.

Organizational influence theories demonstrate that template provision is effective,

but don’t explain variation in organizational strategies or when organizations choose

vertical vs. horizontal coordination.

Morality policy theories explain why abortion diffusion follows ideological rather than

geographic networks, but don’t explain coordination mechanisms or strategic variation

between opposed coalitions.
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Addressing these gaps requires empirical investigation: Chapter 3–5 combine com-

putational text analysis with dyadic regression models and documentary evidence

to investigate coordination mechanisms, evaluate competing theoretical explanations,

and develop theoretical extensions explaining rapid coordination under constitutional

vacuum conditions.
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2.8 Conclusion: From Theory to Computational Analysis

2.8.1 Theoretical Foundations Established

This chapter synthesized scholarship across four domains to establish theoretical foun-

dations for understanding post-Dobbs abortion policy diffusion:

Classic diffusion theory (Section 2.2) demonstrated through concrete examples that

policies typically spread gradually over years or decades through learning-based mech-

anisms. Lottery adoption took 22 years, and antismoking policies took approximately

25 years. This establishes baseline expectations, making post-Dobbs temporal com-

pression visible as a fundamental departure.

Constitutional shocks and rapid change (Section 2.3) are theorized when abrupt legal

disruptions alter diffusion dynamics. By contrasting Dobbs with Obergefell (mandated

compliance) and Shelby County (removed constraint), I showed Dobbs ’s uniqueness:

a predictable shock creating a constitutional vacuum with prepared organizational

actors. The transnational context situates U.S. coordination within decades of inter-

national abortion rights network building.

Organizational influence (Section 2.4) explained how advocacy organizations coor-

dinate policy without campaign finance through pure epistemic pathways: template

provision, technical assistance, and convening infrastructure. Legislative subsidy

theory resolves the “PAC paradox” by showing informational resources can coordi-

nate without financial contributions.

Morality policy (Section 2.5) established that technical simplicity, high salience, and

value conflicts create distinctive diffusion patterns. Morality policies enable rapid

adoption without learning periods because outcomes are predictable from values
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rather than discovered through implementation. Ideological networks transcend geog-

raphy.

Text-as-data methods (Section 2.6) provided computational tools for measuring policy

borrowing at scale while identifying validation requirements. TF-IDF vectorization

and cosine similarity enable systematic comparison across hundreds of bills, but

thresholds developed for economic policy require careful validation when applied to

morality policy contexts, and computational findings benefit from triangulation with

regression analysis and documentary evidence.

98



Table 2.1: Theoretical Foundations, Hypotheses, and Empirical Strategy

Literature Stream Hypothesis Measurement Strategy

Legislative
Professionalism & Policy
Diffusion
Squire 1992, 2007, 2024;
Jansa, Hansen & Gray
2019; Shipan & Volden
2008

H1: Less professionalized legislatures will
produce legislation with higher textual
similarity to template sources than more
professionalized legislatures.

IV: Squire Index (2021 update),
continuous. DV: Maximum pairwise
cosine similarity per bill. Model:
OLS regression with clustered
standard errors (Stage Two).

Organizational Influence
& Legislative Subsidies
Hall & Deardorff 2006;
Hertel-Fernandez 2019;
Garrett & Jansa 2015

H2: The professionalism–similarity
relationship is moderated by restrictive
coalition presence; moderate
professionalism plus active advocacy
organizations yields higher similarity than
professionalism alone predicts.

Moderator: Documented
organizational activity (AUL bill
introductions, ADF litigation
support). Model: Professionalism ×
coalition presence interaction term
in OLS.

Morality Policy &
Coalition Asymmetry
Mooney & Lee 1995,
2000; Haider-Markel
2001; Garrett & Jansa
2015

H3: Protective legislation will exhibit
lower mean cross-state textual similarity
than restrictive legislation, reflecting the
protective coalition’s more distributed
coordination architecture.

DV: Mean pairwise cosine similarity,
computed separately within
restrictive and protective bill
subsets. Test: Comparison of
within-coalition similarity
distributions.

Morality Policy & Policy
Mechanism Types
Mooney & Lee 1995;
Mooney & Schuldt 2008;
Boehmke & Skinner 2012

H4: Bills enacting procedural expansions
of abortion regulation will exhibit higher
novelty scores than bills enacting
categorical restrictions or protections.

DV: Cross-state novelty score
(1−max cosine similarity). IV:
Mechanism type (categorical
restriction, categorical protection,
procedural expansion, procedural
limitation). Model: OLS with
mechanism-type indicators
(Stage Two).

Advocacy Networks &
Cross-State Coordination
Hertel-Fernandez 2019;
Garrett & Jansa 2015;
Hall & Deardorff 2006

H5: State dyads connected through shared
advocacy organization networks will
exhibit higher pairwise textual similarity
than unconnected dyads, controlling for
institutional and geographic factors.

Unit: State dyad. DV: Pairwise
cosine similarity. IVs: Shared
organizational network ties.
Controls: Squire Index similarity,
geographic contiguity, and partisan
alignment.
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The constitutional vacuum framework developed across this chapter carries scope con-

ditions that delimit when its predictions should apply and when alternative theoret-

ical tools are required. Specifying those conditions precisely—and evaluating whether

post-Dobbs patterns confirm the framework’s generalizability—requires the empir-

ical grounding that Chapter 4 provides. Chapter 6 returns to scope conditions and

generalizability after the findings have been established.

2.8.2 Toward Empirical Investigation

The theoretical frameworks synthesized above—classic diffusion theory, constitutional

shock scholarship, organizational influence research, and morality policy literature—

provide essential foundations but leave the three puzzles identified in Section 2.7

unresolved. Addressing these puzzles requires empirical investigation combining com-

putational pattern identification with regression-based hypothesis testing and docu-

mentary interpretation. Chapter 3 presents the research design enabling this inves-

tigation; Chapters 4 and 5 report findings and develop theoretical implications. The

thesis’s contributions—empirical, theoretical, and methodological—emerge from this

integrated analysis rather than from any single theoretical tradition reviewed here.

2.8.3 Transition to Methodology

Chapter 3 presents the research design, data sources, and methodological approach

in detail. I explain TF-IDF implementation, cosine similarity computation, dyadic

regression specifications, and analytical strategies for interpreting computational pat-

terns through the lens of the theoretical frameworks established here.
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Chapter 3

Research Design and Methodology

3.1 Methodological Foundations

This chapter describes how this study is designed and how the data were collected,

processed, and analyzed. The central empirical task is measuring the degree to which

abortion-related legislation enacted by U.S. state legislatures in calendar year 2023—

the first full legislative session following Dobbs v. Jackson Women’s Health Organiza-

tion—shares textual language across state lines. By quantifying linguistic similarity

across the full universe of enacted bills, the analysis reveals patterns of template bor-

rowing, independent drafting, and coordinated policy adoption that binary measures

of legislative diffusion cannot detect. The chapter proceeds as follows: Section 3.2

describes the legislative corpus and data collection procedures; Section 3.3 defines the

dependent and independent variables; Section 3.4 details the computational imple-

mentation; and Section 3.5 presents the three-stage empirical strategy.

This study employs a three-stage computational design—an approach in which statis-

tical text analysis methods are applied programmatically to the full corpus of enacted

legislation rather than to selected cases. The approach addresses a fundamental lim-

itation in policy diffusion research: traditional scholarship has primarily operational-

ized diffusion as binary adoption—a state either enacts a policy or does not—thereby

obscuring the textual mechanics through which coordination actually occurs (Wilk-

erson, Smith, and Stramp 2015; Boushey 2010). Binary measures reveal whether states
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adopt; they cannot reveal what states adopt, from whom, or at what degree of textual

fidelity.

Text-as-data methods address this limitation by treating legislative language as

a quantifiable phenomenon. TF-IDF vectorization and cosine similarity analysis

transform bill text into comparable numerical representations, enabling systematic

measurement of novelty and borrowing across the complete universe of 2023-enacted

abortion legislation. The approach is consistent with Grimmer and Stewart’s (2013)

methodological principles for computational text analysis in political science—

measurement validity, replication, and explicit operationalization of theoretical con-

structs in quantitative terms. The specific three-stage design follows the framework

developed in Wilkerson, Smith, and Stramp’s “Tracing the Flow of Policy Ideas in

Legislatures” (2015) and applied to state legislative diffusion in Linder et al.’s “Text

as Policy” (2020).

The design proceeds in three sequential stages. Stage One establishes baseline patterns

of textual novelty and cross-state similarity across all 188 bills in the corpus, gener-

ating the descriptive foundation from which Stages Two and Three develop explana-

tory leverage. Stage Two employs bill-level OLS regression to test whether institu-

tional capacity variables—legislative professionalism, partisan alignment, and policy

mechanism type—predict cross-state novelty scores (H1–H4). Stage Three employs

dyadic regression models at the state-pair level to test whether shared advocacy net-

work ties predict pairwise textual similarity above and beyond institutional and geo-

graphic factors (H5–H6).

The computational design is theoretically warranted for three reasons. First, it oper-

ationalizes the full continuum between wholesale template adoption and independent

legislative innovation—moving beyond the binary adoption indicators that dominate
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the diffusion literature (Berry and Berry 1990) to continuous measures of textual

novelty that capture the degree of borrowing. Second, it provides empirical trac-

tion on organizational influence theories by generating a measurable proxy—textual

similarity—for the downstream output of template provision, enabling indirect assess-

ment of legislative subsidy mechanisms that do not appear directly in campaign

finance records (Hertel-Fernandez 2019; Hall and Deardorff 2006). Third, it enables

complete-universe analysis of the 188 bills meeting inclusion criteria (out of 190

abortion-related enactments identified in 2023)—rather than restricting inference to

selected cases—addressing the selection bias concerns that attend case-study designs

in diffusion research (Boehmke and Skinner 2012).

The temporal scope—calendar year 2023—captures the first full legislative response

window following Dobbs v. Jackson Women’s Health Organization. Although the deci-

sion was handed down on June 24, 2022, most state legislatures had already adjourned

their primary sessions by that date or were operating under severe time constraints

that precluded comprehensive legislative action. Calendar year 2023 represents the

first complete legislative cycle in which all state legislatures opened session with full

knowledge of the new constitutional landscape, trigger laws already in effect, and pre-

positioned advocacy infrastructure ready for deployment. This window thus captures

coordinated mobilization under conditions of constitutional vacuum—rapid, network-

mediated diffusion in the absence of established precedent, pervasive legal uncertainty,

and heightened constituent pressure—before multi-year legal consolidation and elec-

toral feedback could reshape coordination incentives. The decision to treat 2023 as a

unified analytical window, rather than pooling 2022 and 2023, avoids the confound

of comparing legislation enacted under emergency session conditions with legislation

enacted through normal deliberative processes.
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3.2 Data Collection and Corpus Construction

3.2.1 Universe of Cases

The analysis encompasses 190 abortion-related bills enacted across 46 states during

2023. Bill identification proceeded through systematic review of LegiScan databases,

supplemented by state legislative archives and advocacy organization tracking systems

(Nash and Guarnieri 2022). Inclusion criteria required: (1) enactment in 2023, (2) sub-

stantive provisions affecting abortion access or regulation, and (3) availability of full

legislative text. Bills addressing abortion tangentially—such as omnibus health appro-

priations mentioning abortion funding without creating new policy—were excluded

to maintain analytical focus on deliberate abortion policymaking.

Of the 190 bills, 188 yielded valid novelty scores. Three exclusions account for the

difference. Two Iowa bills (SB 514, SB 561) were excluded from novelty calculations

on substantive grounds: both were omnibus health and human services appropriations

acts exceeding 70 and 1,000 pages, respectively, in which abortion-related provisions

appear as one component among extensive non-abortion health, veterans, and public

assistance policy. Including these bills in TF-IDF similarity analysis would intro-

duce substantial measurement error, as the vast majority of their textual content

is unrelated to abortion policy and would suppress legitimate similarity scores with

single-purpose abortion legislation. Their exclusion reflects application of the inclusion

criterion—which requires that bills have substantive provisions affecting abor-

tion access or regulation as their primary subject—rather than technical extrac-

tion failure. One Tennessee bill (SB 600, a local government funding restriction) was

mislabeled in the original download as HB-90 and has been recoded accordingly; it is

included in the corpus with a corrected identifier.
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Four states—Alaska, Georgia, Massachusetts, and New Hampshire—enacted no

abortion-related legislation meeting the study’s inclusion criteria in 2023 and are

accordingly absent from the corpus. Because textual novelty and cosine similarity are

defined only for enacted bills, these states are excluded from all similarity calcula-

tions; the inferential implications of this exclusion relative to binary diffusion designs

are discussed in Chapter 6.

3.2.2 Data Quality Assurance

Rigorous data quality procedures proved essential to this study’s validity. During pre-

liminary analysis, significant discrepancies emerged between expected and observed

novelty distributions, prompting a systematic investigation that revealed two cate-

gories of data contamination: mislabeled PDF files and undetected duplicate observa-

tions. This section documents these problems and their remediation not as method-

ological shortcomings but as evidence of validation protocols necessary for reliable

text-as-data research (Grimmer and Stewart 2013).

Problems Identified Through Validation

Problem One: Filename-Content Mismatch. Automated PDF downloads from

legislative databases occasionally produced files in which bill identifiers (state and bill

number) did not match the textual content. A file labeled California_AB1.pdf might

contain text from Oregon HB 2, leading to spurious novelty inflation when computa-

tional algorithms compare mislabeled California text to actual California legislation.

These mismatches arose from database synchronization errors, inconsistent naming

conventions across state archives, and automated download script failures that were

not immediately apparent in manual review.
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Another documented instance from the Tennessee corpus illustrates this problem: SB

600 (Public Chapter No.-168, a local government funding restriction enacted April

17, 2023) was downloaded under the filename Tennessee_HB90.pdf, reflecting the

bill’s companion number rather than the enacted Senate bill number. The mislabeling

was identified through manual comparison of filename metadata against document

headers and corrected prior to analysis.

Problem Two: Duplicate Observations. Legislative companion bills—identical

or near-identical measures introduced simultaneously in both chambers—appeared

as separate observations despite containing substantively identical text. Similarly,

multiple versions of bills (introduced, committee-substituted, enrolled) were occasion-

ally retained rather than consolidated into the final enacted text. These duplicates

artificially inflated apparent novelty by treating substantively identical measures as

independent observations.

The cumulative impact of these problems was substantial. Initial analysis yielded

a mean novelty of 0.939, with 102 bills (54%) exceeding the 0.94 threshold. This

distribution implied widespread independent innovation—a finding inconsistent with

both theoretical expectations and qualitative evidence of template circulation (Hertel-

Fernandez 2019; Jansa, Hansen, and Gray 2019). Crucially, only four high-similarity

pairs (> 50% textual overlap) were identified, suggesting minimal coordination despite

extensive anecdotal evidence of organizational template distribution.

Correction Protocols

Remediation proceeded through three systematic procedures: Manual PDF Verifi-

cation. All 192 PDF files underwent manual review comparing filename metadata to

document content. First and last pages were examined to verify the state of origin,
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bill number, and enactment year. Cross-referencing with LegiScan metadata and offi-

cial state legislative websites confirmed or corrected bill identifiers. Thirty-one files

required correction, and fifteen duplicate files were removed.

Algorithmic Duplicate Detection. A similarity threshold of 0.95 flagged potential

duplicates for manual review. Bills exceeding this threshold were examined to distin-

guish true duplicates (identical text with different bill numbers) from companion bills

serving distinct legislative functions. True duplicates were consolidated; substantively

distinct companion bills were retained as separate observations given their different

sponsors, voting coalitions, and institutional pathways.

Complete Re-Analysis. Following PDF correction and duplicate removal, the

entire computational pipeline was re-executed on the validated corpus: text re-

extraction, TF-IDF re-vectorization, similarity matrix re-computation, and novelty

score re-calculation. This wholesale re-analysis, rather than selective correction,

ensures internal consistency across all measures.

Impact of Corrections

Table 3.1 quantifies the effect of data quality remediation on substantive findings.

Because the theoretical framework concerns interstate diffusion, the corrected column

reports cross-state novelty—the distance between each bill and its closest textual

partner in a different state—rather than corpus-wide novelty, which is confounded by

within-state companion legislation (Section 3.4).

Mean cross-state novelty declined by 18 percent, falling from 0.939 to 0.769—a shift

from apparent originality to moderate cross-state borrowing. Eighteen bills (9.6 per-

cent) exceeded the 0.90 novelty threshold, indicating genuine legislative independence

from cross-state templates; the remaining 90 percent exhibited measurable textual
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Table 3.1: Impact of Data Quality Corrections on Core Measures

Metric Original Corrected Change

Mean Cross-State Novelty 0.939 0.769 −18%
High Novelty Bills (≥ 0.90) 102 (54%) 18 (9.6%) −82%
Cross-State Pairs (≥ 0.50) 4 1 −75%
Cross-State Pairs (≥ 0.30) 4 48 +1,100%
Same-State Pairs 0 14 New

overlap with legislation enacted elsewhere. At the 0.50 similarity threshold—the level

validated against the Texas HB 2-Louisiana HB 388 benchmark—only one cross-

state pair survived correction (Nevada SB 370 and Washington HB 1155, similarity

0.807). Lowering the threshold to 0.30, which captures selective provision borrowing

alongside wholesale template adoption, revealed 48 cross-state pairs, rendering the

interstate diffusion network analytically visible for the first time. Simultaneously, 14

same-state pairs with similarity exceeding 0.50 emerged—companion bills and legisla-

tive packages that reflect within-state coordination rather than interstate template

transmission.

The magnitude of these corrections necessitated re-interpretation of empirical pat-

terns, discussed in Chapter 5.

3.2.3 Explanatory Variables

The variables described in this section serve as predictors in the Stage-2 regression

models, with cross-state novelty scores (operationalized in Section 3.3.1) as the depen-

dent variable. They are organized into three categories: institutional capacity mea-

sures, advocacy network indicators, and bill-level substantive controls. Each bill in
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the corpus—referred to throughout as a “bill” during the legislative process and as

an “enacted statute” or “act” once signed into law, though the terms are treated

synonymously here—includes the following variables used in subsequent analysis:

Temporal markers include enactment date, date of introduction, and committee

referral dates where available. The median enactment date is May 4, 2023, with a

range from January 23 to December 31. The concentration of enactments in the first

half of the year reflects the legislative calendar as much as political urgency: the

majority of state legislatures hold their primary sessions between January and June,

with many adjourning by spring or early summer. Enactments after July are dispro-

portionately concentrated in states with year-round or extended session calendars—

California, Michigan, New York, and Ohio—which continued refining and supple-

menting earlier enactments through the fall.

Institutional context variables capture state-level characteristics theorized to

affect innovation capacity and coordination propensity. Legislative professionalism

is measured by the Squire Index, a revised measure of salary levels, session length,

and staff resources relative to Congressional baselines (Squire 2007; Squire 2024).

Partisan alignment derives from the National Conference of State Legislatures’ classi-

fications of unified government (single-party control of legislature and governorship)

versus divided government. These measures enable testing whether professionalized

legislatures with substantial staff capacity produce more novel legislation, or whether

institutional resources facilitate efficient template deployment.

Advocacy network variables measure organizational involvement in abortion

policy diffusion through two mechanisms. State-level advocacy spending totals cap-

ture contributions from abortion-focused political action committees—including

Planned Parenthood Action Fund affiliates, NARAL Pro-Choice America PACs, the
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Susan B. Anthony List, and National Right to Life Committee PACs—drawn from

the Stanford Database on Ideology, Money in Politics, and Elections (DIME, Release

4.0), which aggregates campaign finance records from Federal Election Commis-

sion filings and state-level disclosure sources (Bonica 2024). These totals measure

the financial footprint of abortion advocacy in each state’s political environment,

providing an indicator of organizational presence independent of legislative text.

Model-bill indicators flag enacted legislation exhibiting cosine similarity ≥ 0.50 to

known organizational template texts—specifically, Americans United for Life’s annual

Defending Life legislative guide (restrictive templates), Alliance Defending Freedom’s

model statute library (restrictive), and the Center for Reproductive Rights’ shield law

framework (protective)—operationalizing organizational influence through legislative

language rather than financial contributions alone (Hertel-Fernandez 2019; Jansa,

Hansen, and Gray 2019).

Substantive bill coding classifies each bill’s policy direction, mechanism, and

anticipated impact. Direction coding distinguishes protective legislation (expanding

access, shielding providers, allocating funding for reproductive services) from restric-

tive legislation (banning procedures, criminalizing provision, reporting requirements

without substantive access effects). Mechanism coding identifies the primary policy

instrument—procedural restrictions, funding allocations, constitutional protections,

definitional provisions, shield laws, criminalization measures, or procedural expan-

sions. Strength of impact codes anticipated magnitude of access change on a three-

point ordinal scale. These substantive codes enable analysis of whether coordination

patterns vary across policy mechanisms or access directions.
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3.3 Variables

This section defines the variables used in the Stage-2 regression models. The depen-

dent variable—cross-state novelty—measures each bill’s textual originality relative to

out-of-state legislation and is derived from the computational procedures described

in Section 3.4. The independent variables—legislative professionalism, partisan align-

ment, advocacy spending, and bill-level substantive characteristics—are introduced

here with operationalization rationale; their full distributional properties appear in

Chapter 4.

3.3.1 Textual Novelty Measurement

Novelty quantifies linguistic originality, defined formally as one minus maximum pair-

wise similarity(Wilkerson, Smith, and Stramp 2015; Linder et al. 2020):

Noveltyi = 1−max
j ̸=i

(CosineSimilarity(i, j)) (3.1)

Where cosine similarity measures the angular distance between TF-IDF vectors rep-

resenting bills i and j. Higher novelty indicates greater linguistic divergence from all

other bills in the corpus; lower novelty indicates substantial textual overlap with at

least one other bill.

A critical interpretive qualification warrants explicit acknowledgment at first opera-

tionalization: cosine similarity measures textual distinctiveness, not substantive inno-

vation. A high novelty score indicates that a bill’s language does not closely replicate

language from other bills in the corpus; it does not establish that the bill introduces

genuinely new policy mechanisms or enforcement frameworks. Conversely, low novelty

scores reliably identify template borrowing—instances in which legislative language
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was adopted from external sources with limited modification—but cannot distinguish

strategic replication (deliberate adoption of a proven template for efficiency or legit-

imacy) from institutional mimicry (copying in the absence of independent drafting

capacity). This distinction informs the interpretation of exporter, importer, and rein-

forcer classifications throughout Chapter 4.

This measure improves upon binary adoption indicators by capturing the continuum

between wholesale template adoption and independent innovation. A bill with cross-

state novelty of 0.05 exhibits 95% similarity to its closest out-of-state textual partner,

suggesting near-verbatim cross-state copying. A bill with cross-state novelty of 0.85

exhibits only 15% similarity to its closest out-of-state match, suggesting independent

drafting or substantial adaptation from any interstate source.

This measure enables identification of whether 2023 legislation follows traditional

diffusion patterns (with some states innovating while others adopt) or exhibits alter-

native coordination mechanisms.

3.3.2 Access Direction Classification

Legislative direction captures each bill’s substantive effect on abortion access. The

coding follows the morality policy tradition in which abortion policy is character-

ized by symbolic position-taking—legislators’ stated intent frequently diverges from

a bill’s actual regulatory effect (Mooney and Lee 2000; Mooney and Schuldt 2008).

Accordingly, the coding protocol assesses what each bill does—its anticipated effect

on the conditions under which abortion services can be accessed—rather than what

its sponsors claim it does. Direction is coded into three categories: protective (+1),

restrictive (−1), and neutral (0), defined below.
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Protective legislation (+1) expands abortion access through multiple mechanisms:

increasing provider eligibility, reducing procedural barriers, allocating state funding

for services, establishing shield laws protecting out-of-state patients or in-state

providers from extraterritorial prosecution, or codifying constitutional protections for

reproductive decision-making. Examples include California’s shield law (AB 1666)

and Vermont’s statutory protections (SB 37).

Restrictive legislation (−1) constrains abortion access through bans (total or par-

tial), increased criminalization of providers, elimination of public funding, mandatory

waiting periods or counseling requirements, or facility regulations designed to reduce

provider availability. Examples include Texas’s multiple enforcement mechanisms (HB

1575, SB 24) and Tennessee’s six-week ban (SB 745).

Neutral legislation (0) affects abortion regulation without substantively changing

access: administrative reporting requirements, technical corrections to existing

statutes, or appropriations bills maintaining current funding levels without expansion

or reduction. Examples include Missouri’s licensing modifications (HB 1155), absent

accompanying access restrictions.

This classification requires interpretive judgment. All 190 bills were coded by the

author through systematic review of each bill’s PDF text, using keyword identifica-

tion to locate provisions relevant to abortion access and regulation— including terms

relating to gestational limits, provider certification requirements, funding restrictions

or allocations, criminal penalties, shield protections, and healthcare access procedures.

Direction was assessed based on each bill’s substantive effect on access conditions

rather than its sponsors’ stated intent or ideological framing. To assess coding consis-

tency, a 20% sample (38 of 190 bills) was re-coded independently at a later date, blind

to the original classifications. Agreement between coding rounds was strong (Cohen’s
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κ = 0.89), indicating reliable application of the coding protocol across bill types and

policy mechanisms. Cases of disagreement between rounds were resolved by returning

to the bill text, with final classification rationale documented in the project codebook.

The distribution of bills across direction categories is reported in Chapter 4, where it

is contextualized alongside other descriptive findings.

Table 3.2: Novelty Classification Thresholds

Category Threshold Interpretation

Highly Novel ≥0.90 Near-complete linguistic indepen-
dence from all out-of-state bills; min-
imal detectable borrowing

Moderate Borrowing 0.70–0.89 Limited overlap; substantial inde-
pendent drafting or adaptation to
local context

Heavy Borrowing 0.50–0.69 Selective template use; core provi-
sions borrowed with state-specific
modifications

Very Heavy Borrowing 0.30–0.49 Substantial template adoption with
limited state-specific modification

Near-Verbatim <0.30 Near-identical replication; lan-
guage indistinguishable from direct
copying

Table 3.3: Observed Cross-State Novelty Distribution (N = 188)

Category Count Percentage Mean Novelty

Highly Novel (≥0.90) 18 9.6% 0.931
Moderate Borrowing (0.70–0.89) 125 66.5% 0.806
Heavy Borrowing (0.50–0.69) 43 22.9% 0.622
Very Heavy Borrowing (0.30–0.49) 0 0.0% —
Near-Verbatim (<0.30) 2 1.1% 0.193

Total 188 100% 0.769

No bills in the corpus exhibit cross-state novelty scores between 0.30 and 0.50,

reflecting the bimodal character of the distribution: bills cluster either above the
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0.50 coordination threshold or below 0.30, consistent with the analytical distinction

between selective provision borrowing and near-verbatim replication established in

Section 3.4.

3.3.3 State-Level Innovation Capacity

States are classified by mean novelty scores into three analytical categories:

Innovators/Exporters (top quartile, mean novelty ≥ 0.82): States producing leg-

islation textually distant from out-of-state counterparts, reflecting either deliberate

innovation by well-resourced legislatures or informational isolation from external tem-

plate infrastructure.

Mixed/Adapters (interquartile range, mean novelty 0.60–0.81): States selectively

borrowing templates while incorporating substantial state-specific provisions, drawing

on organizational templates while adapting to local contexts.

Importers/Adopters (bottom quartile, mean novelty < 0.60): States relying heavily

on external templates with limited customization, reflecting either constrained legisla-

tive capacity, strategic prioritization of legally vetted language, or active coordination

through advocacy networks. This three-category classification follows from the cross-

sectional similarity matrix and is reinterpreted in §5.7 to accommodate states whose

textual centrality (exporter function) does not track their mean novelty (exporter

status).

This classification enables systematic testing of how institutional capacity, partisan

control, and advocacy network involvement predict innovation versus adoption pat-

terns.
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This three-category classification follows from the cross-sectional similarity matrix

and is reinterpreted in Section 5.7 to accommodate states whose textual centrality

(exporter function) does not track their mean novelty (exporter status).

3.3.4 Policy Mechanism Typology

The mechanism variable captures each bill’s primary policy instrument, coded

according to the following typology developed from abortion policy scholarship (Mooney

and Lee 1995; Goodwin 2021).

A. Procedural Ban/Restriction: Gestational limits, mandatory waiting periods,

parental notification requirements, ultrasound mandates

B. Funding/Resource Allocation: Appropriations for services, Medicaid cov-

erage, prohibitions on public funding, grant programs

C. Constitutional Ballot: Citizen initiatives, legislative referrals to ballot, con-

stitutional amendments

D. Definitional/Administrative/Reporting: Gestational age calculations, per-

sonhood definitions, statistical reporting requirements

E. Shield/Protections: Interstate legal protections, provider shields, patient pri-

vacy safeguards

F. Criminalization/Liability: Criminal penalties for providers, civil liability

provisions, enforcement mechanisms

G. Procedural Expansion: Increased provider eligibility, reduced regulatory bar-

riers, streamlined access procedures
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3.4 Computational Text Analysis: Implementation

3.4.1 Text Extraction and Preprocessing

Legislative text extraction employed the pdfplumber library (version 0.10+) for

Python, selected for superior handling of multi-column legislative documents com-

pared to alternatives such as PyPDF2. Extraction protocols prioritized substantive bill

language while excluding boilerplate: enacting clauses, legislative metadata, format-

ting codes, page numbers, and headers were systematically removed through regex

pattern matching.

Preprocessing normalized text through multiple stages following established text-as-

data protocols (Grimmer and Stewart 2013):

1. Tokenization: Conversion to lowercase, word-boundary segmentation

2. Stopword removal: Elimination of common English words (articles, preposi-

tions, auxiliary verbs) plus legal boilerplate terms (“whereas,” “be it enacted,”

“section”)

3. Stemming: Reduction to linguistic roots (“providing,” “provider,” “provides”

→ “provid”) to capture semantic rather than purely lexical similarity1

4. Punctuation stripping: Removal of non-alphanumeric characters except

where semantically meaningful (e.g., “pre-viability” retained as single token)

1Porter stemming reduces tokens to morphological roots that may not present themselves

be words; "provid" is the stem common to "providing," "provider," and "provides," not a

misspelling.
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As documented in Section 3.2.1, two Iowa bills (SB 514, SB 561) were excluded on

substantive grounds, and one Tennessee bill (SB 600) was recoded following filename

correction, yielding 188 bills with valid novelty scores from a universe of 190.

3.4.2 TF-IDF Vectorization

Term Frequency-Inverse Document Frequency (TF-IDF) transforms text into numer-

ical vectors suitable for similarity calculation (Wilkerson, Smith, and Stramp 2015;

Linder et al. 2020). The measure captures term importance by weighting frequency

within a document against rarity across the corpus:

TF-IDF(t, d,D) = TF(t, d)× log

(
|D|

DF(t)

)
(3.2)

where TF(t, d) represents term t’s frequency in document d (normalized by document

length), |D| denotes corpus size (188 bills), and DF(t) counts documents containing

term t. Terms appearing in all documents receive zero weight (uninformative common

words), while terms appearing in a few documents receive high weights (distinctive

policy language).

Implementation employed scikit-learn’s TfidfVectorizer with the following

parameters:

• min_df=2: Terms appearing in fewer than two documents excluded as idiosyn-

cratic

• max_df=0.8: Terms appearing in more than 80% of documents excluded as

generic
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• ngram_range=(1, 2): Unigrams and bigrams included to capture multi-word

legal phrases (e.g., "informed consent," "fetal heartbeat," "previability abor-

tion")

The resulting TF-IDF matrix contains 188 rows (bills) and approximately 104,445

columns (unique n-grams), with each cell representing a term’s weighted importance

in a given bill. This high-dimensional representation enables precise similarity mea-

surement while controlling for document length and common legal terminology.

3.4.3 Cosine Similarity and Novelty Derivation

Cosine similarity measures the angular distance between two TF-IDF vectors, ranging

from 0 (no shared vocabulary) to 1 (identical vectors). The full formula and derivation

are provided in Appendix B; the key measurement property for interpretation is

that the metric weights term importance through TF-IDF, captures multi-word legal

phrases through n-gram inclusion, and remains robust to document length variation—

critical given that bills range from single-page resolutions to multi-section statutes.

Pairwise comparison of all 188 bills yields a 188 x 188 symmetric similarity matrix

from which two novelty measures are derived. Corpus novelty equals one minus a

bill’s maximum pairwise similarity to any other bill in the dataset, capturing overall

textual distinctiveness, including within-state companions. Cross-state novelty equals

one minus a bill’s maximum similarity to any bill enacted in a different state, isolating

interstate template transmission from within-state legislative packaging.

Cross-state novelty serves as the primary analytical measure throughout this thesis.

The theoretical framework concerns interstate policy diffusion—how legislative tem-

plates travel across state boundaries through organizational networks—and 63 percent

of bills had a same-state bill as their closest corpus-wide partner. These within-state
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matches predominantly reflect companion legislative packages rather than the inter-

state coordination the research questions address. Cross-state novelty removes this

confound by restricting the comparison set to bills from other states, directly opera-

tionalizing the mechanism that Walker (1969), Berry and Berry (1990), and Shipan

and Volden (2008) theorize. Corpus novelty is reported as a robustness measure in

Appendix B.

3.4.4 Method Validation Protocol

Computational text analysis requires empirical validation demonstrating that sim-

ilarity measures accurately detect textual overlap when applied to legislative lan-

guage. The TF-IDF implementation was validated against Texas House Bill 2 (2013)

and Louisiana House Bill 388 (2014)—legislative texts for which independent judicial

assessment established substantive equivalence. Justice Stephen Breyer characterized

the Louisiana statute as “almost word-for-word identical” to the Texas law in June

Medical Services v. Russo, 140 S. Ct. 2103, 2121 (2020), providing external verifi-

cation enabling assessment of whether computational similarity measures align with

authoritative determinations of textual correspondence.

The validation protocol serves three methodological functions. First, it confirms that

TF-IDF cosine similarity accurately detects linguistic overlap in legislative texts con-

taining substantive shared provisions, establishing that the computational approach

operates as theoretically intended when applied to policy language rather than gen-

eral text corpora. Second, it reveals measurement properties under realistic condi-

tions: bills combining template provisions with unique additional content, varying

substantially in length, and embedding shared language within different structural

frameworks. Third, it provides empirical grounding for threshold selection and sim-
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ilarity score interpretation, enabling principled distinction between comprehensive

template borrowing and selective provision adoption.

The validation employs multiple complementary similarity metrics—character-level

sequential comparison, Jaccard vocabulary overlap coefficient, TF-IDF weighted

cosine similarity—applied at both full-document and provision-specific levels. This

multi-metric approach enables assessment of TF-IDF’s measurement properties rela-

tive to alternative quantification strategies while isolating the effects of bill structure,

length disparity, and provision embedding on similarity detection. Texas HB2 and

Louisiana HB388 exhibit substantial structural variation despite substantive equiv-

alence: the Texas bill (29,352 characters) addresses multiple abortion restrictions,

including gestational limits, clinic regulations, and admitting privilege requirements,

while Louisiana HB388 (9,064 characters) focuses primarily on admitting privileges

with minimal additional content. This 3:1 length disparity tests whether TF-IDF

accurately detects coordination when template language constitutes different propor-

tions of total legislative text.

Validation results establish that full-document TF-IDF similarity produces conserva-

tive estimates when bills combine shared template provisions with unique additional

content. The measure underestimates coordination relative to provision-level char-

acter comparison, generating lower-bound similarity scores that privilege comprehen-

sive template borrowing over selective provision adoption. This conservative measure-

ment property operates in a theoretically informative direction: high-similarity scores

require extensive shared language across multiple bill sections, as isolated provision

borrowing alone generates moderate rather than high similarity values.

These validation exercises provide an empirical foundation for the 0.50 threshold

employed in high-similarity pair classification. The threshold identifies comprehen-
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sive template borrowing across multiple bill sections while potentially missing more

selective provision-level coordination—a conservative classification prioritizing pre-

cision over sensitivity. Bills scoring over 0.50 exhibit extensive linguistic overlap

unlikely to arise from independent drafting or incidental convergence on common

legal phrasing. Bills scoring 0.30-0.50 may contain substantially identical provisions

for specific mechanisms while differing in scope, structure, or additional content. Bills

scoring below 0.30 suggest substantive legislative independence or extensive state-

specific customization, though selective borrowing of narrow provisions remains pos-

sible.

Complete validation procedures—including side-by-side textual comparisons, multiple

similarity metric results, normalization protocols, and systematic assessment of metric

performance across full-document and provision-level analysis—are documented in

Appendix B. These materials enable independent verification of legislative language

while providing interpretive guidance for similarity score thresholds and coordination

detection.

3.4.5 High-Similarity Pair Identification

Bills exhibiting similarity exceeding 0.50 are classified as high-similarity pairs, indi-

cating potential coordination (Jansa, Hansen, and Gray 2019). This threshold reflects

a methodological choice balancing sensitivity and specificity rather than an estab-

lished disciplinary convention: lower thresholds generate excessive false positives from

shared legal boilerplate, while higher thresholds miss substantive borrowing with

state-specific modifications. The 0.50 threshold was validated against the Texas HB2-

Louisiana HB388 benchmark (see Section 3.4, Method Validation Protocol), where
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Justice Breyer’s characterization of the bills as "almost word-for-word identical" pro-

vides external confirmation of what high similarity should detect.

High-similarity pairs are further classified as:

• Cross-state pairs: Bills from different states exhibiting high similarity, indi-

cating horizontal diffusion or shared organizational templates

• Same-state pairs: Bills from the same state exhibiting high similarity, indi-

cating within-state bill multiplication through companion legislation or sequen-

tial enactments

This classification enables network analysis of diffusion pathways and organizational

coordination patterns. For cross-state analysis, a secondary threshold of 0.30 iden-

tifies pairs exhibiting selective provision borrowing—partial template adoption in

which states incorporate specific clauses or frameworks without reproducing entire

bills. The 0.30 threshold was calibrated against the empirical distribution: below this

value, shared similarity predominantly reflects common legal boilerplate rather than

substantive policy convergence. At the 0.30 threshold, 48 cross-state pairs emerge,

providing sufficient network density for the diffusion pathway analysis developed in

Chapter 4.

The thesis applies two distinct similarity thresholds for two distinct analytical pur-

poses. The 0.50 threshold described in this section is the formal classification boundary

for "high-similarity" coordination candidates and corresponds to the "heavy bor-

rowing" category in Table 3.2. The 0.40 threshold employed in Section 4.7 is a more

permissive surface for inspecting candidate cross-state pairs in detail; it identifies a

broader set of dyads warranting case-level scrutiny without making formal coordina-

tion claims about each. Only the Nevada SB 370 - Washington HB 1155 pair clears

123



the 0.50 formal threshold; the remaining nine pairs reported in Table 4.5 fall between

0.40 and 0.49 and represent partial rather than comprehensive template overlap.
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3.5 Empirical Strategy: Three-Stage Sequential Design

3.5.1 Stage One: Quantitative Text Analysis

The first stage establishes baseline patterns across the complete universe of 2023

abortion legislation. Computational analysis addresses four empirical questions:

Distribution of novelty: Does textual originality vary systematically across states,

or does 2023 legislation exhibit uniform borrowing patterns? Descriptive statistics

and distributional analysis test whether the data support traditional diffusion models

(predicting variation through experimentation) or alternative coordination mecha-

nisms (predicting uniformity through template deployment).

State-level patterns: Do states exhibit differential roles as exporters, adapters, or

importers? State-level aggregation of mean novelty scores enables classification of

innovation capacity and testing whether institutional characteristics predict diffusion

roles (Walker 1969; Desmarais, Harden, and Boehmke 2015).

Coordination networks: Which bill pairs exhibit high textual similarity indicative

of template circulation? High-similarity pair identification enables network analysis

of diffusion pathways, distinguishing cross-state horizontal coordination from within-

state bill multiplication.

Substantive patterns: Does novelty vary by policy direction or mechanism?

Descriptive analysis examines whether the two legislative coalitions this study

identifies—the protective coalition (states enacting legislation expanding or safe-

guarding abortion access) and the restrictive coalition (states enacting legislation

constraining abortion access)—employ different coordination strategies, as predicted

by the coalition asymmetry argument developed in Chapter 2.
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This stage generates hypotheses for subsequent testing: Do professionalized legisla-

tures produce more novel legislation (Squire 2007)? Do states with unified partisan

control adopt more templates from ideologically aligned sources? Do advocacy net-

works reduce novelty by providing ready-made language (Hertel-Fernandez 2019)?

3.5.2 Stage Two: Bill-Level OLS Regression (H1-H4, H6)

Bill-level hypotheses (H1–H4 and H6) are tested via OLS regression with cross-state

novelty as the dependent variable:

Noveltyi = β1 Squirei + β2 PartisanAligni + β3 MechanismTypei +Xiγ + εi (3.3)

where Squirei is the continuous Squire Index score for the state enacting bill i;

PartisanAligni is a binary indicator for unified government; MechanismTypei is a

set of indicators for the policy mechanism typology defined in Section 3.3.4; and Xi

includes bill-level controls for access direction and enactment timing. Standard errors

are clustered by state.

The second stage employs statistical models to test how institutional capacity and

advocacy networks predict textual patterns. Three dependent variables capture dif-

ferent dimensions of borrowing:

The dependent variable is the cross-state novelty score (continuous, 0–1) operational-

izing each bill’s linguistic originality relative to out-of-state legislation. Independent

variables operationalize theoretical mechanisms:

The institutional predictors are legislative professionalism (measured by the Squire

Index) and partisan alignment (unified versus divided government); the advocacy

predictor is state-level PAC spending from the DIME database. Each is defined below.
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Legislative professionalism (Squire Index, continuous 0–1) measures institutional

capacity for independent policy development (Squire 2007; Squire 2024). Theory sug-

gests two competing predictions: professionalized legislatures may innovate more due

to staff capacity and expertise, or may coordinate more efficiently due to stronger ties

to national networks.

Partisan alignment (binary: unified/divided) captures ideological constraint. Uni-

fied governments face fewer institutional veto points, potentially enabling rapid tem-

plate deployment without negotiation or compromise.

Advocacy involvement (continuous: state-level PAC contributions) operational-

izes organizational influence. However, preliminary analysis reveals minimal financial

connections between federal abortion PACs and state legislators, motivating investi-

gation of non-financial coordination mechanisms (Baumgartner and Jones 1993; Hall

and Deardorff 2006).

Models control for state-level characteristics: population size, urbanization, histor-

ical abortion rates, and baseline abortion restrictions pre-Dobbs. Standard errors are

clustered by state to account for within-state correlation across multiple bills.

Stages 2 and 3 together test the observable implications of coordination theories while

acknowledging the inferential limitations of observational data: correlation between

advocacy network indicators and textual similarity does not establish the causal

mechanisms through which coordination occurs. Identifying those mechanisms—the

specific organizational pathways, communication networks, and template distribu-

tion channels that produce observed textual patterns—would require process-tracing

methods including elite interviews and comparative case analysis, discussed as future

research in Chapter 6. The present study supplements regression analysis with doc-
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umentary evidence from legislative records, organizational publications, and media

reporting to provide contextual grounding for interpreting statistical patterns in Sec-

tion 3.6.

3.5.3 Stage Three: Dyadic Regression (H5)

MaxSimij = β0 + β1 |∆Squire|ij + β2 Contiguousij + β3 ln(BillCountProduct)ij

+ β4 BothProtectiveij + β5 BothRestrictiveij

+ β6 PAC_Jaccardij + εij

(3.4)

where i and j denote state dyads; |∆Squire|ij is the absolute difference in Squire

Index scores (institutional capacity asymmetry); Contiguousij is a binary adjacency

indicator; ln(BillCountProduct)ij controls for the mechanical relationship between

legislative volume and the probability of a high-similarity match; BothProtectiveij

and BothRestrictiveij identify dyads in which both states’ enacted legislation leans in

the same access direction (reference: mixed or neutral dyads); and PAC_Jaccardij is

the Jaccard similarity of the sets of abortion-related PAC donor organizations active in

each state’s 2022 legislative cycle, measured from the DIME database. Inference uses

Bell–McCaffrey CR2 cluster-robust standard errors with Satterthwaite-approximated

degrees of freedom, implemented via estimatr::lm_robust.

Institutional capacity theory (Squire 2007; Jansa, Hansen, and Gray 2019) predicts

β1 < 0: dyads with greater capacity asymmetry should exhibit higher similarity, as

lower-capacity states borrow from higher-capacity partners. Regional diffusion theory

(Walker 1969) predicts β2 > 0: contiguous dyads should exhibit higher similarity.

Legislative subsidy theory (Hall and Deardorff 2006; Hertel-Fernandez 2019) predicts
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β6 > 0 independently of coalition indicators, indicating that advocacy network co-

presence shapes textual similarity conditional on institutional capacity and coalition

alignment. A finding in which β6 remains statistically and substantively significant

after controlling for coalition direction would provide the most direct evidence against

a purely institutional or purely coalitional account of post-Dobbs diffusion. H6, which

concerns whether the advocacy effect operates through informational rather than

financial channels, is tested at the bill level in Stage 2 (§4.6) and is assessed against

the dyadic results in Stage 3 (§4.9.3).
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3.6 Limitations and Scope Conditions

Four limitations circumscribe this study’s inferential scope; each is addressed in full

in Chapter 6.

Temporal scope – The dataset captures calendar year 2023 exclusively, precluding

assessment of whether observed coordination patterns represent transient crisis

response or durable institutional arrangements. Three longitudinal trajectories—

persistence, evolution, and dissolution—generate testable predictions for extension

to 2024–2026 legislation.

Textual versus strategic coordination – Cosine similarity measures linguistic

overlap but cannot distinguish direct coordination, common organizational sourcing,

and parallel convergence as generative mechanisms. Documentary evidence provides

partial leverage; definitive mechanism identification requires the process-tracing

methods discussed as future research in Chapter 6.

Measurement validity – TF-IDF captures lexical rather than semantic equiva-

lence, potentially missing coordination achieved through synonymous terminology or

restructured phrasing. Manual review of high-similarity pairs and convergent validity

tests against substantive coding partially address this constraint.

Causal inference – The observational design enables the identification of corre-

lations but cannot establish causal mechanisms linking institutional characteristics,

advocacy involvement, and textual coordination. State-clustered standard errors and

extensive controls address confounding, but residual endogeneity concerns persist.

Definitive causal identification would require process tracing or quasi-experimental

variation, beyond this study’s scope.
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3.7 Replication Materials

Complete data provenance, software specifications, code repository structure, code-

book documentation, and analytical reproducibility standards are provided in

Appendix B.
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Chapter 4

Findings

4.1 Overview of Quantitative Results

This chapter presents the empirical results of the computational text analysis and

organizes them around a single animating question: through what channels, and with

what coalitional signatures, did abortion policy diffuse across the states in the first

full legislative year after Dobbs? The chapter answers this question in four analytical

movements. Sections 4.2 through 4.5 establish the descriptive terrain, characterizing

the shape of the novelty distribution, its geographic and ideological structure, its

variation across legislative mechanisms, and the coalition asymmetry that becomes

central to everything that follows. Section 4.6 then tests whether the descriptive

patterns survive multivariate adjustment, using a bill-level regression framework to

isolate the institutional, partisan, and coalitional predictors of textual originality.

Section 4.7 moves from aggregate patterns to concrete cases, identifying the specific

cross-state bill pairs whose textual overlap is substantial enough to serve as candi-

date instances of coordination. Sections 4.8 and 4.9 take up the mechanism question

directly: if states are coordinating, through what channels does that coordination

operate? Section 4.8 documents the absence of financial ties between coordinated

legislators, and Section 4.9 develops the organizational-network interpretation and

reports the dyadic regression that tests it at the state-pair level. The central empirical

finding is that post-Dobbs policymaking was not a product of isolated state innova-
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tion but of patterned diffusion across partisan and institutional lines. The direction of

that diffusion, however, runs counter to conventional expectations: protective coali-

tions exhibited greater textual convergence than restrictive coalitions in 2023, and

advocacy coordination operated through informational and organizational channels

rather than financial ones.

133



4.2 Descriptive Patterns: The Distribution of Novelty Scores

The corrected dataset of 188 bills exhibits the following distribution: 88 restrictive

bills (46.8%), 73 protective bills (38.8%), and 27 neutral bills (14.4%).1 This com-

paratively balanced division between restrictive and protective legislation reflects the

constitutional vacuum’s dual imperatives: states previously constrained by Roe now

free to ban abortion, and states previously assuming federal protection now compelled

to codify access rights. Using text-as-data methods, I calculated the degree of tex-

tual originality, or cross-state novelty, for each enacted bill, defined as one minus its

highest cosine similarity to any bill enacted in a different state:

Noveltyi = 1− max
j∈J−s(i)

CosSim(i, j) (4.1)

where J−s(i) denotes the set of all bills enacted in states other than the state of bill i.

A higher novelty score indicates greater linguistic originality relative to out-of-state

legislation, while lower scores reflect borrowing or replication with external models.

Cross-state novelty was selected over corpus-wide novelty because 63 percent of bills

had their closest textual partner within the same state—companion legislation or

related bills within the same session—and the theoretical framework developed in

Chapter 2 concerns interstate diffusion specifically.

1Throughout this thesis, protective denotes legislation that preserves or expands access to

abortion care, and restrictive denotes legislation that narrows or prohibits such access. The

terminology is adopted for analytical neutrality and corresponds to the access-direction

coding described in Chapter 3; it should not be read as carrying evaluative weight in either

direction.
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Cosine similarity is computed over TF-IDF vectors:

CosSim(i, j) =
vi · vj

∥vi∥∥vj∥
(4.2)

This operationalization of legislative text similarity follows Wilkerson, Smith, and

Stramp (2015) and Linder et al. (2020), whose work establishes TF-IDF cosine simi-

larity as a standard computational approach for detecting legislative text reuse across

jurisdictions. The TF-IDF vectorization and cosine similarity formulations in Equa-

tion 4.2 derive from the foundational information retrieval literature (Salton and

McGill 1987; Jurafsky and Martin 2026).

where vi and vj are TF-IDF weighted term vectors for bills i and j across a vocabulary

of 104,445 unique n-grams (unigrams and bigrams), producing a 188× 188 similarity

matrix.

Across the full dataset of 188 bills, the mean cross-state novelty score was 0.769 (SD =

0.122), with a corresponding mean similarity of 0.231. As shown in Figure 4.1, the

distribution of novelty scores is concentrated in the 0.70–0.90 range, with 66.5 percent

of bills falling in this interval and an interquartile range of 0.70 to 0.86. The tight

central concentration confirms that diffusion in 2023 largely occurred through what

Karch (2007) characterizes as customization—the modification of imported policy

frameworks to fit local political and institutional contexts—rather than wholesale

replication or independent policy invention.

Substantively, this concentration means that the first legislative year after Dobbs

was neither a period of wholesale template copying nor a period of blank-page

drafting. Most states worked from identifiable external frameworks and modified

them to accommodate local constitutional, procedural, and political conditions. The

moderate-borrowing baseline is the empirical signature of legislatures operating with
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reference to shared organizational infrastructure rather than in isolation from it, and

it is against this baseline that the coalition-level asymmetries developed in Sections

4.5 and 4.6 acquire their theoretical significance.
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Figure 4.1: Distribution of cross-state novelty scores for 188 abortion-related bills
enacted across 46 states in 2023. The dashed vertical line indicates the mean novelty
score (0.769). The distribution is concentrated between 0.70 and 0.90, with outliers
at the low end driven by shield law template adoption. The kernel density estimate
(solid curve) highlights the concentration of moderate-novelty bills characteristic of
customized policy adoption.

Notable outliers anchor each extreme. At the high end, Michigan SB 2 (novelty

= 0.97), Michigan HB 4006 (= 0.96), and Maine HB 1343 (= 0.96) enacted legislation

with no close textual counterpart in any other state, indicating either truly original

statutory frameworks or administrative bills with unique procedural language. That

Michigan produced three of the five highest-novelty bills in the corpus reflects the
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state’s high legislative professionalism (Squire = 0.657) combined with its distinc-

tive post-2022 political context—the state’s first unified Democratic government in

decades. At the opposite extreme, Nevada SB 370 and Washington HB 1155 formed a

reciprocal pair at novelty = 0.19 (cosine similarity = 0.807), the strongest evidence of

cross-state template coordination in the dataset. Below these, Colorado SB 188 and

Vermont SB 37 (both novelty = 0.51) and Missouri HB 1155 (= 0.53) represent cases

of substantial cross-state borrowing.
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4.3 Geographic and Ideological Clustering

Figure 4.2 displays average novelty by state. The figure establishes substantial het-

erogeneity in state-level textual originality and anticipates two patterns developed

more fully below: first, that neighboring states frequently occupy opposite ends of

the novelty distribution, and second, that the states with the lowest novelty scores

are ideologically clustered rather than regionally clustered. The direct test of whether

geographic proximity predicts textual similarity is reserved for the dyadic analysis

in Section 4.9, which models contiguity explicitly and finds it null (β = +0.003,

p = 0.734). Figure 4.2 itself motivates rather than establishes the departure from

traditional geographic-proximity models of diffusion (Walker 1969).

High-novelty states (mean novelty ≥ 0.82) include Michigan (0.86, N = 16), Maine

(0.85, N = 7), Tennessee (0.87, N = 4), Texas (0.83, N = 7), and Wyoming (0.82,

N = 2). States with higher means but only one or two enacted bills (South Dakota,

Indiana, Ohio, Kentucky, Delaware) are set aside because their bill counts are insuf-

ficient to sustain a state-level characterization. These states encompass both low-

professionalism legislatures operating with limited staff capacity (Wyoming, Squire

= 0.071; Maine, Squire = 0.133) and high-capacity legislatures producing original

frameworks (Michigan, Squire = 0.657; Texas, Squire = 0.141). The heterogeneity

within the high-novelty category suggests that textual originality reflects multiple

causal pathways: independent drafting due to limited access to external templates

and deliberate innovation by well-resourced legislatures.

Low-novelty states (mean novelty < 0.60) include Nevada (0.51, N = 3, Squire =

0.169), Vermont (0.51, N = 1, Squire = 0.301), Wisconsin (0.56, N = 1), Pennsylvania

(0.58, N = 1), and New Mexico (0.59, N = 2). These states function as importers in
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Mean = 0.769
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Figure 4.2: Mean cross-state novelty by state, sorted from lowest to highest. Color
indicates empirical quartile classification (not the §3.3.3 threshold typology): blue
denotes the bottom quartile (Importers/Adopters), gray the middle two quartiles
(Mixed/Adapters), and green the top quartile (Innovators/Exporters). Dashed line
marks the overall corpus mean (0.769). States with fewer than three enacted bills
(South Dakota, Indiana, Ohio, Kentucky, Delaware) are shown for completeness
but excluded from state-level interpretive claims (§4.3). The heterogeneity within
quartiles—encompassing both high- and low-professionalism states—suggests that
textual originality reflects multiple causal pathways.
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the diffusion network, heavily borrowing from external templates. Nevada and Ver-

mont, both protective-leaning states, drew substantially from shield law and repro-

ductive rights templates circulating through protective coalition networks. Wisconsin,

also protective-leaning, enacted legislation closely resembling Missouri’s definitional

framework—an instance of cross-coalition borrowing discussed further in Section 4.7.

Critically, the observed diffusion linkages do not follow geographic contiguity.

Nevada’s shield law (SB 370) exhibited its highest cross-state similarity with Wash-

ington’s HB 1155, while Nevada’s constitutional resolution (SJR 7) was closest to

Louisiana’s HB 1—states separated by considerable geographic distance but linked

through policy coalition networks. California’s funding bills were closest to New

York’s; Missouri’s definitional legislation was closest to Virginia’s. These ideological

rather than geographic linkages are consistent with the advocacy network mechanism

developed in Chapter 2 and inconsistent with the regional diffusion model (Walker

1969).

To make the departure from geographic-proximity models visually explicit, Figure 4.3

plots the distribution of maximum cross-state cosine similarity for contiguous and

non-contiguous state dyads. The two distributions are substantively indistinguishable,

and the dyadic regression in Section 4.9 confirms that geographic contiguity does not

predict textual similarity once coalitional and organizational network membership

are controlled. Policy-coalition linkages, not shared borders, structure the observable

pattern of textual convergence — a pattern to which the remainder of this chapter

repeatedly returns.
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beta = +0.003,  p = 0.734

(Model D3, CR2 SEs)
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Figure 4.3: Mean maximum cross-state cosine similarity for non-contiguous (N =
940) and contiguous (N = 95) state dyads. Diamonds indicate group means; bars
represent ±1 standard error of the group mean. The two groups exhibit indistin-
guishable similarity, and the contiguity coefficient in the dyadic regression (Model
D3, Section 4.9) is statistically null (β = +0.003, p = 0.734). The figure previews the
central finding that geographic proximity is not the operative channel of post-Dobbs
policy diffusion.
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4.4 Legislative Mechanism and Novelty Variation

Bills were coded into seven legislative mechanism categories (A through G) based

on their primary regulatory approach. Table 4.1 presents average novelty scores by

mechanism, revealing substantial variation that informs the regression analysis.

Table 4.1: Mean Cross-State Novelty by Legislative Mechanism

Mechanism n Mean Novelty Interpretation

A: Procedural
Ban/Restriction

26 0.738 Low—template-based

B: Funding/Resource
Allocation

46 0.758 Moderate

C: Constitutional Ballot 19 0.795 Moderate–high—state-
specific

D:
Definitional/Administrative

32 0.794 Moderate–high

E: Shield/Protections 38 0.745 Low—template-heavy
F: Criminalization/Liability 21 0.796 Moderate–high—state-

specific
G: Procedural Expansion 6 0.842 Highest—novel

frameworks

Note: Cross-state novelty means computed from 188 enacted bills across 46 states. Bill
counts reflect primary mechanism coding; bills with dual-mechanism classifications
are assigned to their primary category. Mechanism letters (A–G) are coding labels
introduced in Chapter 3 and do not imply ordinal ranking along a restrictive-to-
expansive continuum. Mechanisms A and F are typically restrictive; Mechanisms E
and G are typically protective; Mechanisms B, C, and D appear in both coalitions.
Mechanism letters (A–G) are coding labels introduced in Chapter 3 and do not imply
ordinal ranking along a restrictive-to-expansive continuum. Mechanisms A and F are
typically restrictive; Mechanisms E and G are typically protective; Mechanisms B, C,
and D appear in both coalitions.

Procedural expansion legislation (Mechanism G, mean = 0.84) exhibited the highest

novelty. This category comprises bills that broaden abortion access not by codifying

new statutory rights but by restructuring the administrative and professional infras-

tructure through which care is delivered: scope-of-practice reforms that authorize
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advanced practice clinicians to provide abortion services, telehealth authorization

for medication abortion, licensure and credentialing adjustments, and administrative

streamlining of reporting or facility requirements. The high novelty of Mechanism G

bills reflects the absence of pre-existing templates for this relatively novel regula-

tory approach, which emerged as a distinct protective strategy only in the years

immediately preceding Dobbs. At the other end, procedural ban/restriction legisla-

tion (Mechanism A, mean = 0.74) and shield/protection legislation (Mechanism E,

mean = 0.75) were the most templated categories. The low novelty of shield laws is

consistent with the cross-sectional circulation of standardized protective frameworks

through multi-state coalitions, while the low novelty of procedural restrictions reflects

the cumulative model-bill infrastructure developed by restrictive advocacy organiza-

tions such as Americans United for Life. In both cases, the 2023 textual signature

indicates a shared template environment rather than independent legislative drafting;

the current cross-sectional design cannot adjudicate the temporal sequence through

which these templates moved.

Constitutional ballot measures (Mechanism C, mean = 0.80), criminalization bills

(Mechanism F, mean = 0.80), and Mechanism D bills—encompassing definitional,

administrative, and reporting provisions (mean = 0.79)—occupied an intermediate

position. Constitutional amendments require state-specific language tailored to each

state’s constitutional framework and amendment procedures, producing more original

texts even when the policy intent converges.
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4.5 Coalition Asymmetry: Restrictive versus Protective Patterns

Bills were classified by access direction as restrictive (−1), neutral (0), or protective

(+1) based on their impact on abortion access. Figure 4.4 and Table 4.2 present

descriptive statistics by coalition, revealing a pattern that becomes central to the

regression analysis.

The protective coalition mean Squire score (0.503) substantially exceeds the restrictive

coalition mean (0.275), reflecting the geographic concentration of protective legislation

in higher-capacity states. This institutional confound is addressed directly in the

Stage Two regression (Section 4.6), where the partisan-control variable absorbs much

of the variance otherwise attributable to professionalism, and is part of why the

professionalism coefficient strengthens in magnitude when government control enters

Model 3.

Table 4.2: Descriptive Statistics by Coalition Alignment

Measure Restrictive Protective Neutral

N (bills) 88 73 27
Mean novelty 0.765 0.754 0.826
Median novelty 0.773 0.780 0.850
Std. deviation 0.099 0.151 0.086
Mean professionalism 0.275 0.503 0.332

Note: Computed from 188 bills in the corrected cross-state
corpus. Professionalism aggregated at the bill level (mean
of the Squire Index across all bills within each coalition).
Reference category for H3 regression tests in Neutral. The
protective-restrictive Squire asymmetry visible in this table is
discussed in the body text immediately preceding Figure 4.4.

Protective coalition bills exhibited lower mean novelty (0.754) than restrictive coali-

tion bills (0.765), with greater dispersion (SD = 0.151 versus 0.099). The larger
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Delta = −0.011  (H3: p = 0.022)
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Figure 4.4: Distribution of cross-state novelty scores by coalition alignment (violin
plots with individual bill observations). Horizontal bars indicate group means. Protec-
tive bills exhibit a lower mean novelty (µ = 0.754) and a heavier left tail compared to
restrictive bills (µ = 0.765). The bracket annotation reports both the raw descriptive
difference in means (∆ = −0.011) and the Model 3 adjusted Protective-vs-Neutral
coefficient (β = −0.076, p = 0.022). These reference different pairwise comparisons
and should not be read as corresponding to one another. The heavy left tail of pro-
tective legislation reflects template-based shield law deployment, while the compact
distribution of neutral bills reflects the administrative character of that category.
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standard deviation among protective bills reflects the presence of both heavily tem-

plated shield laws (the left tail visible in Figure 4.4) and highly original procedural

expansion legislation. This finding runs counter to conventional expectations. The

standard narrative in post-Dobbs commentary emphasizes the role of organizations

like AUL and Susan B. Anthony Pro-Life America in distributing model restrictive

legislation, which would predict lower novelty among restrictive bills. Instead, the

data reveal that protective coalitions engaged in more aggressive template sharing in

2023.

This coalition asymmetry is interpretable through the constitutional vacuum diffusion

framework developed in Chapter 2. Prior to Dobbs, restrictive states had decades to

develop and refine their policy toolkits through incremental legislation under Roe’s

constraints. Post-Dobbs, these states were experimenting with newly available regula-

tory space, producing more textually diverse legislation. Protective states, by contrast,

faced an urgent and unprecedented need to codify access protections rapidly, driving

coordinated deployment of standardized shield law and access protection frameworks.

The diffusion asymmetry is consistent with the interpretation that the Dobbs shock

created different strategic imperatives for each coalition—an interpretation developed

at length in Chapter 5 and qualified against rival mechanisms in Section 6.2.1.
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4.6 Stage Two Regression Analysis: Predicting Bill-Level Novelty

This section reports the results of OLS regression models testing five of the six

hypotheses developed in Chapter 2 (H1–H4, H6). H5 (advocacy network dyadic ties),

tested through a separate dyadic regression on 1,035 state pairs, is reported in Sec-

tion 4.9. The dependent variable across all models is the cross-state novelty score for

each bill:

Noveltyi = β0+β1Squires+β2Directioni+β3Mechanismi+β4Advocacys+β5GovControls+εi

(4.3)

where subscript i indexes bills and s indexes states. Observations are clustered by state

(46 state clusters in Model 1; 37 in Models 2-3, which restrict bills from states with

non-missing 2022 DIME advocacy data; N = 175–188 depending on specification).

Standard errors are clustered at the state level throughout.

4.6.1 Model Specification

Three nested models test progressively richer specifications:

Model 1 (Baseline) includes legislative professionalism (Squire Index, continuous),

bill access direction (restrictive, protective, or neutral, with neutral as reference), and

legislative mechanism (categories A–G, with A as reference). This tests H1, H3, and

H4.

Model 2 (Advocacy) adds the natural log of state-level advocacy spending from

2022 DIME data, ln(AdvocacySpendings + 1), testing H6.
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Model 3 (Full) adds government control (unified Democratic, unified Republican,

or divided, with divided as reference), testing H2. This is the preferred specification.

Because legislative mechanism and access direction are conceptually related—

criminalization bills (Mechanism F) are definitionally restrictive, and procedural

expansion bills (Mechanism G) are definitionally protective—the potential for

collinearity between these two sets of predictors warrants attention. Variance inflation

factors for Model 3 remain within conventionally acceptable bounds (see Appendix

Table C.1), but to verify that the coalition asymmetry documented below is not an

artifact of the joint inclusion of direction and mechanism, I estimate two supplemen-

tary specifications. Model 3a retains the direction indicators and drops mechanism

fixed effects; Model 3b retains mechanism fixed effects and drops the direction indica-

tors. The results corroborate the Model 3 estimates across all substantively important

predictors. In Model 3a, the Protective coefficient remains significant and nearly iden-

tical in magnitude β = −0.073, p = 0.033, while the Restrictive coefficient remains

non-significant β = −0.037, p = 0.105. In Model 3b, the Procedural Expansion coef-

ficient remains significant β = +0.087, p = 0.040, attenuated relative to Model 3’s

estimate of +0.125 but reaching conventional significance under the more conserva-

tive small-sample correction. The professionalism coefficient remains negative and

directionally stable across both specifications β = −0.159, p = 0.098 in Model 3a;

β = −0.158, p = 0.075 in Model 3b), though the associated p-values loosen modestly

when either set of controls is removed—indicating that direction and mechanism are

jointly doing analytic work in sharpening the professionalism estimate. The unified

Democratic coefficient remains significant in Model 3a (p = 0.044) and marginal in

Model 3b (p = 0.060), and the advocacy-spending null holds in both specifications.

Full coefficient matrices for Models 3a and 3b are reported in Appendix Table C.2.
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The coalition asymmetry central to this chapter’s findings is therefore robust to the

alternative specification strategy, and the results reported below should not be read

as artifacts of multicollinearity between direction and mechanism.

4.6.2 Results

Figure 4.5 visualizes the coefficient estimates and 95% confidence intervals from the

preferred specification (Model 3), and Table 4.3 reports the full coefficient matrix for

all three nested models.

Standard errors are Bell–McCaffrey CR2 cluster-robust with Satterthwaite-approximated

degrees of freedom (Pustejovsky and Tipton 2018), clustered at the state level and

implemented via estimatr::lm_robust; this is the appropriate small-sample correc-

tion for cluster counts under fifty.

The hypothesis-by-hypothesis interpretation that follows turns on Model 3’s coeffi-

cient estimates. The reported R2 values—0.076, 0.069, and 0.150 for Models 1 through

3, respectively (Table 4.3)—are modest by cross-sectional standards but consistent

with diffusion specifications in which the unit of analysis (the bill) operates at a

finer grain than the predictors (state-level institutional and partisan characteristics).

Shipan and Volden (2008) report comparable explained variance in city-level adoption

models for analogous reasons.

4.6.3 Hypothesis Tests: Interpretation

H1: Legislative Professionalism (Unexpected Sign; Marginal)

The hypothesis predicted that states with higher legislative professionalism would

produce more original legislation. The coefficient runs counter to this theoretical pre-

diction: in the full model, a one-unit increase in the Squire Index is associated with
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Unified Republican (ref: Divided)

Unified Democratic (ref: Divided)

ln(Advocacy Spending)

Mech: Proc. Expansion

Mech: Criminalization
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Mech: Constitutional
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Direction: Restrictive (ref: Neutral)
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Significant (p < 0.05) Marginal (p < 0.10) Not significant (p >= 0.10)

Figure 4.5: Coefficient estimates and 95% confidence intervals from Model 3 (Full
specification). Filled diamonds indicate coefficients significant at p < 0.05; open circles
indicate non-significant estimates. Colors distinguish variable categories: institutional
(purple), advocacy (gray), direction (brown), mechanism (green), and government
control (blue). The zero-line separates effects associated with increased novelty (right)
from those associated with decreased novelty (left, i.e., greater borrowing).
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Table 4.3: OLS Regression Results: Predicting Cross-State Bill Novelty

Model 1 Model 2 Model 3
Baseline Advocacy Full

Intercept 0.802∗∗∗ 0.797∗∗∗ 0.732∗∗∗

(0.040) (0.045) (0.060)

Professionalism (Squire) −0.058 −0.042 −0.155†

(0.072) (0.084) (0.062)

Direction: Protective −0.060† −0.062† −0.076∗

(0.031) (0.034) (0.030)

Direction: Restrictive −0.047† −0.046† −0.017
(0.023) (0.022) (0.024)

Mech B: Funding 0.022 0.026 0.035
(0.023) (0.022) (0.023)

Mech C: Constitutional 0.054 0.046 0.063†

(0.039) (0.040) (0.034)

Mech D: Definitional 0.047 0.035 0.046
(0.029) (0.029) (0.032)

Mech E: Shield 0.031 0.040 0.043
(0.035) (0.034) (0.035)

Mech F: Criminalization 0.046 0.036 0.037
(0.030) (0.030) (0.029)

Mech G: Proc. Expansion 0.127∗∗ 0.123∗ 0.125∗

(0.034) (0.035) (0.037)

ln(Advocacy Spending) 0.002 0.002
(0.002) (0.002)

Unified Democratic 0.145∗

(0.061)

Unified Republican 0.071
(0.039)

R2 0.076 0.069 0.150
Adj. R2 0.030 0.012 0.087
F -statistic 7.69 6.13 8.43∗∗∗

N 188 175 175
State clusters 46 37 37

Note: Reference categories: Direction = Neutral; Mechanism = A (Procedural
Ban/Restriction); Government = Divided. Model 1 tests H1, H3, and H4; Model 2
adds H6; Model 3 adds H2. Models 2 and 3 restrict the sample to the 175 bills from
states with non-missing 2022 DIME advocacy data. All raw VIFs < 5 (max = 4.64);
all

√
VIF < 2.2; max Cook’s D = 0.16.

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05; †p < 0.10.
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a 0.155-point decrease in cross-state novelty (β = −0.155, p = 0.069), marginally

significant under the Bell-McCaffrey CR2 small-sample correction (Pustejovsky and

Tipton 2018), which produces conservative inference for cluster counts under fifty.

Because the coefficient reaches conventional significance only in Model 3 and is non-

significant in the baseline and advocacy specifications, this finding should be inter-

preted as suggestive rather than conclusive. The consistent direction of the estimate

across specifications nonetheless warrants theoretical engagement, which Chapter 5

develops as a reinterpretation of the relationship between institutional capacity and

template adoption. The coefficient is negative across all three specifications, though

its magnitude increases substantially when government control enters in Model 3—

from β = −0.058 in the baseline to β = −0.155 in the full model—suggesting that

the professionalism effect is partially masked by the correlation between legislative

capacity and partisan alignment. Once the partisan structure is held constant, the

independent relationship between professionalism and template adoption becomes

visible. The direction of this finding is interpretable through Jansa, Hansen, and

Gray (2019)’s analysis of model-bill adoption and Shipan and Volden (2008)’s finding

that legislative professionalism moderates diffusion mechanisms: professional legisla-

tures possess the staff resources and research infrastructure to identify, evaluate, and

strategically adopt external models, whereas less-professionalized legislatures draft

more independently—not because they innovate more, but because they lack system-

atic access to the templates circulating through interstate networks. As Figure 4.6

illustrates, this relationship is visible in the negative slope of the professionalism–

novelty scatterplot, with high-capacity states like California and New York clustering

below the regression line while low-capacity states like Wyoming and Maine cluster

above it.
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Delta = −0.011  (H3: p = 0.022)
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Figure 4.6: Relationship between legislative professionalism (Squire Index) and mean
cross-state novelty by state. Point size proportional to bill count. Dashed line indicates
the linear fit (β = −0.155, p = 0.069). High-professionalism states (California, New
York, Michigan) tend to produce lower-novelty bills, consistent with capacity-for-
adoption rather than capacity-for-innovation. States labeled are those with N ≥ 4
enacted bills, with Wyoming and Nevada additionally labeled as bottom-quartile and
exemplar low-similarity cases for cross-reference with §4.3.
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H2: Unified Government (PARTIALLY SUPPORTED)

Government control enters only in Model 3, where unified Democratic governments

produce significantly more novel legislation than divided governments (β = +0.145,

p = 0.037). Unified Republican governments show a positive but non-significant effect

under CR2 corrections (β = +0.071, p = 0.106). The asymmetry is substantively

interpretable: Democratic trifectas in 2023 were more likely to be legislating in gen-

uinely new policy space—codifying protections that had never required statutory

form under Roe—whereas Republican trifectas were more likely to be refining existing

restrictive frameworks whose statutory architecture had been developed incrementally

over the preceding decades. Divided governments exhibit the lowest novelty scores,

consistent with the interpretation that legislative gridlock incentivizes template adop-

tion: when parties must negotiate across the aisle, pre-existing frameworks may serve

as coordination devices that reduce the bargaining costs associated with divided law-

making (cf. Krehbiel 1998).

H3: Bill Direction (Opposite Sign; Significant)

The hypothesis predicted that restrictive bills would exhibit lower novelty due to

template distribution by organizations like AUL and Susan B. Anthony Pro-Life

America. The finding runs opposite to the predicted direction: protective bills are

significantly less novel than neutral bills (β = −0.076, p = 0.022), while restrictive

bills show no significant difference from the neutral baseline (β = −0.017, p = 0.482).

This reversal carries substantial theoretical implications, developed in Chapter 5. It

indicates that in the first full legislative year after Dobbs, protective coalitions—not

restrictive ones—were the primary deployers of standardized legislative templates.

Shield law frameworks, access codification statutes, and provider protection language
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circulated rapidly through protective coalition networks, producing the convergent

textual signatures that the hypothesis predicted for the restrictive side. Restrictive

states, by contrast, were operating in genuinely novel regulatory space: having con-

solidated their core toolkit through decades of incremental legislation under Roe’s

constraints—gestational limits, waiting periods, provider regulations—they now faced

a policy frontier with no established template infrastructure. Total bans, trigger law

activations, and enforcement mechanisms required state-specific statutory construc-

tion for which no model had yet been stress-tested in litigation.

The result is what I term reactive template mobilization: a rapid, coalition-coordinated

deployment of standardized protective frameworks in direct response to the sudden

expansion of the restrictive policy frontier. This mechanism is theoretically dis-

tinct from both classic learning-based diffusion and crisis diffusion as conventionally

defined. It does not reflect states learning from early adopters’ policy outcomes;

protective states did not wait to observe whether California’s shield law was effective

before replicating its language. Nor does it reflect crisis-driven reactive adoption

in the conventional sense of emergency legislation under time pressure. Rather, it

reflects the organizational deployment of pre-positioned templates at the moment the

constitutional vacuum opened—a diffusion dynamic enabled by the organizational

infrastructure reviewed in Chapter 2 and evidenced in the documentary record exam-

ined in Section 4.9. The theoretical implications of this reversal for the constitutional

vacuum diffusion framework are developed fully in Chapter 5.

H4: Procedural Expansion Mechanism (PARTIALLY SUPPORTED)

The hypothesis predicted that procedural expansion bills (Mechanism G) would

exhibit higher novelty than categorical bans or protections, reflecting the absence
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of pre-existing templates for this relatively novel regulatory approach. The coef-

ficient confirms this prediction: procedural expansion bills register β = +0.125

(p = 0.014) above the Mechanism A baseline. The effect is robust across all three

specifications (Models 1–3) and survives the supplementary specifications reported

in Appendix C.2. The novelty premium reflects that scope-of-practice reforms, tele-

health authorizations, and clinician credentialing adjustments emerged as a distinct

protective strategy only in the years immediately preceding Dobbs, leaving little

template infrastructure available for cross-state borrowing.

H5: Advocacy Network Dyadic Ties

H5 requires a dyadic specification distinct from the bill-level model presented here

and is reported separately in Section 4.9. The bill-level analysis continues with H6

below.

H6: Advocacy Spending (NULL)

State-level advocacy spending, measured as ln(state advocacy spending + 1) from

2022 DIME data, does not predict bill novelty (β = +0.002, p = 0.270). The addition

of the advocacy term in Model 2 produces a slight decline in explained variance

relative to the baseline (R2 = 0.069 versus 0.076), a pattern attributable to the listwise

deletion of thirteen bills from states with missing 2022 DIME contribution data (N =

175 versus 188). The null finding should therefore be interpreted as a coefficient result

rather than as a loss of explanatory power: advocacy spending contributes nothing

to the model on the restricted sample, and the restriction itself modestly reduces the

variance the baseline controls can explain. This null finding is consistent across all

specifications and robust to alternative functional forms.
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It does not indicate that advocacy organizations are irrelevant to legislative diffu-

sion; rather, it indicates that financial mechanisms—PAC contributions—are not the

channel through which coordination operates. The PAC paradox, detailed in Section

4.8, provides further evidence for this interpretation. This finding is consistent with

Hall and Deardorff (2006)’s reconceptualization of interest group influence as informa-

tional subsidy rather than financial exchange: organizations affect policy by reducing

the cost of legislative action, not by purchasing it.

4.6.4 Summary of Hypothesis Tests

Table 4.4 summarizes the results for H1 through H4 and H6; Figure 4.7 presented

in Section 4.9.3 once the dyadic specification has been introduced, supplies a unified

visual summary across all six hypotheses, including the dyadic H5 estimate developed

below.
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Table 4.4: Summary of Hypothesis Tests

Independent Variable Observed β̂ Result Interpretation

H1 Professionalism (Squire) −0.155† Rejected;

opposite-sign,

marginal

Capacity enables

adoption

H2
Unified Democratic govt +0.145∗∗ Supported

Asymmetric partisan effect
Unified Republican govt +0.071 Not significant

H3 Direction: Protective −0.076∗ Inverted Protective borrows more

Direction: Restrictive −0.017 Null

H4 Mech G (Proc. Expansion) +0.125∗ Partially

supported

Novel domain, no

templates

H5 Both Protective (dyadic) +0.037∗∗ Supported Coalition networks drive

convergence

PAC Org. Overlap

(Jaccard)

+0.039∗∗∗ Supported Informational, not

financial

H6 Advocacy spending +0.002 Null Money ̸= mechanism

Note: H1, H2, H3, H4, and H6 coefficients are drawn from Table 4.3, Model 3 (bill-level

specification, N = 175, R2 = 0.150). H5 coefficients are drawn from Table 4.6, Model

D3 (dyadic specification, N = 1,035 state dyads, R2 = 0.224). All standard errors are

Bell–McCaffrey CR2 cluster-robust with Satterthwaite-approximated degrees of freedom.

H3 predicted restrictive bills would exhibit lower novelty than neutral; the significant effect

is observed on protective bills instead. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05, †p < 0.10.
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4.7 Cross-State Coordination: High-Similarity Bill Pairs

To surface candidate causes of cross-state policy coordination for case-level inspection,

I examined all bill pairs exceeding a 40 percent cosine similarity threshold across

different states. This is the inspection threshold introduced in Section 4.7 and is

more permissive than the 0.50 formal classification boundary that defines "heavy

borrowing" in Table 3.2; the broader cut surfaces a wider set of dyads warranting

qualitative scrutiny without making formal coordination claims about each. Of the

16,972 possible cross-state pairings in the 188 × 188 matrix, ten pairs exceeded this

threshold (Table 4.5).

One pair stands dramatically apart. Nevada SB 370 and Washington HB 1155 exhibit

80.7 percent cosine similarity—the only pair exceeding 50 percent in the corrected

dataset and the strongest evidence of cross-state template coordination in the corpus.

Both bills addressed interstate protection of reproductive health care providers and

patients, deploying substantially overlapping shield law language despite originating

in states separated by over 700 miles. No other cross-state pair approaches this level of

convergence; the next highest (Colorado SB 188 and Vermont SB 37, at 48.7 percent)

falls substantially below.

Three patterns emerge from the broader set of coordination candidates. First, a Ver-

mont hub is visible among protective legislation: Vermont SB 37 appears as the closest

cross-state partner for bills in Colorado, California, and New Mexico, all involving

protective shield or constitutional provisions. This pattern suggests a common tem-

plate source from which multiple states adapted language to local statutory contexts.

The temporal sequencing within the Vermont hub is suggestive but warrants cautious

interpretation. Vermont SB 37 was enacted earlier in the 2023 legislative calendar
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than the Colorado, California, and New Mexico bills for which it serves as the closest

cross-state match, a sequencing consistent with Vermont functioning as a template

source. The cross-sectional design of this analysis does not model enactment timing

explicitly, and systematic investigation of the temporal structure of within-coalition

diffusion is identified in Chapter 6 as a priority for longitudinal extension.

Second, a Missouri–Virginia axis is visible among restrictive-leaning legislation: two

Missouri bills (HB 1155 and HB 402) are textually closest to Virginia SB 975, all

involving definitional or procedural frameworks. This represents the strongest cluster

of restrictive cross-state coordination in the dataset, though the similarity levels (47.1

percent and 41.7 percent) reflect more adaptation than the near-replication observed

in the Nevada–Washington pair.

Third, and consistent with the coalition asymmetry documented in Section 4.5, six of

the ten high-similarity pairs involve exclusively protective legislation, while only one

is exclusively restrictive. This pattern reinforces the regression finding that protective

coalitions engaged in more aggressive template sharing in 2023.
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Table 4.5: Cross-State Bill Pairs Exceeding 40% Cosine Similarity

# Bill 1 Bill 2 Sim. Joint Direction

1 Nevada SB 370 Washington HB 1155 0.807 Protective

2 Colorado SB 188 Vermont SB 37 0.487 Protective

3 Missouri HB 1155 Virginia SB 975 0.471 Mixed

4 California SB 345 Vermont SB 37 0.465 Protective

5 New Mexico SB 13 Vermont SB 37 0.452 Protective

6 Colorado SB 188 New Mexico SB 13 0.447 Protective

7 Missouri HB 1155 Wisconsin SB 196 0.436 Mixed

8 Pennsylvania HB 611 Washington SB 5187 0.423 Mixed

9 Missouri HB 402 Virginia SB 975 0.417 Restrictive

10 California AB 100 New York AB 3003 0.415 Protective

11 Michigan HB 4949 Nevada SJR 7 0.406 Protective

12 Iowa HB 732 South Carolina SB 474 0.405 Restrictive

Note: All cross-state bill pairs with cosine similarity ≥ 0.40 from the corrected

188-bill corpus. Joint Direction classifies the pair as Protective (both bills expand

access), Restrictive (both restrict access), or Mixed (bills move in opposite direc-

tions). Similarity values computed from the TF–IDF cosine similarity matrix

described in Section 3.4. The complete catalog of 48 pairs exceeding 0.30 is

reported in Appendix D.
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4.8 The PAC Paradox: Advocacy Spending and Textual Convergence

Cross-referencing the highest-similarity cross-state pairs with Federal Election Com-

mission data produced a striking null result: zero common PAC donors were iden-

tified between the sponsors of any high-similarity bill pair. Most critically, neither

sponsor in the Nevada–Washington pair—the strongest coordination case in the

dataset—received any abortion-related PAC contributions in the 2022 cycle. This

finding extends beyond the specific high-similarity pairs. Systematic analysis of the

full DIME database—encompassing over 53 million contribution records—identified

near-zero direct PAC contributions from abortion advocacy organizations to state

legislative candidates.

The PAC paradox—high textual coordination coexisting with near-zero direct finan-

cial connections between coordinated legislators—is not a data limitation. It is a

substantive finding that reorients the diffusion mechanism story. The theoretical lit-

erature on policy diffusion has increasingly distinguished between financial and infor-

mational mechanisms of interest group influence (Hall and Deardorff 2006; Hertel-

Fernandez 2019). Financial mechanisms operate through campaign contributions that

create access and incentivize favorable legislative behavior. Informational mechanisms

operate through model legislation distribution, legislative staff liaison, coordinated

testimony, and policy research provision. The PAC paradox documented here pro-

vides empirical evidence that abortion policy diffusion operates primarily through

informational channels. Organizations like the Center for Reproductive Rights and

Americans United for Life influence state legislation, not by funding legislators but

by providing legislative frameworks, legal expertise, and model statutory language

that resource-constrained legislatures adopt with varying degrees of modification.
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4.9 Organizational Networks and Documentary Evidence

The preceding sections established that textual convergence across states follows ide-

ological rather than geographic lines (Section 4.3), that protective coalitions exhibit

greater convergence than restrictive coalitions (Sections 4.5 and 4.6), and that finan-

cial advocacy channels cannot explain this coordination (Section 4.8). This section

examines documentary evidence from LegiScan legislative records, FEC data, and

advocacy organization publications to classify the organizational pathways through

which high-similarity bill pairs emerged.

4.9.1 Four Diffusion Mechanisms

Based on the documentary evidence framework described in Chapter 3, I classify

observed diffusion patterns into four theoretically distinct mechanisms.

Coordinated diffusion occurs when national organizations deliberately distribute

model legislation to state legislative allies, producing high textual similarity with low

adaptation. Documentary markers include explicit model-bill attribution in legislative

history, standardized testimony across multiple states, and organizational publication

of model statutory language.

Collaborative diffusion occurs when states within the same advocacy coalition

develop legislation through ongoing negotiation and framework sharing, producing

moderate similarity with substantial local adaptation. Documentary markers include

shared organizational affiliation of sponsors, coordinated but non-identical testimony,

and evidence of multi-state working groups in advocacy publications.

Internal learning occurs when state legislatures independently study and adapt

external frameworks through their own research infrastructure, producing moderate
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similarity with high adaptation. Documentary markers include legislative council

reports, referencing other states and committee hearing testimony from state research

staff.

Competitive diffusion occurs when opposing coalitions develop mirror-image leg-

islation in response to each other’s policy actions, producing moderate structural

similarity despite opposite policy directions.

4.9.2 Coalition Asymmetry in Diffusion Mechanisms

Across the high-priority bill pairs analyzed through documentary evidence, a clear

pattern of coalition asymmetry emerges. Restrictive coalitions demonstrate central-

ized, hierarchical diffusion patterns consistent with coordinated template distribution

from national organizations. Protective coalitions demonstrate distributed, collabo-

rative networks in which states participate in ongoing framework negotiation rather

than passively receiving templates.

This asymmetry is consistent with the organizational structures documented in the

political science literature on advocacy networks (Hertel-Fernandez 2019). The restric-

tive coalition infrastructure—built around AUL, Alliance Defending Freedom, and

Susan B. Anthony Pro-Life America—operates through vertical distribution: national

organizations draft model bills and distribute them to state legislative allies. The

protective coalition infrastructure—organized through organizations like the Center

for Reproductive Rights, NARAL, and Planned Parenthood—operates through hor-

izontal coordination: state-level affiliates share frameworks laterally, adapting each

other’s legislative approaches through collaborative refinement.

The exporter-importer-reinforcer typology developed in Chapter 2 operates differ-

ently across coalitions. Within restrictive networks, a small number of exporter states
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(Texas, Utah) generate frameworks that importers adopt with minimal modifica-

tion. Within protective networks, the roles are more fluid: California functions simul-

taneously as exporter, adapter, and reinforcer, originating some frameworks while

incorporating and refining language from New York, Washington, and other coalition

partners. The protective coalition’s lower mean novelty score thus reflects not passive

adoption but active coordination within a distributed network.

4.9.3 H5: Advocacy Network Dyadic Ties (SUPPORTED)

Hypothesis H5 predicts that state pairs sharing advocacy network ties will exhibit

greater textual similarity in their enacted legislation. Testing H5 requires a dyadic

regression framework with state pairs as the unit of analysis—a fundamentally dif-

ferent modeling approach from the bill-level OLS reported in Section 4.6. The depen-

dent variable is the maximum pairwise cosine similarity between any bill enacted in

state i and any bill enacted in state j, computed from the full 188 × 188 cross-state

similarity matrix:

The dyadic dependent variable is constructed as the maximum pairwise cosine simi-

larity observed across all bill pairs that can be formed between two states, formalized

in Equation 4.4. Taking the maximum rather than the mean captures the strongest

evidence of coordination between any two states: if states i and j enacted multiple

bills each, the most similar pair represents the clearest textual signal of cross-state

borrowing.

MaxSimij = max
bi∈Si, bj∈Sj

CosSim(bi, bj) (4.4)

165



where Si and Sj denote the sets of bills enacted in states i and j, respectively. This

yields 1,035 unique state dyads (46×45/2). Table 4.6 reports results from three nested

specifications.

The baseline model (D1) includes institutional predictors: the absolute difference in

Squire Index scores between state i and state j (testing whether institutional capacity

asymmetry predicts borrowing), a binary indicator for geographic contiguity, and the

log of the product of bill counts in each state (controlling for the mechanical rela-

tionship between legislative volume and the probability of a high-similarity match).

Model D2 adds indicators for shared coalition membership: “both protective” and

“both restrictive” identify dyads where both states’ enacted legislation leans in the

same access direction. Model D3 adds the Jaccard index of shared PAC donor orga-

nizations from 2022 FEC data. The Jaccard measure is constructed as the size of the

intersection of advocacy organizations active in both states, divided by the size of

their union: it ranges from zero (no organizational overlap) to one (perfect overlap).

Conceptually, the Jaccard index captures whether the same organizations—Planned

Parenthood, Susan B. Anthony Pro-Life America, NARAL, National Right to Life

Committee, and their state affiliates—maintain a concurrent advocacy footprint in

both states, regardless of the magnitude of any individual contribution. This is a fun-

damentally different construct from the raw dollar value of contributions used in H6:

the Jaccard index measures co-presence of organizational infrastructure, while the

H6 advocacy-spending variable measures volume of financial transfers. As Section 4.8

demonstrates, the two dissociate sharply in the 2023 record.

Model D3 (the preferred specification) explains 22.4 percent of the variation in state-

pair maximum similarity (R2 = 0.224, N = 1,035). Three findings warrant emphasis.
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Table 4.6: Dyadic Regression Results: Predicting State-Pair Maximum Cosine Sim-
ilarity

Model D1 Model D2 Model D3
Institutional + Direction Full

Intercept 0.048∗∗∗ 0.038∗∗∗ 0.020†

(0.010) (0.010) (0.010)

ln(Bill count product) 0.035∗∗∗ 0.035∗∗∗ 0.035∗∗∗

(0.004) (0.004) (0.004)

|∆ Squire| −0.029 −0.029 −0.029
(0.027) (0.027) (0.027)

Geographic contiguity 0.003 0.003 0.003
(0.008) (0.008) (0.008)

Both Protective 0.037∗∗∗ 0.037∗∗∗

(0.011) (0.011)

Both Restrictive 0.015† 0.012
(0.009) (0.009)

PAC Org. Overlap (Jaccard) 0.039∗∗∗

(0.010)

R2 0.155 0.195 0.224
Adj. R2 0.153 0.191 0.220
N (dyads) 1,035 1,035 1,035

Note: OLS regression with state dyads as units of analysis. The dependent vari-
able is the maximum pairwise cosine similarity between any bill enacted in state i
and any bill enacted in state j across the full 188-bill corpus. Bell–McCaffrey CR2
cluster-robust standard errors with Satterthwaite-approximated degrees of freedom,
with clusters defined on state_i (the first state listed in each dyad, ordered alpha-
betically) and estimated via estimatr::lm_robust. This one-way clustering spec-
ification captures within-state correlation across the dyads in which a given state
appears as state_i; full two-way dyadic clustering on both state_i and state_j
(Aronow, Samii, and Assenova 2015) is the methodologically rigorous treatment of
dyadic dependence and is identified in §6.3 as a priority for replication. Reference
category for the coalition indicators is mixed or neutral dyads. “Both Protective” and
“Both Restrictive” identify dyads in which both states’ enacted legislation leans in
the same access direction. “PAC Org. Overlap” is the Jaccard similarity of the sets
of abortion-related PAC donor organizations active in each state’s 2022 legislative
cycle, measured from the DIME database.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05; †p < 0.10.
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H6: Advocacy Spending (+)

H5: PAC Overlap [Dyadic]

H5: Both Protective [Dyadic]

H4: Proc. Expansion (+)

H3: Restrictive (−)

H3: Protective (−)

H2: Unified Rep. (+)

H2: Unified Dem. (+)

H1: Professionalism (−)

−0.2 0.0 0.2
Coefficient Estimate (95% CI)

Marginal (p < 0.10) Null (p >= 0.10) Supported (p < 0.05) Bill−level (N=175) Dyadic (N=1,035)

H1−H4, H6: Bill−level OLS Model 3 (N = 175, CR2 SEs).  H5: Dyadic OLS Model D3 (N = 1,035, CR2 SEs).  [sq] = dyadic estimate.

Figure 4.7: Visual summary of all six hypothesis tests. Diamond markers display
the observed coefficient estimates from the preferred specifications: Model 3 for H1
through H4 and H6 (bill-level OLS, N = 175), and Model D3 for H5 (dyadic OLS, N =
1,035). Color indicates the test result. The H5 estimate reports the “Both Protective”
coefficient from Model D3.

First, shared protective coalition membership is a strong and robust predictor of

textual similarity (β = +0.037, p < 0.001). State pairs in which both states enacted

predominantly protective legislation in 2023 exhibit maximum cosine similarity 0.037

points higher than cross-coalition or neutral dyads—a substantively meaningful effect

equal to 29.7 percent of the dependent variable’s mean (β = +0.037 against a sample

mean of 0.1247).2 Shared restrictive coalition membership, by contrast, shows no

significant effect after controlling for organizational overlap (β = +0.012, p = 0.158).

The protective coalition effect is approximately three times the magnitude of the

2(0.037/0.1247 = 29.7%)
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restrictive effect, confirming the coalition asymmetry documented in the bill-level

analysis at the dyadic level.

Second, shared advocacy organization presence—measured by the Jaccard index of

overlapping PAC donor organizations—independently predicts textual similarity (β =

+0.039, p < 0.001). This variable captures whether the same organizations (Planned

Parenthood, Susan B. Anthony Pro-Life America, NARAL, National Right to Life

Committee) maintain a financial presence in both states, operationalizing the advo-

cacy network ties that H5 predicts should facilitate cross-state coordination. Critically,

this finding is consistent with the PAC paradox documented in Section 4.8: the organi-

zations’ presence in a state’s political ecosystem—their informational infrastructure,

model legislation libraries, and affiliate networks—predicts textual convergence, even

though their direct financial contributions to state legislators are negligible. The Jac-

card measure thus functions as a proxy for shared organizational network membership

rather than a financial transfer channel, consistent with Hall and Deardorff (2006)’s

legislative subsidy framework.

Third, geographic contiguity is null (β = +0.003, p = 0.734) across all specifications.

Whether two states share a border does not predict the similarity of their abortion

legislation after controlling for coalition membership and organizational overlap. This

finding directly contradicts the geographic diffusion model (Walker 1969) and con-

firms that post-Dobbs policy diffusion operated through ideological and organizational

networks rather than regional proximity. The null contiguity result, combined with

the strong coalition and organizational effects, provides the most direct evidence in

this thesis that advocacy networks—not geographic learning or regional imitation—

constitute the primary diffusion channel for abortion policy.
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The attenuation of the Both Restrictive coefficient between Models D2 and D3 war-

rants separate comment. In the intermediate specification, shared restrictive coali-

tion membership registers at the margin of conventional significance (β = +0.015,

p < 0.10); once the Jaccard overlap of PAC donor organizations enters Model D3,

the coefficient attenuates to null (β = +0.012, p = 0.158). The pattern is consistent

with the interpretation that restrictive coalition convergence operates substantially

through shared organizational infrastructure: the informational and model-legislation

channels that the Jaccard variable proxies absorb the marginal signal that raw coali-

tion co-membership carried in the intermediate model. The Both Protective coeffi-

cient, by contrast, is invariant across Models D2 and D3 at β = +0.037, indicating that

protective coalition convergence operates through channels only partially captured by

the PAC donor overlap measure—a pattern consistent with the horizontal, affiliate-

driven coordination mechanism developed in Section 4.9.2 and contrasting sharply

with the centralized, vertical template distribution characteristic of the restrictive

coalition infrastructure.

Together, these results support H5: state dyads connected through shared advo-

cacy organization networks exhibit significantly higher textual similarity than uncon-

nected dyads, controlling for institutional characteristics and geographic proximity.

The dyadic analysis also reinforces two findings from the bill-level regression. The

coalition asymmetry identified in H3 operates not only at the individual bill level but

at the state-pair level: protective coalition dyads exhibit significantly greater con-

vergence than restrictive dyads. And the null effect of geographic contiguity at the

dyadic level parallels the ideological clustering patterns documented in Section 4.3.
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4.10 Chapter Summary

This chapter has presented quantitative findings across three analytical stages. Four

results warrant emphasis.

First, post-Dobbs abortion legislation in 2023 was characterized by moderate textual

borrowing across states (mean cross-state novelty = 0.769, SD = 0.122), with the

distribution concentrated between 0.70 and 0.90 novelty. This concentration is incon-

sistent with either independent state innovation or wholesale template replication;

it confirms that customized adoption—the selective incorporation of external frame-

works with state-specific modifications—was the dominant mode of diffusion in the

first full legislative cycle following Dobbs.

Second, the bill-level regression analysis (Model 3, R2 = 0.150, N = 175) reveals a

consistent pattern across institutional predictors. Legislative professionalism is associ-

ated with greater borrowing rather than greater innovation (β = −0.155, p = 0.069),

a directional finding consistent with the capacity-for-adoption interpretation even

at marginal significance under conservative CR2 corrections. When government con-

trol is added in Model 3, unified Democratic governments produce significantly more

novel legislation than divided governments (β = +0.145, p = 0.037), while the unified

Republican effect is positive but does not reach conventional significance (β = +0.071,

p = 0.106). Critically, the addition of partisan control does not attenuate the direction

or mechanism effects established in the baseline specification, indicating that the coali-

tion asymmetry identified through H3 operates independently of state-level partisan

alignment. State-level advocacy spending—the financial footprint of abortion-focused

PACs in each state—predicts neither greater nor lesser novelty (β = 0.002, p > 0.10),

establishing that financial mechanisms are not the operative channel of coordination.
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Third, and most consequentially, protective coalition bills exhibit significantly lower

novelty than the neutral baseline (β = −0.076, p = 0.022), while restrictive bills do

not (β = −0.017, p = 0.482). This reversal of H3—together with the PAC finding of

zero common donors across all high-similarity cross-state pairs—indicates that post-

Dobbs diffusion operated through informational and organizational channels rather

than financial ones, and that it was protective coalitions, not restrictive ones, who

deployed standardized templates most aggressively in 2023. This finding revises the

dominant scholarly and journalistic account of post-Dobbs legislative coordination.

Fourth, the cross-state similarity analysis reveals one pair dramatically above the

rest—Nevada SB 370 and Washington HB 1155 at 80.7 percent cosine similarity, the

singular instance of near-replication in the dataset—alongside nine additional pairs

exceeding 40 percent similarity. Six of these ten pairs involve exclusively protective

legislation, reinforcing the coalition asymmetry identified in the regression. Documen-

tary evidence across these pairs reveals asymmetric coalition architectures: restrictive

networks employed centralized, vertical template distribution from national organiza-

tions, while protective networks employed distributed, horizontal coordination among

state affiliates. The dyadic regression (Model D3, R2 = 0.224, N = 1,035; full coeffi-

cients in Table 4.6) confirms these patterns at the state-pair level. Shared protective

coalition membership and shared advocacy organization presence are robust inde-

pendent predictors of cross-state textual similarity, while geographic contiguity is

null. Together, the bill-level and dyadic specifications identify organizational network

infrastructure—not financial contributions or regional proximity—as the operative

mechanism of cross-state policy diffusion in 2023.

These findings collectively establish the empirical foundation from which Chapter 5

develops the constitutional vacuum diffusion framework as a theoretical extension of
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existing policy diffusion scholarship and from which Chapter 6 addresses the inferen-

tial scope conditions the observational design imposes.
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Chapter 5

Discussion

5.1 From Findings to Framework

The empirical evidence assembled in Chapter 4 is inconsistent with several assump-

tions that have organized post-Dobbs legislative commentary. The modal 2023 abor-

tion bill was neither a wholesale copy of an out-of-state template nor an act of local

invention; across 188 enacted bills in 46 states, the mean cross-state novelty score was

0.769 (SD = 0.122), with two-thirds of bills clustered between 0.70 and 0.90. This

concentration is the textual signature of what Karch (2007) terms customization: the

selective incorporation of external frameworks with state-specific modifications. The

first full legislative year after the constitutional vacuum opened was, in statistical

terms, a year of adaptation, not of ex nihilo drafting.

Yet within that moderate-borrowing baseline, three results reverse the predicted direc-

tion and together demand theoretical reconstruction. First, it was protective coali-

tions, not restrictive ones, that deployed standardized templates most aggressively

in 2023: protective bills are significantly less novel than neutral bills (β = −0.076,

p = 0.022), while restrictive bills are statistically indistinguishable from the neutral

baseline (β = −0.017, p = 0.482). Second, legislative professionalism is associated

with greater borrowing rather than innovation (β = −0.155, p = 0.069, marginal

under Bell–McCaffrey CR2 small-sample corrections), directly reversing the intuition

that well-staffed legislatures should produce more original legislation. Third, and most
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consequentially for the mechanism story, high textual coordination across state lines

coexists with a near-complete absence of direct financial ties between coordinated

legislators: zero common PAC donors appear across any of the ten highest-similarity

cross-state bill pairs, including the Nevada SB 370–Washington HB 1155 pair that

registers 80.7 percent cosine similarity, the singular case of near-replication in the

corpus. The dyadic regression confirms at the state-pair level what the bill-level anal-

ysis suggested: shared protective coalition membership predicts significantly higher

textual similarity (β = +0.037, p < 0.001), shared organizational network presence

measured through PAC donor Jaccard overlap is an independent and comparable

predictor (β = +0.039, p < 0.001), and geographic contiguity is null (β = +0.003,

p = 0.734).

These findings resist integration into any single received account of policy diffusion.

The geographic learning model of Walker (1969), which assumes that neighbors influ-

ence neighbors, cannot explain why Nevada and Washington produced the strongest

textual match in the dataset, or why Vermont serves as a template hub for Col-

orado, California, and New Mexico simultaneously. Berry and Berry (1990)’s event-

history framework, which pairs internal determinants with regional diffusion, captures

the internal determinants well but mistakes the diffusion channel. Jansa, Hansen,

and Gray (2019)’s analysis of model-bill adoption correctly identifies interest-group

drafting as a diffusion pathway but predicts, on the basis of pre-Dobbs patterns, that

the restrictive templating should dominate. None of these frameworks anticipated

that the most visible cross-state coordination in 2023 would occur on the protective

side, emerge from horizontal affiliate networks rather than vertical template distri-

bution, and operate almost entirely outside the campaign-finance channel that most

diffusion research has used as its proxy for interest-group influence.
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This chapter develops the theoretical apparatus that the findings require. Section 5.2

articulates constitutional vacuum diffusion as a distinct diffusion regime triggered

when federal preemption collapses, and sub-national jurisdictions are suddenly com-

pelled to legislate across a newly opened policy frontier. Section 5.3 develops reactive

template mobilization as the diffusion mechanism that operates under such a regime,

distinguishing it from both learning-based diffusion and conventional crisis adoption.

Section 5.4 interprets the coalition asymmetry between horizontal and vertical diffu-

sion architectures. Section 5.5 reinterprets the professionalism finding as evidence of

capacity for adoption rather than capacity for innovation. Section 5.6 develops the

PAC paradox as empirical support for an informational rather than financial theory of

interest-group influence. Section 5.7 revises the exporter–importer–reinforcer typology

to accommodate the coalition-specific findings. Section 5.8 articulates the scope con-

ditions under which the framework should travel. Section 5.9 closes by indicating the

inferential limits the observational design imposes on these claims and bridging to

Chapter 6.

Table 5.1 summarizes the four empirical findings this chapter carries forward, each

set against its conventional expectation and linked to the theoretical section in which

it is developed. The remainder of the chapter proceeds through these findings in the

order the table presents them, beginning with the diffusion regime within which the

patterns emerge.
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Table 5.1: Empirical Findings and Their Theoretical Destinations

Empirical Finding
(Ch. 4)

Conventional
Expectation

Theoretical
Destination (Ch. 5)

Protective bills less novel
than restrictive
(β = −0.076, p = 0.022 vs.
β = −0.017, p = 0.482)

Restrictive coalitions
deploy templates more
aggressively (Jansa,
Hansen, and Gray
2019)

Reactive template
mobilization (§5.3);
coalition architecture
asymmetry (§5.4)

Professionalism inversely
related to novelty
(β = −0.155, p = 0.069)

Capacity enables
independent
innovation (Squire
2007)

Capacity-for-adoption
reinterpretation (§5.5)

Zero PAC donor overlap
across high-similarity
pairs; Jaccard
organizational overlap
robust (β = +0.039,
p < 0.001)

Financial
contributions mediate
interest-group
influence

Informational logic of
advocacy (§4.8)

Geographic contiguity null
(β = +0.003, p = 0.734);
Both Protective robust
(β = +0.037, p < 0.001)

Regional diffusion
(Walker 1969; Berry
and Berry 1990)

Constitutional vacuum
diffusion (§5.2);
ideological-network
channel (§5.4)
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5.2 Constitutional Vacuum Diffusion

The theoretical literature on policy diffusion has, with few exceptions, treated fed-

eralism as a background condition rather than as a variable. Whether diffusion is

modeled as learning, imitation, competition, or coercion (Shipan and Volden 2008),

the baseline assumption is that states operate within a stable constitutional allocation

of authority and innovate at the margins of that allocation. What happens when the

allocation itself shifts abruptly—when a domain that had been federally preempted

for half a century is, without legislative warning, returned in full to the states—is a

question the diffusion literature has had few occasions to answer.

Dobbs v. Jackson Women’s Health Organization (2022) is such an occasion. The deci-

sion did not merely modify the constitutional treatment of abortion; it vacated a

half-century of federal doctrinal infrastructure within a single opinion. States that

had spent decades legislating within the constraints of Roe and Casey were suddenly

operating in a domain from which federal constitutional law had been withdrawn. I

term the diffusion regime that emerges under such conditions constitutional vacuum

diffusion: the patterned interstate movement of policy text that occurs when federal

preemption collapses, and states are compelled, within compressed legislative time-

lines, to either codify previously assumed protections or construct newly permissible

restrictions.

Three features distinguish constitutional vacuum diffusion from the policy windows

described by Kingdon (2011) and from the punctuated equilibrium dynamics theorized

by Baumgartner and Jones (1993). First, the window is not discursively negotiated

but judicially imposed: it opens when a court vacates prior doctrine rather than when

a focusing event or problem stream aligns with political will. This matters for timing.
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Kingdon (2011)’s policy windows depend on the coincidence of three streams over

which no single actor has full control, and the window may close before convergence.

A judicially imposed vacuum opens on the day the opinion is issued and remains open

until legislative action forecloses it, which creates a different temporal logic for actors

on both sides of the policy debate.

Second, the vacuum is bilateral. Unlike conventional policy windows, which typi-

cally favor one coalition over another by opening space for a specific kind of reform,

the constitutional vacuum creates urgent legislative imperatives for both coalitions

simultaneously. States previously constrained by Roe’s floor were free to legislate

restrictions they could not previously enact; states that had relied on that same floor

for protection were now compelled to codify in statute what constitutional doctrine

had previously secured. The 88 restrictive and 73 protective bills enacted in 2023—a

near-parity that would have been unthinkable under Roe—reflect this dual impera-

tive. Each coalition was legislating in response to the same event, but toward opposite

ends and, crucially, from asymmetric starting positions.

Third, constitutional vacuum diffusion operates under conditions of acute informa-

tional asymmetry between coalitions. Restrictive coalitions entered 2023 with decades

of accumulated statutory craft: gestational limits, waiting periods, informed consent

requirements, ultrasound mandates, provider regulations, and a national model-bill

infrastructure built by Americans United for Life, the Alliance Defending Freedom,

and allied organizations specifically to test the boundaries of Roe and Casey. That

craft was calibrated to the constraints of constitutional doctrine that had just been

vacated. The total bans, trigger law activations, and enforcement mechanisms now

permissible required statutory construction for which no litigation-tested template

existed. Restrictive legislators in 2023 were, paradoxically, drafting language that
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registered no closer to standardized models than the neutral baseline, because the

expansion of their policy frontier had outrun the template infrastructure their coali-

tion had built.

Protective coalitions faced the opposite asymmetry. Their core policy instruments—

shield laws, provider protection statutes, interstate cooperation provisions, emer-

gency access codifications—had existed only in latent or marginal form before Dobbs,

because Roe had rendered most of them unnecessary. Yet precisely because these

frameworks had not been developed through decades of incremental statutory experi-

mentation, they had to be constructed rapidly in response to the vacuum. The organi-

zational infrastructure that produced these frameworks—the Center for Reproductive

Rights, the State Innovation Exchange, Planned Parenthood’s state affiliate network,

and NARAL—treated 2023 not as an occasion for novel drafting by individual state

allies but as an occasion for the coordinated deployment of pre-positioned templates

across every jurisdiction where the political arithmetic permitted enactment.

The constitutional vacuum diffusion framework therefore predicts a specific empir-

ical signature: in the immediate aftermath of a preemption collapse, the coalition

whose statutory toolkit was least developed under the prior regime will exhibit the

greatest textual convergence, while the coalition whose toolkit was most developed

will exhibit the greatest textual divergence. My findings match this prediction pre-

cisely. Protective coalitions inherited no refined template infrastructure and therefore

deployed hastily coordinated standardized frameworks; restrictive coalitions inher-

ited extensive template infrastructure calibrated to the prior constitutional regime

and therefore found themselves drafting across a novel legal frontier for which their

inherited templates were inadequate. The coalition asymmetry identified by H3 at

the descriptive level is, under the constitutional vacuum diffusion framework, the
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predictable consequence of differential toolkit maturity at the moment the vacuum

opened.

This framework also specifies the duration of the effect. Constitutional vacuum diffu-

sion is, by construction, a transitional regime. As protective coalitions move beyond

initial codification and as restrictive coalitions develop new litigation-tested templates

for the expanded policy frontier, the asymmetry should attenuate. The 2023 textual

signature captures a moment-specific equilibrium rather than a permanent structural

feature, and the empirical patterns this thesis documents should not be expected

to persist indefinitely. The framework’s testable implication is that novelty scores for

protective bills should rise over successive legislative cycles as the initial wave of shield

law templating gives way to more idiosyncratic implementation questions, while nov-

elty scores for restrictive bills should fall as new template infrastructure matures.

Section 5.8 returns to this point as a scope condition. The 2023 textual signature

is interpreted here against theoretical baselines drawn from the established diffusion

literature; an explicit pre-Dobbs corpus baseline, which would supply a sharper test

of the framework’s "departure" claim, is identified in Section 6.4.1 as a priority for

longitudinal extension.
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5.3 Reactive Template Mobilization

Within the constitutional vacuum diffusion regime, the specific mechanism that pro-

duces the observed protective-coalition convergence is not adequately captured by

any of the diffusion mechanisms previously theorized in the literature. This section

develops reactive template mobilization as a distinct mechanism, locates it within the

existing taxonomy, and distinguishes it from adjacent concepts with which it should

not be confused.

Reactive template mobilization describes the rapid, coalition-coordinated deployment

of pre-positioned legislative templates in direct response to the sudden expansion of

the opposing coalition’s policy frontier. Three features differentiate it from estab-

lished diffusion mechanisms. First, it is reactive rather than proactive: the mobiliza-

tion is triggered not by endogenous coalition strategy but by an exogenous shock to

the coalition’s operating environment. Second, it deploys pre-positioned templates—

frameworks drafted, refined, and rehearsed within organizational networks before the

shock but not yet activated for widespread legislative deployment. Third, it operates

through simultaneous adoption across multiple jurisdictions rather than sequential

learning from early adopters.

The first feature distinguishes reactive template mobilization from the learning-based

diffusion theorized by Shipan and Volden (2008). Learning-based diffusion presumes

that states observe the policy outcomes of early adopters, evaluate their effectiveness,

and adapt the most successful templates for local conditions. This logic governs a

substantial portion of pre-Dobbs state policymaking on education, welfare, and regu-

latory matters. It does not fit the 2023 abortion record. Protective states did not wait

to observe whether California’s shield law produced the intended protective effects
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before replicating its language; the Nevada–Washington pair at 80.7 percent similarity

was enacted within months of analogous California and Illinois statutes, before any

meaningful evaluation of downstream effectiveness could have occurred. The temporal

structure of the diffusion precludes the learning mechanism.

The second feature distinguishes reactive template mobilization from classic crisis

adoption, in which states adopt emergency frameworks under time pressure pre-

cisely because they lack pre-developed policy tools. Crisis adoption in the conven-

tional sense—the diffusion of emergency management statutes after natural disas-

ters, or the spread of pandemic-response legislation in early 2020—involves actors

constructing responses on short timelines with limited prior preparation. Reactive

template mobilization is different: the templates exist before the shock. The orga-

nizational infrastructure had produced them, circulated them among affiliates, and

refined them through internal review and model-bill drafting processes. What the

shock triggers is not the creation of new policy content but the activation of content

already in organizational reserve. The distinction matters analytically as it locates

the causal work not in the urgency of the moment but in the anticipatory capacity of

the organizational network.

The third feature distinguishes reactive mobilization from the classic network-based

diffusion theorized by Balla (2001) and elaborated in the advocacy coalition frame-

work of Sabatier and Weible (2007). Network diffusion anticipates sequential adop-

tion along established coalitional ties, typically moving from innovation-leader states

through intermediate adopters to laggards, with each adoption informed by the pre-

vious ones. Reactive template mobilization produces a flatter temporal structure:

states enact substantively similar legislation on compressed and overlapping timelines,

not because they are learning from one another, but because they are activating the
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same pre-positioned template in response to the same exogenous shock. The Vermont

hub pattern documented in §4.7—in which Colorado SB 188, California SB 345, and

New Mexico SB 13 all exhibit their closest cross-state matches to Vermont SB 37—is

suggestive of this flatter structure, with a common template source rather than a

sequential adoption chain.

Reactive template mobilization, therefore, occupies a distinct position in the diffusion

taxonomy. It shares with network-based diffusion the reliance on organized cross-

state advocacy infrastructure; it shares with crisis adoption the compressed temporal

structure; it shares with learning-based diffusion the interstate movement of concrete

statutory language. But it is reducible to none of them. The mechanism’s distinctive

contribution is its specification of the organizational anticipation that enables rapid

convergent adoption: it is the existence of templates in organizational reserve prior

to the shock, not the learning processes or emergency responses that might follow it,

that explains the textual signature observed in the 2023 corpus.

The practical implication for diffusion scholarship is that model-bill infrastructure

matters most when the policy frontier shifts abruptly. In stable periods, organizational

template reserves operate in the background, supplying drafting language to allied

legislators without producing the statewide convergent signatures that text-as-data

methods can detect. In periods of preemption collapse, the same reserves produce

detectable signatures because the organizational anticipation is concentrated within

a compressed adoption window. The 2023 abortion record is, from this vantage, not an

exceptional case but an unusually legible one: the convergence is detectable because

the shock forced simultaneous deployment of templates that would otherwise have

been activated sequentially and invisibly over years.
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Three rival mechanisms—parallel independent drafting from common doctrinal

sources, informal staff copying from publicly available analysis, and post-enactment

convergence produced by drafting conventions—remain consistent with the observed

signature and are not eliminated by the present design. Each is enumerated explicitly

in Section 6.2.1 and bracketed for the qualitative extension specified in Section 6.6.1.

The descriptive four-mechanism classification developed in Section 4.9.1 (coordinated,

collaborative, internal-learning, and competitive diffusion) describes patterns observ-

able in the textual and documentary record. Reactive template mobilization, as artic-

ulated here, is the theoretical mechanism that produces the coordinated and col-

laborative subtypes under constitutional vacuum conditions; the descriptive scheme

catalogs what is observed, while the theoretical scheme specifies what is responsible.

Table 5.2 locates reactive template mobilization against the three established diffu-

sion mechanisms with which it is most likely to be confused. The comparison proceeds

along five analytic dimensions: the nature of the trigger, whether templates exist prior

to the trigger, the temporal structure of adoption, the causal locus of the mechanism,

and the scholarship most closely associated with each approach. The distinguishing

feature of reactive template mobilization is not any single dimension but the spe-

cific combination: an exogenous trigger (shared with crisis adoption), pre-positioned

templates (shared with network diffusion), and a compressed simultaneous temporal

structure (shared with neither). This combination is what gives the mechanism its

analytical distinctiveness.

Three rival mechanisms—parallel independent drafting from common doctrinal

sources, information staff copying from publicly available analysis, and drafting-

conventions convergence—are not eliminated by the present design and are enumer-

ated explicitly in Section 6.2.1.
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5.4 Coalition Asymmetry and the Architecture of Advocacy Net-

works

The empirical coalition asymmetry—protective convergence in the bill-level analysis

(β = −0.076, p = 0.022), restrictive non-significance (β = −0.017, p = 0.482), and

the parallel structure at the dyadic level where Both Protective is robust (β = +0.037,

p < 0.001) while Both Restrictive is null in the preferred specification (β = +0.012,

p = 0.158)—admits a specific organizational interpretation. The difference between

protective and restrictive coalitions in 2023 was not primarily a difference in template

sophistication, coordination intensity, or financial resources. It was a difference in the

architecture of the networks through which templates moved.

Restrictive coalitions operate, and have operated since the 1970s, through ver-

tical template distribution. National organizations—Americans United for Life, the

Alliance Defending Freedom, Susan B. Anthony Pro-Life America, and allied bodies—

draft model legislation, maintain it in publicly or semi-publicly accessible libraries,

and distribute it to state legislative allies through a combination of direct lobbying,

legislative staff liaisons, and model-bill clearinghouse functions. The structure is hier-

archical: a small number of national drafting nodes produce templates that diffuse

downward and outward to a large number of state-level adopting nodes. Within

this architecture, individual state bills tend to be either near-verbatim adoptions of

national models or substantial state-specific departures from them. There is relatively

little horizontal adaptation among adopters.

The attenuation of the Both Restrictive coefficient between dyadic Models D2 and D3

is diagnostic of this vertical architecture. In Model D2, shared restrictive coalition

membership registers at the margin of significance (β = +0.015, p < 0.10); once the
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Jaccard index of shared PAC donor organizations enters Model D3, the coefficient

attenuates to null (β = +0.012, p = 0.158). The interpretation is straightforward:

the marginal signal that raw restrictive coalition co-membership carried in D2 was

absorbed by the organizational overlap variable in D3. That is, the mechanism by

which two restrictive states come to enact textually similar legislation is substantially

captured by the fact that the same national organizations maintain an advocacy

footprint in both states. Coalition membership without organizational infrastructure

does not produce convergence; organizational infrastructure produces it, and coalition

co-membership is simply a proxy for that infrastructure.

Protective coalitions operate through a different architecture: horizontal coordina-

tion among state affiliates. The Center for Reproductive Rights, the State Innovation

Exchange, Planned Parenthood’s affiliate network, and NARAL do maintain national

drafting capacity, but their state affiliates do not function primarily as passive recip-

ients of national models. They function as co-drafters within distributed working

groups that share frameworks laterally, adapt each other’s statutory language, and

refine common templates through iterative revision across jurisdictions. Within this

architecture, the California–New York–Washington–Illinois cluster operates not as

a center with peripheries, but as a set of mutually influential nodes, each of which

originates some content and incorporates some content from the others.

The invariance of the Both Protective coefficient across dyadic Models D2 and D3—

stable at β = +0.037 regardless of whether PAC organizational overlap is in the

model—is diagnostic of this horizontal architecture. Unlike the restrictive case, the

protective coalition effect is not substantially absorbed by the Jaccard variable. The

interpretation is that protective convergence operates through channels only partially

captured by shared PAC donor presence: affiliate working groups, cross-state leg-
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islative staff networks, coordinated testimony circulation, and shared legal-academic

drafting capacity are all mechanisms of horizontal coordination that the Jaccard

index does not measure. The measure captures organizational presence but not the

distributed collaborative processes through which protective templates are actually

constructed.

This architectural distinction has implications that extend beyond the 2023 abortion

record. Vertical diffusion architectures are, in the language of network analysis, star-

shaped: they produce high convergence when active, but they are vulnerable to the

removal of central nodes, and they generate relatively homogeneous content because

adaptation is penalized at the state level. Horizontal diffusion architectures are mesh-

shaped: they exhibit moderate convergence during stable periods, yet they are resilient

to node removal and capable of rapid scaling because any affiliate can initiate and

any can adopt. Under the conditions of constitutional vacuum diffusion, the mesh

architecture demonstrated comparative advantages the literature has not previously

documented: it mobilized faster, achieved wider coverage, and sustained convergence

across a broader set of dyads than the star architecture could match within the same

legislative cycle. Whether this comparative advantage persists beyond the initial post-

Dobbs window or is specific to the preemption-collapse regime is an empirical question

the current design cannot resolve, but Section 6.6.3 flags as a priority for extension.
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Table 5.3: Vertical and Horizontal Coalition Architectures in 2023 Abortion Diffusion

Dimension Vertical (Restrictive) Horizontal (Protective)

Network topology Star-shaped: national

drafting nodes to state

adopters

Mesh-shaped: distributed

affiliate co-drafting

Anchor

organizations

Americans United for Life,

Alliance Defending

Freedom, Susan B.

Anthony Pro-Life America

Center for Reproductive

Rights, State Innovation

Exchange, Planned

Parenthood affiliates,

NARAL

Drafting locus National model-bill

libraries

Cross-state working groups

Adaptation Minimal at adopter level Iterative across affiliates

Dyadic signature Both Restrictive:

β = +0.012, p = 0.158

(D3); attenuated by PAC

Jaccard between D2 and

D3

Both Protective:

β = +0.037, p < 0.001

(D3); invariant across D2

and D3

Diagnostic

interpretation

Convergence operates

through shared

organizational footprint;

Jaccard absorbs the signal

Convergence operates

through channels only

partially captured by

Jaccard (affiliate networks,

staff coordination)

Comparative

advantage under

shock

Slower mobilization;

constrained by central

node bottleneck

Faster mobilization;

broader coverage; resilient

to node loss
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5.5 Reinterpreting Legislative Professionalism

The directional inversion of H1—a negative rather than positive relationship between

the Squire Index and cross-state novelty, with β = −0.155 (p = 0.069) in the full

model—deserves separate theoretical treatment because it revises a long-standing

intuition in the state politics literature. The received view, developed across Squire

(1992), Squire (2007), and the body of work applying these measures to state policy

output, has been that professionalism enhances legislative capacity, that capacity

enables independent policy development, and that independent policy development

manifests as higher rates of original legislation. The 2023 findings suggest the causal

chain requires a different specification.

The most parsimonious reinterpretation, consistent with Jansa, Hansen, and Gray

(2019) on model-bill adoption and with Shipan and Volden (2008) on the conditional

operation of diffusion mechanisms, is that legislative professionalism enables adoption

rather than innovation. Professional legislatures possess the research staff, the com-

mittee capacity, and the institutional memory to identify external templates, evaluate

their legal and political viability, and strategically adapt them to local political and

institutional contexts. Less-professionalized legislatures, by contrast, lack the system-

atic infrastructure to identify, evaluate, and modify external templates.

Under this interpretation, templates are produced primarily by national advocacy

organizations and affiliated research arms whose drafting capacity operates outside the

state legislative system. Americans United for Life, the Alliance Defending Freedom,

the Center for Reproductive Rights, and the State Innovation Exchange maintain

full-time legal and policy staff whose function is precisely to construct and refine

model statutory language for legislative allies. Professional state legislatures have the
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staff capacity to locate, evaluate, and adapt this externally produced material; low-

professionalism legislatures do not, and the textual originality they exhibit is therefore

a signature of informational isolation from the template infrastructure rather than

evidence of independent innovation. The causal work, in other words, is done not by

the adopting legislatures but by the organizational drafting nodes that sit upstream

of them—a distinction the bill-level analysis in Chapter 4 cannot directly observe, and

which the current design establishes only by inference from the pattern of convergence

across coalitionally aligned states.

This does not mean that low-professionalism legislatures produce truly original legis-

lation in the substantive sense; it means they draft more independently because they

lack access to the template infrastructure that professional legislatures can exploit.

The textual originality that low-professionalism states exhibit is, on this reading, a

signature of informational isolation rather than creative capacity. Wyoming’s high

novelty (mean 0.82, Squire Index 0.071) and Maine’s comparable score (mean 0.85,

Squire Index 0.133) do not indicate that these legislatures are producing more inno-

vative policy than Michigan (mean 0.86, Squire Index 0.657); they indicate that

these legislatures are producing less templated policy because their access to tem-

plate infrastructure is more limited.

This reinterpretation yields a testable implication: the negative professionalism–

novelty relationship should be strongest in policy domains where organizational

template infrastructure is dense, and should weaken or reverse in domains where such

infrastructure is sparse. Abortion policy in 2023 is a high-infrastructure case: decades

of model-bill production by both coalitions mean that any state with the staff capacity

to access those templates can deploy them, while states without that capacity cannot.

In a low-infrastructure domain—a newly emergent regulatory area with no estab-
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lished advocacy organizations or model-bill clearinghouses—professionalism should

manifest as innovation rather than adoption, because there is no external template to

adopt. The current design does not test this cross-domain prediction, but it supplies

the mechanism that such a test would require.

The further implication for diffusion scholarship is that text-based measures of nov-

elty should not be read as measures of policy innovation in the normative sense. A

state that adopts an externally drafted bill well-calibrated to its local conditions may

be engaging in more sophisticated policy development than one that drafts a bill

from scratch. The novelty score captures the textual signature of that adoption, but

the evaluative inference—whether the adoption reflects good or poor policymaking—

requires criteria the text-based measure cannot supply. Chapter 6 returns to this point

as a methodological caveat.

Direct empirical purchase on this interpretation would require evidence that the cur-

rent design cannot supply: observation of the drafting processes internal to legislative

offices, including the channels through which staff in high- and low-professionalism

states access or fail to access externally produced templates. Chapter 6 identifies

this form of inquiry—qualitative investigation of legislative drafting processes—as

the most promising extension of the research program initiated here, and as the most

direct test of whether the capacity-for-adoption reinterpretation survives closer exam-

ination of the drafting environment itself.
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5.6 The PAC Paradox and the Informational Logic of Advocacy Net-

works

The PAC paradox—high textual coordination coexisting with near-zero direct finan-

cial connections between coordinated legislators—constitutes perhaps the most conse-

quential finding for the broader interest-group and policy-diffusion literature. Cross-

referencing the ten highest-similarity cross-state pairs with Federal Election Com-

mission data yielded zero common PAC donors. The Nevada–Washington pair, the

strongest coordination case in the corpus, involved sponsors neither of whom received

any abortion-related PAC contributions in the 2022 cycle. Systematic analysis of the

DIME database’s full 53 million contribution records confirmed near-zero direct con-

tributions from abortion advocacy organizations to state legislative candidates. Yet

the dyadic regression shows that the Jaccard index of shared PAC donor organizations

between two states is a robust predictor of textual similarity (β = +0.039, p < 0.001).

The reconciliation is straightforward but has substantial implications. The PAC mea-

sure that predicts convergence is not the contribution itself but the organizational

presence it signals. Two states in which Planned Parenthood, Susan B. Anthony Pro-

Life America, NARAL, and the National Right to Life Committee maintain concur-

rent advocacy footprints exhibit greater textual similarity in their abortion legislation,

not because those organizations have purchased legislative behavior in either state,

but because their concurrent presence indicates a shared informational and orga-

nizational ecosystem. The organizations supply legislative drafts, legal memoranda,

model statutory language, expert testimony, coalition talking points, and staff liaison

services; they do not meaningfully provide financial support to state legislative cam-

paigns. The convergence the dyadic regression detects is the textual imprint of that

informational coordination, not of any financial transaction.
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The mechanical question of what activity places these organizations in the DIME

database—and therefore into the Jaccard index—warrants direct clarification, since

the index would be uninformative if the relevant organizations were absent from the

data altogether. DIME records contributions from organized donors to any candi-

date, committee, or party apparatus tracked by the Federal Election Commission and

its state-level analogues, which encompasses a substantially broader set of transac-

tions than contributions to individual state legislative candidates. Planned Parent-

hood, Susan B. Anthony Pro-Life America, NARAL, and the National Right to Life

Committee appear in DIME through contributions to gubernatorial campaigns, state

party committees, ballot-initiative organizations, federal officeholders representing the

state, and affiliated political action committees that themselves operate at the state

or local level. The Jaccard index therefore captures the co-presence of these orga-

nizations within a state’s broader political economy, registering whether both states

host the same advocacy infrastructure in any electorally meaningful form. It does not

capture, and is not intended to capture, the magnitude of financial transfers to the

specific legislators who sponsored the bills analyzed in this thesis. That latter quantity

is precisely what the analysis in Section 4.8 shows to be negligible, and the decoupling

between the two measures is exactly the empirical pattern the informational-subsidy

interpretation predicts: the organizations whose presence predicts textual convergence

are the same organizations whose direct contributions to bill sponsors approach zero.

This finding aligns with and extends the theoretical framework advanced in Hall and

Deardorff (2006). Hall and Deardorff re-conceptualize interest-group influence as leg-

islative subsidy: organizations affect policy not by purchasing favorable votes but by

reducing the cost of favorable legislative action for allies who would already have sup-

ported the position on ideological grounds. The subsidy takes the form of research,
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drafting, constituent communications, and procedural assistance. Hertel-Fernandez

(2019) documents a parallel dynamic at the state level, showing that organizations

like Americans United for Life and Susan B. Anthony Pro-Life America operate pri-

marily through model-bill distribution, policy conferences, and staff liaison rather

than through direct contribution channels. The 2023 abortion findings provide empir-

ical confirmation of both arguments in a policy domain where the financial-influence

intuition has been especially strong in public commentary.

The implication for diffusion research methodology is that campaign finance data,

used alone, are an inadequate proxy for interest-group influence on state legisla-

tion. A study that measured advocacy effects solely through contribution flows would

have concluded, from the 2023 abortion record, that abortion advocacy organizations

exert minimal influence on state legislative text. The textual evidence demonstrates

the opposite. The contribution flows are small because the mechanism does not run

through them; the convergence is substantial because it runs through channels that

contribution data do not capture. Future diffusion research that aims to measure

organizational influence should combine financial measures with textual, network,

or organizational-presence measures—and should be prepared to find the financial

measures uninformative or misleading in domains where the informational channel

dominates.

A secondary implication concerns how the literature has theorized the distinction

between financial and informational mechanisms. In Hall and Deardorff (2006)’s orig-

inal formulation, the two mechanisms are presented as complementary: organizations

subsidize the legislators they also contribute to. The 2023 abortion findings suggest

the mechanisms can operate with substantial independence. Organizations can exert

significant influence on legislators to whom they contribute nothing, provided the
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ideological alignment is strong and the template infrastructure is well developed.

This decoupling of the financial and informational channels may be characteristic of

polarized policy domains where ideological sorting is sufficiently complete that con-

tributions add little to what ideological alignment already supplies. Testing this con-

jecture across other polarized domains—gun policy, environmental regulation, voting

rights—is a natural extension of the research program this thesis initiates.

A methodological caveat is in order before these claims travel further. The inter-

pretation developed in this section rests on indirect evidence. The current design

establishes, with considerable precision, that textual convergence across coalition-

ally aligned states coexists with the presence of shared advocacy organizations in

those states’ political economies, and that this convergence coexists with the near-

complete absence of direct financial ties between the coordinated legislators them-

selves. What the design does not directly observe is the drafting process through

which model language actually moves from organizational nodes into enacted legis-

lation. The informational-subsidy interpretation is the most parsimonious account of

the observed pattern and is consistent with the broader literature on organizational

influence at the state level (Hertel-Fernandez 2019; Hall and Deardorff 2006), but it

remains an inference from the structure of convergence rather than a direct observa-

tion of the mechanism. Chapter 6 returns to this limitation at length and identifies

the forms of evidence—chiefly direct inquiry into the drafting processes internal to

legislative offices and advocacy organizations—that would be required to strengthen

the mechanism-level claim beyond what the current observational design can support.
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5.7 Revisiting the Exporter–Importer–Reinforcer Typology

The exporter–importer–reinforcer typology developed in Chapter 2 anticipated

that high-capacity states would produce original legislation subsequently adopted

elsewhere (exporters), that lower-capacity states would adopt external models

(importers), and that a third category would rework existing frameworks with

minimal substantive deviation (reinforcers). The 2023 findings both support and

complicate this typology, and the complications are theoretically productive rather

than disconfirming.

The core insight holds: states occupy distinct functional positions in the diffusion

network, which can be identified through textual evidence and documentary cor-

roboration. What requires revision are the assumptions that exporter status tracks

institutional capacity and that the same typology applies uniformly across coalitions.

The professionalism finding refutes the first assumption. If California, with its Squire

Index of 0.626, functions in 2023 as a net importer rather than as the expected

exporter—incorporating framework language from New York, Washington, and other

protective-coalition partners—then the equation between legislative capacity and

exporter status does not hold. The state-level evidence in §4.3 makes this concrete.

California’s mean novelty of 0.75 sits slightly below the corpus mean of 0.769, and its

closest cross-state matches trace to Vermont, New York, and other protective-coalition

nodes rather than to states importing California language. California functions in the

2023 record as a net adapter rather than the expected net exporter—a position that

reverses the conventional mapping between high legislative capacity (Squire = 0.626

in the 2021 update; (Squire 2024)) and exporter status. Exporter status is therefore

not a function of capacity in isolation; it is a function of capacity interacting with
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coalition architecture and with the temporal position of the state in the post-shock

adoption sequence.

The coalition asymmetry refutes the second assumption. Within the vertical restric-

tive architecture, the typology operates cleanly: a small number of national organiza-

tional nodes (not individual states) generate templates that a larger number of state

legislatures import with minimal modification. Texas (mean novelty 0.83) functions as

the clearest state-level exporter in this architecture, drafting frameworks subsequently

incorporated by Mississippi, Louisiana, and Arkansas, though its exporter status is

substantially mediated by the national organizations that have historically used Texas

statutes as testbeds for model legislation. Utah occupies a related position: its 2023

enactments are too few in number to qualify it as an exporter at the state level, but

Utah-origin templates from preceding legislative cycles—particularly the trigger-law

architecture and definitional provisions developed in 2018–2020—appear in the 2023

corpus through downstream adoption in Arkansas, Montana, and Wyoming. Arkansas,

Montana, Wyoming, and similar states function as importers of this template flow.

The reinforcer category fits Virginia and Mississippi, which reworked existing defi-

nitional frameworks with minimal substantive deviation across multiple 2023 enact-

ments.

Within the horizontal protective architecture, the typology operates differently, and

the categories themselves become more fluid. California functions simultaneously as

an exporter (originating the framework for AB 100 and related funding bills), an

adapter (incorporating shield law language from Vermont and Washington), and a

reinforcer (reworking its own prior codifications without substantive expansion). Ver-

mont functions as a template hub, with Vermont SB 37 serving as the closest cross-

state match for bills in Colorado, California, and New Mexico. Vermont’s middling
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legislative capacity (Squire Index 0.301) makes the hub function theoretically inter-

esting: it cannot be attributed to the staff resources and research infrastructure that

explain why high-capacity states sometimes originate widely adopted frameworks,

nor to the informational isolation that explains why low-capacity states sometimes

appear original by default. The hub function is instead a product of coordinated

template development by protective-coalition affiliates, which culminated in Vermont

legislation early in the 2023 cycle.

The expectation that higher-professionalism states should move first in any diffusion

sequence—an expectation consistent with Squire (2007), Shipan and Volden (2008),

and the broader state politics literature on legislative capacity—is not borne out in

the Vermont case. California, New York, and Washington each possess substantially

greater legislative capacity than Vermont, and each enacted protective legislation in

2023, yet the textual evidence positions Vermont SB 37 as the closest cross-state

match for bills in Colorado, California, and New Mexico rather than the reverse. Two

interpretations are available, and they are not mutually exclusive. The first is that

template hub status within the protective coalition is determined not by the individual

capacity of adopting legislatures but by the position of affiliated advocacy organiza-

tions within the horizontal drafting network, with Vermont’s early 2023 enactment

reflecting coordinated affiliate timing rather than independent institutional capacity.

The second is that high-capacity states, precisely because their legislative processes

are slower, more formally institutionalized, and more procedurally encumbered, may

move later in the adoption sequence than lower-capacity states whose smaller legis-

latures can enact protective legislation on compressed timelines. The current design

cannot adjudicate between these interpretations, and both would be consistent with

the horizontal architecture developed in Section 5.4. What the Vermont case does

200



establish, regardless of which interpretation prevails, is that the conventional map-

ping between institutional capacity and diffusion function—in which high-capacity

states originate frameworks and low-capacity states adopt them—requires substantial

revision to accommodate the empirical record this thesis documents. Future research

capable of modeling enactment timing explicitly, identified in Chapter 6 as a priority

for longitudinal extension, would supply the additional traction this question requires.

The revised typology, accommodating these findings, has three features the original

lacked. First, it distinguishes exporter status from exporter function: a state can

originate a framework that diffuses widely (function) without maintaining high levels

of original drafting across its legislative output (status). In 2023, Vermont occupied

this position on protective legislation. Second, it acknowledges that the importer–

exporter axis operates within a coalition structure rather than across one: comparing

a high-novelty restrictive state to a low-novelty protective state confuses two distinct

diffusion architectures that should be analyzed within-coalition before being compared

across-coalition. Third, it treats the reinforcer category as genuinely distinct from the

importer category on grounds of organizational intent rather than textual signature

alone: a state that reworks existing language to maintain policy continuity (reinforcer)

is doing different organizational work than a state that adopts external language to

import new policy (importer), even when the textual novelty scores are comparable.

These refinements do not abandon the original typology; they specify it more carefully.

The exporter–importer–reinforcer categories remain analytically useful descriptors

of state function in diffusion networks. The contribution of the 2023 analysis is to

show that the categories operate differently across coalition architectures and that

institutional capacity, while relevant, does not map cleanly onto functional position

in the ways the pre-Dobbs literature on state innovation suggested.
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5.8 Scope Conditions

The theoretical apparatus developed across the preceding sections is not intended to

travel uniformly across all domains of state policy diffusion. This section articulates

the scope conditions under which constitutional vacuum diffusion, reactive template

mobilization, and the coalition-architecture distinction should be expected to apply.

It identifies the conditions under which the pre-existing diffusion literature should

retain its explanatory priority.

5.8.1 Preemption Collapse Event

The first and most consequential scope condition is the presence of a preemption col-

lapse event. Constitutional vacuum diffusion is, by definition, a regime that emerges

when federal constitutional or statutory authority that had previously constrained

state action is abruptly withdrawn. Such events are rare. The Dobbs decision is

the clearest example within American federalism in the last half-century. Analogous

events are few: the partial invalidation of the Voting Rights Act’s preclearance regime

in Shelby County v. Holder, 570 U.S. 529 (2013), the striking of the individual man-

date’s enforcement mechanism in the Affordable Care Act litigation cycle, and the

post-Heller and post-Bruen recalibration of permissible firearms regulation following

District of Columbia v. Heller (2008) and New York State Rifle & Pistol Associa-

tion, Inc. v. Bruen (2022) are candidate cases, though each differs from Dobbs in

the completeness and suddenness of the doctrinal withdrawal. Outside of these rare

events, the diffusion dynamics in most policy domains are governed by the incremental

processes theorized by the established literature. The framework developed here is a

framework for anomalous periods, not a replacement for the diffusion baseline.
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5.8.2 Bilateral Pre-Existing Advocacy Infrastructure

The second scope condition is the presence of dense pre-existing advocacy infrastruc-

ture on both sides of the policy debate. Reactive template mobilization requires that

at least one coalition have pre-positioned templates available for rapid deployment.

In policy domains where no such templates exist—newly emergent regulatory ques-

tions without established organizational presence—the shock of a preemption collapse

would not produce the textual convergence the 2023 abortion record exhibits, because

there would be nothing to deploy. The asymmetry between protective and restrictive

coalitions in 2023 depended on both coalitions having some organizational infrastruc-

ture; had protective coalitions lacked the shield law frameworks that the Center for

Reproductive Rights and allied organizations had been developing, the post-Dobbs

legislative record would likely have exhibited the scattered, independent-drafting sig-

nature that low-capacity innovation produces. The framework, therefore, applies most

cleanly to policy domains with long histories of organized advocacy on both sides.

5.8.3 Temporal Proximity to the Shock

The third scope condition is temporal proximity to the shock. The 2023 findings cap-

ture legislative behavior during the first full calendar year after Dobbs. The theoretical

argument in Section 5.2 predicts that the coalition asymmetry should attenuate as

the protective coalition’s initial codification wave subsides and the restrictive coali-

tion develops new litigation-tested templates for the expanded policy frontier. The

framework’s applicability to 2024, 2025, and subsequent legislative cycles is therefore

an empirical question the current design cannot resolve. The framework provides a

testable prediction about the direction of change: protective novelty should rise, and
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restrictive novelty should fall as the post-shock adjustment period matures. Chapter 6

treats this prediction as the foremost candidate for future longitudinal extension.

5.8.4 Decoupled Financial and Information Channels

The fourth scope condition is the decoupling of financial and informational influence

channels. The PAC paradox documented in Section 5.6 may be characteristic of highly

polarized, ideologically sorted policy domains in which legislators’ positions are pre-

determined by coalitional identity and organizational contributions add little to what

ideology already supplies. In less polarized domains where legislators’ votes are not

pre-determined—infrastructure, taxation, many regulatory questions—the financial

and informational channels may operate in closer coordination, and the PAC paradox

would not be expected to appear. The framework’s decoupling claim, therefore, applies

most cleanly to polarized domains and should not be extended to the full range of

state legislative activity without additional empirical testing.

These scope conditions are not limitations in the pejorative sense; they are the

boundary specifications that a theoretical framework requires if it is to be useful for

comparative work. Constitutional vacuum diffusion, reactive template mobilization,

and the coalition-architecture distinction are not intended as general theories of state

policymaking. They are specific mechanisms that operate under specific conditions,

and their value for the broader diffusion literature depends on accurate specification

of when they should and should not be expected to apply.
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5.9 Implications and Bridge to Limitations

The theoretical apparatus developed in this chapter makes several contributions that

Chapter 7 will develop at greater length. It specifies a diffusion regime the pre-

Dobbs literature did not anticipate; it introduces a mechanism—reactive template

mobilization—that occupies a distinct position in the existing taxonomy; it docu-

ments coalition architectures that produce differentiated convergence signatures under

shock conditions; it reinterprets a long-standing assumption about legislative profes-

sionalism; and it provides evidence consistent with the informational-subsidy account

of interest-group influence in a domain where the financial-influence intuition has

dominated public commentary.

These contributions, however, rest on inferential foundations that the observational

research design can support only partially. The quantitative evidence establishes

textual convergence with considerable precision: the TF-IDF vectorization over

104,445 unique n-grams, the 188×188 cosine similarity matrix, the Bell–McCaffrey

CR2 cluster-robust standard errors computed via estimatr::lm_robust following

Pustejovsky and Tipton (2018), and the dyadic specification on 1,035 state pairs col-

lectively provide a rigorous description of the textual patterns that characterized 2023

post-Dobbs legislation. What the evidence cannot fully establish is the organizational

mechanism responsible for producing those patterns. The documentary evidence

examined in Section 4.9—LegiScan legislative records, FEC contribution data, advo-

cacy organization publications, and legislative history materials—corroborates the

organizational interpretation, but documentary evidence speaks to organizational

presence and public activity rather than to the internal drafting processes through

which specific statutory language is developed and circulated.
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The gap between the textual pattern and the organizational mechanism is the prin-

cipal inferential limit imposed by the current design. The constitutional vacuum dif-

fusion framework predicts that protective coalitions in 2023 deployed pre-positioned

templates through horizontal affiliate coordination; the evidence is consistent with

this prediction but does not fully establish it. Alternative mechanisms—parallel inde-

pendent drafting by coalitionally aligned legislators working from common doctrinal

sources, legislative staff copying from academic and advocacy publications, post-

enactment textual convergence produced by drafting conventions rather than inten-

tional coordination—are not eliminated by the current design. Distinguishing among

these candidate mechanisms with confidence would require direct evidence about the

drafting processes within legislative offices and advocacy organizations in 2023, evi-

dence that the computational and documentary materials assembled for this thesis

cannot provide.

Chapter 6 addresses these inferential limits directly. It articulates what the quan-

titative approach can and cannot demonstrate, identifies the specific extensions

that would strengthen each of the chapter’s theoretical claims, and specifies a

future research agenda—centered on direct qualitative inquiry into the drafting pro-

cesses internal to legislative offices and advocacy organizations—that would test the

mechanism-level propositions developed here. That agenda is not a concession that

the current findings are incomplete. It is a recognition that different research instru-

ments answer different questions, and that the textual and documentary evidence

assembled in this thesis answers the questions it was designed to answer rigor-

ously while bracketing the questions it was not designed to answer for subsequent

investigation.

The chapter that follows develops these boundaries in detail.
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Chapter 6

Limitations and Future Research

6.1 The Inferential Scope of the Current Design

This thesis was designed to answer a narrow question with precision: what textual

and structural patterns characterize cross-state diffusion in the first post-Dobbs leg-

islative cycle, and which institutional and coalitional features predict them? The find-

ings reported in Chapter 4, and the theoretical apparatus advanced in Chapter 5—

constitutional vacuum diffusion, reactive template mobilization, and the vertical–

horizontal coalition architecture distinction —carry implications that extend well

beyond that narrow question, and present chapter accounts for the distance between

the two. The computational design rigorously establishes the patterns it was built

to detect; it leaves a corresponding set of mechanism-level questions for subsequent

investigation. This chapter identifies that distance candidly, specifies the limits it

imposes on the claims advanced in Chapter 5, and articulates the future research

agenda that would close it.

The organizing premise is the one developed at the close of Chapter 5: different

research instruments answer different questions, and the textual and documentary

materials assembled for this thesis answer rigorously the question they were designed

to answer while bracketing, for subsequent investigation, those they were not. The

sections that follow proceed from the narrower methodological limits—what TF–

IDF cosine similarity can and cannot answer about legislative coordination (§6.2)—
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through the specification-level limits of the dyadic regression (§6.3) and the scope

limits imposed by a single-year, single-domain corpus (§6.4), to an explicit accounting

of demonstration versus inference (§6.5). The chapter then turns to the future research

agenda that these limits collectively define (§6.6), centered on direct qualitative

inquiry into the drafting processes internal to legislative offices and advocacy organi-

zations. A brief concluding section (§6.7) reprises the framing under which these limits

are a consequence of methodological prioritization rather than evidentiary incomplete-

ness.
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6.2 Limitations of the Computational Approach

6.2.1 Textual Similarity as Necessary but Not Sufficient Evidence

of Coordination

The most consequential limit of the computational design concerns the inferential

reach of textual similarity itself. TF–IDF vectorization over the 104,445 unique n-

grams in the 2023 corpus, combined with cosine distance computed over the resulting

188×188 similarity matrix, generates a rigorous numerical description of how closely

any two bills converge in surface linguistic content. What that description cannot

unambiguously establish is the causal pathways through which the convergence arose.

High cosine similarity between two bills is consistent with multiple generative pro-

cesses, not all of which correspond to the organizational coordination that Chapter 5

theorizes.

Three rival mechanisms are not eliminated by the current design and deserve explicit

enumeration. The first is parallel independent drafting by coalitionally aligned legis-

lators working from common doctrinal sources. Legal memoranda circulated through

academic networks, law-review commentary on post-Dobbs statutory design, and the

public briefs filed in ongoing litigation constitute a shared informational environ-

ment from which legislators in different states could draw nearly identical statutory

language without any direct organizational contact. The textual signature of such

parallel drafting would be indistinguishable from the signature of coordinated tem-

plate deployment, yet the two cases imply different theories of how diffusion operates

under a constitutional vacuum.

The second is informal staff copying from academic and advocacy publications. Leg-

islative staff in 2023 had access to an unprecedented volume of publicly available
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analysis—white papers from think tanks, policy briefs from advocacy organizations,

model statutory language published in law reviews, and commentary from legal

scholars—any of which could have served as a drafting source without triggering the

organizational coordination mechanism the framework identifies. Here too, the textual

convergence is genuine, but its causal locus sits outside the drafting infrastructure of

the anchor organizations.

The third is post-enactment convergence produced by drafting conventions rather

than intentional coordination. Revisor’s offices, legislative counsel, and uniform-code

influences impose stylistic regularities on statutory language that can generate simi-

larity between bills whose authors never consulted one another or any common orga-

nizational source. The residual effect is small in most domains, but on contested,

heavily lawyered policy questions, it can be nontrivial. The current design cannot

isolate this drafting-conventions component of the observed similarity.

None of these alternatives is eliminated by the evidence assembled for this thesis,

and none can be eliminated by any purely textual analysis, however methodologically

refined. Discriminating among them requires evidence about the drafting process

itself: which sources staff actually consulted, whether and how affiliated organizations

circulated language, and at what point in the drafting cycle particular phrasings

entered the statutory text. That evidence is not available in the corpus.

The implication for the Chapter 5 argument is not that the reactive template mobiliza-

tion mechanism is wrong, but that the computational design establishes it only by

pattern-matching: the signature the framework predicts—compressed simultaneous

adoption, horizontal structure, coalition asymmetry, organizational co-presence as

the strongest predictor at the dyadic level—is the signature the data exhibit, but

a signature is not a mechanism. The framework’s mechanism-level claims are there-
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fore best read as one plausible account consistent with the textual and documentary

evidence, not as the only account that evidence can support. Comparative weighting

among the three rival mechanisms enumerated above and the reactive template mobi-

lization account would require process-level evidence—which sources staff actually

consulted, through which channels coordinated language was circulated—that the

computational and documentary materials assembled here cannot supply. That com-

parative weighting is therefore deferred to the qualitative extension specified in Sub-

section 6.6.1 rather than asserted on the basis of pattern evidence alone.

6.2.2 Novelty as Textual Signature, Not Normative Measure of

Policy Innovation

Chapter 5 flagged, in the context of the professionalism reinterpretation, that text-

based novelty measures should not be read as measures of policy innovation in the

normative sense. The point warrants development here as a methodological caveat

that applies across the entire analysis rather than only to the professionalism finding.

The cross-state novelty score constructed for this thesis measures a specific quantity:

the textual distance between a bill and its nearest counterpart in another state’s 2023

corpus. A low score indicates proximity to existing legislative language elsewhere;

a high score indicates textual distance from it. Neither direction carries an implicit

evaluation of legislative quality, policy efficacy, or substantive originality. A state

that adopts an externally drafted bill well-calibrated to its local institutional and

constitutional context may be engaging in more sophisticated policymaking than a

state that drafts comparable legislation de novo without the benefit of prior statutory

experimentation elsewhere. The novelty score is silent on that distinction.
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This caveat bears directly on the interpretation of the state-level patterns documented

in Chapter 4. Higher novelty scores indicate greater textual distance from out-of-state

counterparts; lower scores indicate proximity. That directional convention is purely

descriptive: it carries no evaluative content. A state whose bills register low novelty—

North Carolina or Tennessee, for example—may be drafting policy of higher quality

than a state whose bills register high novelty, because the templates available for adap-

tation in mature advocacy domains have typically been refined through legal review

and litigation testing across multiple jurisdictions. Conversely, high novelty in states

with limited infrastructure access may reflect informational isolation rather than cre-

ative drafting capacity. Whether any bill in the corpus represents good, durable, or

efficacious policy is a question the text-based measure is not designed to answer.

The broader point is that the convergence between substantive policy quality and

textual novelty is genuinely weak in domains with dense model-bill infrastructure.

High-quality policy often travels through templated channels because the templates

have been refined through legal review, litigation testing, and iterative drafting across

multiple jurisdictions. Low novelty scores in such domains may therefore track policy

sophistication as much as or more than they track unreflective copying. Conversely,

high novelty scores in states with limited infrastructure access may reflect informa-

tional isolation rather than creative drafting capacity. The interpretive upshot is a

distinction between measurement and concept. As measurement, the novelty score

is well-defined: it captures textual distance between a bill and its nearest cross-state

counterpart, with high internal consistency and full reproducibility. As a proxy for the

broader concept of policy innovation—the substantive originality, doctrinal soundness,

implementation viability, judicial resilience, or distributional calibration of legislative

output—the score is at best partial and at worst misleading. This thesis treats the
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textual measure as evidence of diffusion structure, not as a normative ranking of leg-

islative output. Evaluative claims about policy quality would require criteria that lie

entirely outside the computational design.

6.2.3 Representation Limits of TF–IDF and the N-gram Vector Space

The TF–IDF representation adopted in Chapter 3 offers substantial advantages for

diffusion analysis: it is transparent, reproducible, interpretable at the feature level,

and consistent with the broader text-as-data literature on legislative similarity (Wilk-

erson, Smith, and Stramp 2015; Linder et al. 2020). It also imposes specific represen-

tational costs that any assessment of the thesis’s findings should register.

The n-gram vector space treats legislative text as a bag of terms weighted by frequency

and inverse document frequency. It discards the semantic equivalence between differ-

ently phrased clauses that accomplish the same doctrinal work. Two provisions that

protect a clinic from out-of-state subpoenas using different terminology will register

as textually dissimilar under TF–IDF even when they are functionally identical. Con-

versely, two provisions that use identical boilerplate language but produce different

substantive effects (because they sit within different enforcement architectures) will

register as highly similar. The measure tracks surface linguistic proximity, and in most

cases—the abortion corpus included—surface proximity correlates strongly with sub-

stantive proximity, but the correspondence is imperfect.

Transformer-based representations such as Legal-BERT and its successors offer par-

tial redress to this limitation by encoding text into embedding spaces that capture

semantic equivalence across different surface wordings (Chalkidis et al. 2020). Repli-

cation of the Chapter 4 results using semantic embeddings would test whether the
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coalition asymmetry, the Vermont hub pattern, and the Nevada–Washington near-

replication survive the transition to a more semantically sensitive representation.

The expectation, given the coarse linguistic convergence the TF–IDF analysis already

detects, is that the substantive findings would remain stable and that some additional

convergence, invisible to n-gram methods, would emerge. Whether that expectation

holds is an open empirical question that the current design does not answer. §6.6.5

returns to semantic replication as a priority methodological extension.
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6.3 Limitations of the Dyadic Regression Specification

6.3.1 Organizational Presence Versus Drafting Collaboration

The dyadic regression reported in Chapter 4 established that the Jaccard index

of shared PAC donor organizations between two states is a robust and quantita-

tively comparable predictor of cross-state textual similarity (β = +0.039, p < 0.001,

N = 1,035). The interpretation advanced in Chapter 5 read this result as evidence

that organizational co-presence rather than financial transfer drives the observed con-

vergence. That interpretation is the most parsimonious reading of the coefficient, but

the measure it relies on warrants explicit qualification.

The Jaccard index registers whether the same organizations maintain an advocacy

footprint in both states of a given dyad. It does not register the intensity of that

footprint, the specific activities conducted through it, or the presence or absence of

actual drafting collaboration between the organization’s affiliates in the two states.

Two states sharing Planned Parenthood as a DIME-recorded organizational presence

might differ substantially in whether that presence involves active legislative drafting

assistance, passive lobbying, electoral support for down-ballot candidates, or clinical

service provision unconnected to legislative activity. The Jaccard measure does not

distinguish among these possibilities, and the dyadic regression cannot therefore iden-

tify which forms of organizational co-presence generate the convergence signature.

This limit affects the mechanism-level interpretation more directly than it affects the

pattern-level finding. The pattern finding—that dyads sharing organizational foot-

prints exhibit higher textual similarity—is robust to the interpretive question and

holds regardless of which activities within those footprints do the causal work. The

mechanism finding—that the responsible activity is template circulation through affil-
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iate networks rather than electoral mobilization or clinical advocacy—is the more

ambitious claim, and it rests on the theoretical plausibility of the informational-

subsidy account in combination with the pattern evidence, not on direct measurement

of drafting collaboration. Richer operationalizations of advocacy infrastructure—

lobbying disclosure filings, IRS Form 990 data on organizational staffing and program

expenditures, state-level registration records for legislative liaisons—would provide

a more granular test of which components of organizational presence predict con-

vergence. The current design incorporates none of these, and their incorporation is

identified in §6.6.2 as a priority extension.

6.3.2 Temporal Compression and the Absence of Sequence Data

The 2023 corpus captures legislative enactments within a single calendar year. This

compression is analytically deliberate—Chapter 3 specified the scope as the first full

legislative year after the constitutional vacuum opened—but it imposes a specific

inferential cost: the dyadic analysis cannot observe enactment sequencing within the

cycle. Whether Vermont SB 37 textually preceded Colorado SB 188 in the sense of

being the template from which Colorado drafted, or whether both bills emerged from

a common affiliate drafting process without any directional flow between them, or

whether Colorado’s earlier introduction but later enactment reverses the chronology

implied by final passage dates, cannot be determined from the cross-sectional data

alone.

The substantive consequence is that the exporter–importer–reinforcer typology revis-

ited in §5.7 cannot, on the present evidence, support directional inference about

which states function as origins and which as adopters. What the cross-sectional

similarity matrix supports is a structural classification: states whose bills sit at high
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textual centrality within the network can be identified as candidate hubs, and states

whose bills sit at high cross-state novelty can be identified as candidate origins or

candidate isolates, but the data cannot adjudicate between these possibilities. The

typology is therefore best understood as a pattern-level diagnostic that subsequent

enactment-timing analysis would either validate as directional or revise as descrip-

tive. The Vermont hub question identified in §5.7 is, at present, underdetermined: it

is consistent with Vermont functioning as the originating node in a hub-and-spoke

protective network, and it is equally consistent with Vermont, California, New York,

and Washington operating as co-drafters within a distributed process whose textual

center happens to have been logged as Vermont SB 37 for reasons unrelated to origi-

nation. Enactment-timing models on a longitudinal corpus, discussed in §6.6.3, would

supply the directional leverage the current design lacks.

6.3.3 Statistical Power for Interaction Tests

The dyadic dataset comprised 1,035 state pairs, which is adequate for robust point

estimation of the main effects reported in Table 4.6 but limits the statistical power

available for interaction tests. Several theoretically interesting questions raised by

Chapter 5—whether the Both Protective effect is conditional on the density of the

advocacy infrastructure in the dyad, whether the coalition asymmetry attenuates

at higher PAC Jaccard values, and whether professionalism moderates the coali-

tion effects—would require interaction specifications whose power on 1,035 dyads

is marginal.

Interactions were not included in the preferred specification precisely because the

estimated coefficients on plausible interaction terms were unstable across model per-
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turbations, and reporting them as findings would have overstated what a single-year

corpus can support.

A longitudinal extension to 2024 and 2025 enactment cohorts, even under conserva-

tive assumptions about the number of eligible bills in each subsequent year, would

roughly triple the dyadic sample and substantially improve interaction-test power.

Whether the coalition asymmetry documented in this thesis is an unconditional fea-

ture of the post-Dobbs legislative environment or whether it is conditional on specific

organizational and institutional configurations is a question the current corpus lacks

the statistical resolution to answer with confidence.

6.3.4 Binary Measurement of Advocacy Infrastructure

The Jaccard construction treats organizational presence within each state as a binary

set membership: an organization is either in a state’s DIME-recorded advocacy

ecosystem or it is not, with no weighting for intensity of engagement. This binary

treatment discards information about how deeply each organization is embedded in

a given state’s political infrastructure. A state where Planned Parenthood maintains

five affiliated clinics, a state legislative liaison, a registered lobbyist, and an active

candidate-endorsement operation contributes the same Jaccard-index term as a state

where Planned Parenthood’s only DIME-recorded activity is a single contribution

to a gubernatorial campaign. The substantive difference between these two cases is

considerable, and the measure does not capture it.

A richer operationalization would weight organizational presence by staffing, lobby-

disclosure activity, IRS reporting on program expenditures, or the number of affili-

ated entities registered in each state. Such weightings would require additional data-

collection work—particularly on lobby disclosure records, which are maintained at the
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state level under inconsistent reporting standards—but would produce a more dis-

criminating test of whether the convergence signature is driven by deep organizational

embedding or by mere statutory presence. The current binary measure is adequate

to establish the main effect but not to characterize the distributional properties of

organizational influence on textual convergence.

A second methodological limitation concerns the clustering specification. The reported

standard errors derive from one-way clustering on state_i, the first state listed in

each dyad. For dyadic data with potential within-state correlation operating on both

members of each pair, two-way clustering on state_i and state_j simultaneously

(Cameron, Gelbach, and Miller 2011; Aronow, Samii, and Assenova 2015) provides

a more rigorous treatment of the dyadic dependence structure. Re-estimation under

two-way clustering is a priority for replication. The substantive results reported in

Section 4.9 are unlikely to change in direction or significance under that specification

given the conservatism of the Bell–McCaffrey CR2 correction already applied, but

the inferential statement will be technically more defensible.
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6.4 Limitations of Scope and Selection

6.4.1 Single Legislative Year

The corpus captures enacted legislation from a single calendar year—2023, the first

full legislative year after Dobbs. This temporal window was chosen deliberately: it iso-

lates the initial legislative response to the constitutional vacuum before the feedback

effects of early enactments, judicial challenges, and electoral consequences could con-

taminate the diffusion signal. The cost of that isolation is that the findings describe

a moment-specific equilibrium rather than a durable structural feature of post-Dobbs

policymaking.

Chapter 5 advanced several predictions that are testable only through longitudinal

extension. The constitutional vacuum diffusion framework predicts that the coali-

tion asymmetry should attenuate over successive cycles as protective coalitions move

beyond initial codification and restrictive coalitions develop new litigation-tested tem-

plates for the expanded policy frontier. The reactive template mobilization mechanism

predicts that the compressed, simultaneous adoption structure should give way to

more sequential, learning-based patterns as the post-shock window matures. Neither

prediction can be assessed against a single-year corpus, and both remain stipulated

implications of the framework rather than empirically confirmed dynamics. Whether

the 2023 patterns represent the leading edge of a transitional regime or a durable

reconfiguration of abortion-policy diffusion is a question that only 2024, 2025, and

subsequent legislative cycles can answer.

The single-year window also forecloses analysis of pre-Dobbs baseline patterns. The

constitutional vacuum diffusion framework claims that the 2023 record departs from

what established diffusion models would predict; yet the thesis does not construct the
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pre-Dobbs baseline against which that departure could be measured directly. Trigger

laws enacted in 2022, the incremental restrictions adopted under Casey ’s undue-

burden framework, and the pre-Dobbs protective codifications in states like New York

and Illinois constitute an available comparison corpus that the current design does

not exploit. Future work incorporating pre-Dobbs legislative text would provide a

more rigorous before-and-after test of whether the diffusion regime the framework

describes is genuinely novel or whether it intensifies patterns already present in the

pre-shock period.

6.4.2 Single Policy Domain

The thesis analyzes abortion policy exclusively. The scope conditions articulated in

§5.8 specify that the constitutional vacuum diffusion framework should apply to policy

domains characterized by predictable preemption collapse, high salience, dense pre-

existing advocacy infrastructure, and bilateral mobilization. Those conditions are met

in the abortion domain; whether they are met in candidate comparison domains—

firearms regulation after Bruen, voting rights after Shelby County, a hypothetical

reversal of Obergefell—is argued by analogy rather than established by evidence.

Cross-domain replication would test the framework’s most ambitious claim: that con-

stitutional vacuum diffusion is a generalizable regime rather than a description of one

policy area’s idiosyncratic post-shock dynamics. Without such replication, the possi-

bility remains that the patterns documented here are products of features specific to

abortion politics—the depth and duration of the pre-Roe organizational infrastruc-

ture, the intensity of the morality-policy valence, the uniquely bilateral character of

the Dobbs opening—rather than products of the structural conditions the framework

identifies. The framework’s theoretical value depends on its capacity to travel beyond
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the case that generated it, and establishing that capacity requires empirical work the

current design does not undertake.

6.4.3 Enacted Bills Only

The corpus includes 188 enacted bills across 46 states. It excludes bills that were intro-

duced but failed to pass, bills that passed one chamber but stalled in the other, and

bills that were withdrawn, substituted, or merged into omnibus vehicles before final

passage. This selection criterion was methodologically motivated: enacted legislation

represents the completed output of the diffusion process and avoids the interpretive

ambiguity of bills whose failure may reflect strategic withdrawal, procedural timing,

or partisan gatekeeping rather than substantive rejection.

The cost is that the analysis observes only the survivors of the legislative process,

which introduces a form of selection bias whose direction is predictable but whose

magnitude is unknown. Bills that closely replicated out-of-state templates may have

failed precisely because their lack of local adaptation made them politically or legally

vulnerable—in which case the enacted corpus underestimates the degree of cross-

state templating that was attempted in 2023. Alternatively, bills that failed may have

been more idiosyncratic than those that passed—in which case the enacted corpus

overestimates the baseline novelty of the full introduced population. The direction of

the bias depends on whether template fidelity helps or hinders enactment in a given

state’s legislative environment, and the current design cannot adjudicate.

An extension incorporating the introduced-but-failed population would provide

leverage on this question and would also enable analysis of the gatekeeping func-

tion: which types of templates survive the legislative process and which are filtered

out, and whether that filtering operates differently in restrictive and protective
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states. LegiScan’s comprehensive bill-tracking data make such an extension feasible

in principle, though the volume of introduced abortion-related legislation in 2023—

substantially larger than the enacted corpus—would require additional data-collection

and classification work.
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6.5 What the Design Can and Cannot Demonstrate
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Table 6.1: Accounting of Inferential Claims

Evidentiary
Status

Claim Key Caveat

Demonstrated

Moderate cross-state borrowing rather
than wholesale copying or independent
drafting; coalition asymmetry:
protective β = −0.076 (p = 0.022);
restrictive β = −0.017 (p = 0.482)

—

Organizational infrastructure and
coalition membership predict similarity;
contiguity null

Predicts pattern, not
channel of transmission

Zero common PAC donors across
highest-similarity pairs; documentary
corroboration of organizational
co-presence

Confirms presence at case
level, not drafting process

Established by
inference

Reactive template mobilization as
diffusion mechanism

Three rival mechanisms
uneliminated (§6.2.1)

Vertical versus horizontal coalition
architecture

Inferred from coefficient
behavior

Professionalism as capacity for adoption
rather than innovation

Requires drafting-process
evidence

Outside
inferential reach

Internal drafting processes within
legislative offices and advocacy
organizations

Requires qualitative inquiry
(§6.6.1)

Policy quality, efficacy, or durability of
enacted legislation

Requires evaluative criteria
outside text-based design
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The preceding sections have itemized specific methodological, specification-level, and

scope limitations. This section consolidates them into an explicit accounting of the

claims the computational evidence supports, the claims it establishes by inference, and

the claims that lie outside its inferential reach. Table 6.1 summarizes the accounting;

the discussion that follows develops each row in turn.

What the design demonstrates. The computational and documentary evidence

assembled in this thesis establishes five claims with high confidence. First, the 2023

post-Dobbs abortion corpus exhibits a characteristic textual structure: moderate base-

line novelty (mean = 0.769, SD = 0.122) with a heavy central concentration between

0.70 and 0.90, consistent with widespread adaptation of shared frameworks rather

than either wholesale copying or independent drafting. Second, that structure is

coalition-asymmetric: protective bills are significantly less novel than the neutral base-

line (β = −0.076, p = 0.022), while restrictive bills are statistically indistinguishable

from it (β = −0.017, p = 0.482). Third, cross-state textual similarity is predicted

by shared organizational infrastructure (PAC Jaccard β = +0.039, p < 0.001) and

shared protective coalition membership (β = +0.037, p < 0.001), not by geographic

contiguity (β = +0.003, p = 0.734). Fourth, the highest-similarity cross-state pairs

exhibit near-zero direct financial connections between the legislators who sponsored

the converging bills, establishing the decoupling of financial transfer from textual

coordination at the case level. Fifth, documentary evidence from LegiScan legislative

records, FEC contribution data, and advocacy organization publications corroborates

the organizational interpretation by confirming the concurrent advocacy presence of

the organizations whose Jaccard overlap predicts convergence.

What the design establishes by inference. Three claims are supported by the

pattern evidence and the documentary record but rest on inferential extension rather
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than direct demonstration. First, the reactive template mobilization mechanism—the

claim that pre-positioned templates were activated through affiliate coordination in

response to the Dobbs shock—is the most parsimonious account consistent with the

observed signature but is not directly observed. The three rival mechanisms enumer-

ated in §6.2.1 remain uneliminated. Second, the vertical–horizontal architecture dis-

tinction between restrictive and protective coalitions is inferred from the differential

behavior of the Both Restrictive and Both Protective coefficients across dyadic model

specifications, not from direct observation of organizational drafting processes. The

inference is theoretically grounded and empirically supported, but the organizational

characterization—star-shaped versus mesh-shaped—is a theoretical construct applied

to statistical patterns rather than a directly measured structural property. Third, the

capacity-for-adoption reinterpretation of the professionalism finding is the most plau-

sible reading of the negative β in the bill-level regression, but the reinterpretation

would be substantially strengthened by direct evidence about how legislative staff

in high- and low-professionalism states access or fail to access externally produced

templates.

What the design cannot demonstrate. Two categories of claims lie outside the

design’s inferential reach. First, mechanism-level claims about the internal drafting

processes of legislative offices and advocacy organizations—who drafted what, which

templates circulated through which channels, at what point specific phrasings entered

the statutory text—require direct evidence the computational design cannot supply.

The thesis establishes that the textual patterns are consistent with the organizational

mechanisms Chapter 5 theorizes; it does not establish that those mechanisms are the

ones that actually produced the patterns. Second, evaluative claims about the relative

quality, efficacy, or durability of the legislation the corpus contains are outside the
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scope of the text-based measure. Novelty scores describe textual distance, not policy

merit.
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6.6 Future Research

The limitations documented in the preceding sections collectively define a research

agenda organized around five extensions, listed in approximate order of priority for

testing the framework’s mechanism-level claims. Qualitative investigation of drafting

processes (Section 6.6.1) is the most direct test of the reactive template mobiliza-

tion mechanism and is positioned accordingly. Archival enrichment of the organiza-

tional measures (§6.6.2) and longitudinal extension to subsequent legislative cycles

(§6.6.3) address measurement granularity and temporal scope. Cross-domain appli-

cation (§6.6.4) and semantic methodological refinement (§6.6.5) test the framework’s

generalizability and the robustness of the textual measures to alternative representa-

tional strategies.

The extensions are listed in approximate order of priority for testing the framework’s

mechanism-level claims: qualitative investigation of drafting processes (6.6.1) is the

most direct, archival enrichment and longitudinal extension (6.6.2 - 6.6.3) address

measurement and temporal scope, and cross-domain and methodological extensions

(6.6.4 - 6.6.5) test generalizability and representational robustness.

6.6.1 Qualitative Investigation of Legislative Drafting Processes

The most consequential extension would address the principal inferential gap identi-

fied throughout this chapter: the distance between the textual coordination pattern

and the organizational mechanism theorized to produce it. Closing that gap requires

direct evidence about the drafting processes internal to legislative offices and advocacy

organizations—evidence that the computational and documentary materials assem-

bled for this thesis cannot provide.
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A natural next-stage research design would conduct semi-structured interviews with

legislative staff, committee counsel, and advocacy organization personnel involved

in drafting 2023 abortion legislation. The research questions such interviews would

address are specific: Did staff in State A consult model statutory language circu-

lated by Organization X? Did Organization X circulate such language, and if so,

through what channels—direct staff contact, affiliate working groups, publicly acces-

sible model-bill libraries, or informal networks? At what point in the drafting cycle

did the converging phrasings identified by the computational analysis enter the statu-

tory text? Were the converging phrasings present in the earliest available drafts, or

did they emerge through amendment during the legislative process?

These questions are answerable. The personnel who drafted the 2023 legislation are

identifiable through legislative records, and the organizational staff who supported the

drafting process are identifiable through lobby-disclosure filings and organizational

publications. The interviews would not require access to privileged or confidential

materials; they would require access to the recollections and professional judgments

of participants in a public legislative process. The methodological infrastructure for

such inquiry is well established in the qualitative state-politics literature (Hertel-

Fernandez 2019).

This extension represents the natural continuation of the research program initiated

here and is positioned as a priority for subsequent investigation. The computational

analysis provides the map of convergence; the qualitative inquiry would supply the

mechanism that produced it.
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6.6.2 Archival Enrichment of Organizational Measures

The binary Jaccard measure of organizational co-presence, while adequate for estab-

lishing the main effect documented in the dyadic regression, discards information

about the depth and character of organizational embedding that richer data sources

could supply. Three archival extensions would substantially improve the operational-

ization.

First, state-level lobby-disclosure filings would identify which organizations main-

tained registered lobbyists in each state during the 2023 legislative session, distin-

guishing active legislative engagement from passive electoral presence. Second, IRS

Form 990 data on organizational staffing, program expenditures, and affiliated enti-

ties would provide a continuous measure of organizational depth that the binary Jac-

card construction discards. Third, legislative liaison records—where states maintain

them—would identify the specific organizational contacts through which model leg-

islation and drafting assistance were channeled to legislative offices. Combining these

sources with the DIME-derived Jaccard index would produce a multidimensional mea-

sure of organizational infrastructure whose components could be entered separately

in the dyadic specification, testing which dimensions of organizational presence—

electoral, lobbying, drafting, or clinical—predict the convergence signature.

The data-collection costs of this extension are nontrivial. Lobby-disclosure standards

vary substantially across states, and some states’ records are not digitized or stan-

dardized in ways that permit systematic cross-state comparison. IRS data are publicly

available but require substantial cleaning and entity-matching work to link national

organizations to their state-level affiliates. These costs are manageable within a funded

research project but exceed the scope of the current thesis.
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6.6.3 Longitudinal Extension and Enactment-Timing Models

Extending the corpus to include 2024 and 2025 enacted legislation would address

two of the most consequential limitations identified in this chapter. First, it would

test the constitutional vacuum diffusion framework’s central temporal prediction: that

the coalition asymmetry should attenuate as protective coalitions move beyond initial

codification and restrictive coalitions develop new litigation-tested templates for the

expanded policy frontier. A finding that protective novelty scores rose between 2023

and 2025 while restrictive scores fell would constitute strong confirmatory evidence

for the framework; a finding that the asymmetry persisted or deepened would require

theoretical revision.

Second, a multi-year corpus would supply the enactment-timing data the current

design lacks. By incorporating bill introduction dates, committee hearing dates, floor

vote dates, and gubernatorial signature dates across multiple legislative cycles, a lon-

gitudinal extension could construct event-history models that test directional diffusion

hypotheses directly. The Vermont hub question—whether Vermont SB 37 functioned

as a template source or merely as the textual center of a distributed co-drafting

process—is answerable with introduction-date data that the current cross-sectional

design does not exploit. More broadly, enactment-timing models would permit the

exporter–importer–reinforcer typology to be grounded in observed temporal sequence

rather than inferred from similarity patterns alone.

The longitudinal extension would also substantially improve statistical power for the

interaction tests that the current dyadic sample cannot support (§6.3.3). A three-

year corpus, even under conservative assumptions, would roughly triple the dyadic

sample and enable conditional analyses—whether the Both Protective effect varies
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with organizational density, whether professionalism moderates coalition effects—that

the current 1,035-dyad sample renders underpowered.

6.6.4 Cross-Domain Application

The constitutional vacuum diffusion framework specifies scope conditions—predictable

preemption collapse, high salience, dense bilateral advocacy infrastructure, morality-

policy characteristics—under which its predictions should hold. Several candidate

domains meet enough of these conditions to warrant systematic application, though

each introduces complications the abortion case does not.

Firearms regulation following New York State Rifle & Pistol Association v. Bruen

(2022) is the nearest analogue: a Supreme Court decision that altered the consti-

tutional treatment of a highly salient, heavily organized policy domain with dense

advocacy infrastructure on both sides. The key difference is that Bruen narrowed

permissible regulation rather than vacating a half-century of doctrinal infrastruc-

ture, producing an asymmetric shock that expanded the restrictive coalition’s fron-

tier without simultaneously compelling the protective coalition to codify previously

assumed protections. The framework’s predictions about bilateral mobilization would

require modification for this asymmetric case.

Voting rights following Shelby County v. Holder (2013) offers a partially completed

natural experiment: the preclearance regime’s partial invalidation opened a policy

frontier for restrictive voting legislation, and the resulting legislative activity has

been documented descriptively but not, to date, analyzed through text-as-data dif-

fusion methods. The morality-policy characteristics are weaker—voting regulation

involves substantial technical implementation alongside value conflicts—suggesting
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that hybrid diffusion mechanisms combining template adoption with local customiza-

tion may predominate.

A hypothetical reversal of Obergefell v. Hodges would closely parallel Dobbs on most

structural dimensions—predictable shock, morality policy, prepared organizational

infrastructure, bilateral opportunities—but the organizational landscape differs in

ways that could produce different coalition architectures. Whether these differences

are consequential for the framework’s predictions is an empirical question that pre-

positioning the analytical infrastructure now would enable researchers to answer

rapidly if the constitutional conditions materialize.

Each of these domains would test the framework’s generalizability beyond the case

that generated it. The framework’s value for the broader diffusion literature depends

on whether the structural conditions it identifies—rather than the substantive features

of abortion politics—are what produce the observed diffusion dynamics.

6.6.5 Methodological Extension: Semantic Embeddings

The TF–IDF representation adopted for this thesis captures surface linguistic simi-

larity but discards semantic equivalence across different wordings (§6.2.3). Replication

of the core analyses using transformer-based embeddings—Legal-BERT (Chalkidis et

al. 2020; Devlin et al. 2019) or domain-adapted successors—would test the robustness

of the findings to a more semantically sensitive representation. The specific questions

such replication would address are whether the coalition asymmetry, the Vermont

hub pattern, and the Nevada–Washington near-replication persist when measured

through embeddings that register functional equivalence rather than lexical overlap;

and whether additional convergence invisible to n-gram methods emerges, particu-
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larly among bills that achieve similar doctrinal effects through different statutory

language.

The expectation, given the strength of the surface-level convergence the TF–IDF

analysis already detects, is that the substantive findings would remain stable under

semantic replication. If that expectation is confirmed, the result would strengthen

confidence that the patterns documented in Chapter 4 reflect genuine substantive

coordination rather than artifacts of the representational method. If the expectation

is disconfirmed—if, for instance, the coalition asymmetry disappears under semantic

embeddings because restrictive bills achieve functional convergence through varied

surface language—the finding would require substantial theoretical revision.
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6.7 Designed Scope, Not Incomplete Evidence

The limitations documented in this chapter are real, and the future research agenda

they define is substantive. Neither observation diminishes the contributions the cur-

rent design makes. The computational analysis provides the most systematic descrip-

tion to date of textual convergence patterns in post-Dobbs state abortion legislation;

the dyadic regression identifies organizational co-presence and coalition alignment as

the structural predictors of that convergence while ruling out geographic proximity;

and the documentary evidence corroborates the organizational interpretation at the

case level. These are the questions the design was built to answer, and it answers

them rigorously.

The questions it brackets—the internal organizational mechanisms through which

specific statutory language was developed and circulated, the temporal sequence of

template deployment within the 2023 cycle, the durability of the coalition asym-

metry over subsequent legislative years, and the framework’s generalizability to other

policy domains—are questions that require different instruments. Qualitative inquiry

into drafting processes, archival enrichment of organizational measures, longitudinal

corpus extension, cross-domain replication, and semantic methodological refinement

each address specific gaps the current design leaves open, and each is feasible within

the infrastructure the thesis has established.

The distinction between designed scope and incomplete evidence matters for how the

thesis’s contributions should be assessed. A research design that attempts to answer

every question answers none of them well. The choice to prioritize computational text

analysis over qualitative mechanism-tracing, to analyze a single legislative year rather

than a multi-year panel, and to focus on one policy domain rather than several was
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a methodological prioritization that enabled the precision the findings achieve. The

limitations this chapter documents are the costs of that prioritization, and they are

specified here not as concessions but as the boundary conditions within which the

findings hold and beyond which subsequent investigation begins.

What remains, then, is to consolidate what the thesis has established within those

boundaries. The preceding chapters have assembled the empirical record, inter-

preted its theoretical implications, and specified the limits of the interpretive claims.

Chapter 7 draws together these strands: it restates the central contributions in their

most concise form, locates the thesis within the broader trajectory of diffusion schol-

arship, and closes with the question that the 2023 record poses most urgently for the

field—whether the patterns I document represent a transitional anomaly or the first

evidence of a structural transformation in how American states make policy after

constitutional shocks.
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Chapter 7

Conclusion

7.1 The Argument in Brief

The Dobbs v. Jackson Women’s Health Organization decision of June 2022 posed a

question the accumulated diffusion literature had not been obliged to answer: when a

constitutional doctrine half a century old is vacated in a single opinion, returning to

a highly salient and heavily organized policy domain in full to the states, what shape

does the resulting legislative activity take? That question is precisely the empirical

puzzle the received frameworks of policy diffusion were not designed to address. The

question is not merely substantive. It is also diagnostic: the patterns that emerge

under such conditions reveal which theories capture the underlying dynamics of state

policymaking and which capture only the equilibrium arrangements to which those

dynamics had adapted during the half century of federal preemption that Roe and

Casey imposed.

This thesis has assembled the first systematic answer for the first full legislative year

after the vacuum opened. Drawing on a corpus of 188 enacted bills across 46 states,

and analyzing that corpus through computational text measures and dyadic regres-

sion, it documents a diffusion signature that neither the geographic-learning tradi-

tion nor the dominant pre-Dobbs intuition about restrictive templating anticipated.

Post-Dobbs abortion legislation in 2023 was characterized by moderate textual bor-

rowing across state lines—mean cross-state novelty of 0.769 with a standard deviation
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of 0.122, two-thirds of bills clustered between 0.70 and 0.90—a distribution consis-

tent with widespread customization rather than wholesale copying or independent

drafting. Within that baseline, the coalition that deployed standardized templates

most aggressively was the protective coalition, not the restrictive one (β = −0.076,

p = 0.022 for protective bills; β = −0.017, p = 0.482 for restrictive bills, under Model

3 with Bell–McCaffrey CR2 inference on N = 175). Textual convergence across state

pairs was predicted by shared organizational infrastructure (β = +0.039, p < 0.001,

measured as the Jaccard index of PAC donor organizations) and by shared protec-

tive coalition membership (β = +0.037, p < 0.001), not by geographic contiguity

(β = +0.003, p = 0.734). The ten highest-similarity cross-state bill pairs registered

zero common PAC donors, including the Nevada SB 370–Washington HB 1155 pair

whose 80.7 percent cosine similarity constitutes the singular case of near-replication

in the dataset.

The theoretical apparatus developed in Chapter 5 draws these results into a single

framework. Constitutional vacuum diffusion names the regime that emerges when

federal preemption collapses abruptly and sub-national jurisdictions are compelled

to legislate across a newly opened frontier within compressed timelines. Reactive

template mobilization names the mechanism that operates within that regime: pre-

positioned model language, developed over years by organizations arrayed on both

sides of the issue, is activated through affiliate channels in the months immediately

following the shock. The coalition asymmetry the mechanism produces is not inci-

dental to the empirical record but diagnostic of two distinct organizational architec-

tures. Restrictive coordination in 2023 flowed through vertical template distribution

from a small number of national nodes—Americans United for Life, Susan B. Anthony

Pro-Life America, Alliance Defending Freedom—whose pre-Dobbs template develop-
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ment was institutionally mature but whose post-shock deployment was constrained

by an unsettled litigation environment in which previously drafted templates required

re-engineering for the expanded policy frontier. Protective coordination, by contrast,

flowed through horizontal affiliate networks whose convergence on a shared codifica-

tion agenda produced the concentrated textual signature the corpus displays.

What follows in this concluding chapter is not a restatement of these findings but an

assessment of what they contribute and where they locate the thesis within the longer

trajectory of diffusion scholarship. Section 7.2 articulates the empirical, theoretical,

and methodological contributions in their most concise form. Section 7.3 situates the

thesis in relation to the literatures from which it departs. Section 7.4 considers its

implications for post-shock policy domains beyond reproductive rights. Section 7.5

closes with the interpretive question the 2023 record poses most urgently for the

field: whether the patterns documented here represent a transitional anomaly of the

immediate post-Dobbs mobilization period or the first evidence of a structural trans-

formation in how American states make policy when federal doctrinal infrastructure

collapses.
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7.2 What the Thesis Contributes

7.2.1 Empirical Contributions

The thesis supplies the first systematic cross-state textual analysis of the post-Dobbs

abortion corpus. Prior scholarship on post-Dobbs state legislative activity has been

descriptive or case-based, documenting particular enactments without placing them

on a comparative structural surface. By constructing the full enacted-bill corpus for

2023, computing pairwise textual similarity across its 188 bills, and measuring nov-

elty as one minus each bill’s maximum cross-state similarity, the analysis produces a

quantitative foundation on which the diffusion dynamics of a full legislative cycle can

be read directly from the statutory text.

The quantification of coalition asymmetry is the most consequential empirical finding.

Three decades of documented model-bill production by national restrictive organiza-

tions had generated an expectation that post-shock legislative coordination would be

most visible on the restrictive side. The 2023 record inverts that expectation at con-

ventional levels of statistical significance. Protective bills exhibit significantly lower

novelty than the neutral baseline; restrictive bills do not. At the dyadic level, the

Both Protective coefficient is robust across specifications at β = +0.037 (p < 0.001),

a magnitude equal to 30 percent of the dependent variable’s mean (0.037/0.125),

while the Both Restrictive coefficient attenuates from marginal significance in Model

D2 (β = +0.015, p < 0.10) to null in Model D3 once organizational co-presence is

controlled for (β = +0.012, p = 0.158). The attenuation itself is substantively infor-

mative: it is consistent with restrictive coordination operating substantially through

the same organizational infrastructure that the Jaccard measure captures, while pro-
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tective coordination operates through additional channels the measure does not fully

register.

The decoupling of financial transfer from textual coordination is the second empirical

contribution. Across the ten highest-similarity cross-state pairs, direct PAC contribu-

tions from abortion-focused donors to the sponsors of the converging bills approach

zero. Systematic analysis of the DIME database’s full contribution record confirms

that abortion-focused organizations contribute negligibly to state legislative candi-

dates in general, not merely to the sponsors of the specific bills this thesis analyzes.

The dyadic regression nonetheless identifies shared PAC donor organizations as a

strong and independent predictor of similarity. The reconciliation, developed at length

in Section 5.6, is that the organizations whose presence the Jaccard index captures are

not purchasing legislative behavior; they are supplying informational infrastructure—

model language, legal memoranda, drafting assistance, expert testimony, coalition

talking points—whose effects are visible in the textual record but invisible in the con-

tribution record. The finding supplies empirical confirmation of the Hall and Deardorff

(2006) legislative subsidy framework in a policy domain where the financial-influence

intuition has been especially prominent in public commentary, and it demonstrates

the magnitude of error that contribution-only measures of interest-group influence

can produce in domains where the informational channel dominates.

7.2.2 Theoretical Contributions

The constitutional vacuum diffusion framework developed in Chapter 5 is the thesis’s

principal theoretical contribution. The framework identifies a class of diffusion events

characterized by four structural features: a judicially imposed rather than discur-

sively negotiated policy window; a bilateral rather than unilateral opportunity struc-
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ture that compels both coalitions to legislate simultaneously; a compressed rather

than extended temporal horizon measured in months rather than years; and an advo-

cacy infrastructure that pre-positions model language before the shock rather than

producing it in response. These features distinguish constitutional vacuum diffusion

from the policy-window dynamics of Kingdon (2011), the punctuated-equilibrium

dynamics of Baumgartner, Berry, et al. (2009), and the event-history diffusion of

Berry and Berry (1990). The framework’s value for the broader literature is that it

specifies the structural conditions under which a diffusion regime of this kind should

emerge, enabling subsequent research to evaluate whether other domains in which fed-

eral preemption has collapsed—voting rights after Shelby County v. Holder (2013),

firearms regulation after New York State Rifle & Pistol Association v. Bruen (2022),

or hypothetical reversals of other long-standing constitutional doctrines—generate

comparable signatures.

Reactive template mobilization, developed in Section 5.3, supplies the mechanism

that operates under the framework’s scope conditions. Unlike learning-based diffu-

sion, which presupposes that adopting states have time to observe the consequences of

others’ policy choices, and unlike conventional crisis adoption, which presupposes that

templates are constructed in response to the precipitating event, reactive template

mobilization presupposes that templates are pre-built and activated. The mechanism

is distinct from both and has predictive implications the 2023 record confirms: conver-

gence should concentrate on pre-existing model language rather than newly drafted

text; state-to-state timing should be determined by affiliate coordination rather than

observational learning; and the diffusion signature should be detectable in the statu-

tory text within the first post-shock legislative cycle, before measurable policy out-

comes emerge in the adopting states.
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The coalition-architecture distinction—vertical restrictive templating through a small

number of national nodes, horizontal protective coordination through distributed

state affiliates—is the third theoretical contribution. It refines the Jansa, Hansen,

and Gray (2019) copy-and-paste diffusion framework, which was developed on pre-

Dobbs evidence and predicts that the restrictive coalition should drive observable

textual coordination in abortion policy, by showing that when both coalitions are

activated simultaneously, their different organizational architectures produce different

textual signatures. The restrictive architecture yields convergence that is less concen-

trated within coalition-aligned dyads; the protective architecture concentrates conver-

gence within coalitionally aligned dyads. The architectural distinction thereby extends

rather than refutes the copy-and-paste tradition, integrating it into a fuller account

that specifies how coalition structure conditions the textual signature diffusion pro-

duces.

The reinterpretation of the professionalism–novelty relationship, developed in Section

5.5, is the thesis’s fourth theoretical contribution. Squire (2007) and the broader state-

politics literature have treated legislative capacity as enabling innovation. The 2023

record suggests instead that capacity enables adoption: professionalized legislatures

exhibit lower novelty in a pattern consistent with greater capacity to exploit externally

available template infrastructure, while low-capacity legislatures produce textually

more original bills in a pattern consistent with restricted access to the same infrastruc-

ture. The inference about why the relationship runs in this direction—that advocacy-

supplied templates are the relevant infrastructure—is theoretically grounded but not

directly established by the regression and remains, at this stage of the research pro-

gram, an interpretation rather than a measured mechanism. The reinterpretation is

consistent with the Jansa, Hansen, and Gray (2019) finding that professionalism cor-
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relates with template uptake in the pre-Dobbs record, and it extends that finding to

the post-shock regime. It also yields a cross-domain prediction that the thesis iden-

tifies but does not evaluate: the negative professionalism–novelty relationship should

be strongest in high-infrastructure domains in which organized advocacy has pro-

duced dense template libraries, and should weaken or reverse in domains where such

infrastructure is sparse.

The revision of the exporter–importer–reinforcer typology developed in Section 5.7 is

the fifth theoretical contribution. The revised typology distinguishes exporter func-

tion, the origination of a framework that diffuses widely, from exporter status, the

maintenance of high original-drafting rates across a state’s legislative output. It

acknowledges that the importer–exporter axis operates within coalition structures

rather than across them, and it integrates the Vermont hub finding as evidence

that affiliate position rather than institutional capacity determines exporter function

within the horizontal protective architecture. The typology, so revised, constitutes

a more precise instrument for subsequent diffusion research in domains where coali-

tion architectures may be asymmetric and where the conventional mapping between

legislative capacity and diffusion function cannot be assumed to hold.

7.2.3 Methodological Contributions

The research design contributes three methodological refinements with value beyond

the immediate case. The integration of bill-level and dyadic specifications within

a single analytical pipeline demonstrates the value of nested units of analysis in

diffusion research. The bill-level regression identifies the institutional and coalition

predictors of novelty at the level of the enacted bill; the dyadic regression iden-

tifies the structural predictors of convergence at the level of the state pair. Each
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specification answers questions the other cannot, and together they produce a more

complete characterization of the diffusion signature than either could alone. The

Bell–McCaffrey CR2 Satterthwaite inference employed throughout—implemented via

estimatr::lm_robust—ensures that conservative small-sample corrections appro-

priate to the dyadic sample size are applied uniformly, protecting against the over-

statement of significance that conventional cluster-robust inference can produce in

samples of this dimension (Pustejovsky and Tipton 2018).

The Jaccard index of shared PAC donor organizations illustrates how financial

data can be repurposed to measure organizational co-presence rather than finan-

cial transfer. The empirical payoff, documented in Section 4.8 and reiterated in

the empirical summary above, is that the two measures dissociate sharply in the

2023 record. The methodological implication is more general: financial presence and

financial transfer are distinct constructs, and diffusion research that conflates them

risks systematically mismeasuring the mechanism. Subsequent studies requiring a

measure of organizational infrastructure rather than financial influence can apply

the construction developed here to other policy domains with comparable advo-

cacy structures, substituting domain-appropriate donor taxonomies into the Jaccard

denominator and numerator.

Finally, the replication infrastructure assembled for this thesis—the archival analytical

files, the complete R codebase for both bill-level and dyadic specifications, the full

188× 188 similarity matrix, and the authoritative dependent-variable construction—

provides a public good for subsequent research on post-Dobbs state abortion policy.

The analytical pipeline is reproducible end-to-end from the raw legislative corpus

through the final regression tables, and the documentation is sufficient for independent

replication or extension. The value of such infrastructure is particularly salient for
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a policy domain in which the first-year record is already being cited in litigation

briefs, legislative debates, and policy commentary, and in which the availability of

transparent, reproducible textual measures may substantially affect the quality of

downstream scholarly and practical use.
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7.3 Locating the Thesis Within Diffusion Scholarship

The relationship between this thesis and the diffusion literature it draws on is neither

strictly continuous nor strictly disruptive. The core insight of Walker (1969)—that

policy spreads through structured interstate pathways rather than through simulta-

neous independent adoption—is confirmed by the 2023 record. What requires revision

is the specification of the pathways themselves. Geographic contiguity is null in the

dyadic regression (β = +0.003, p = 0.734); coalitional and organizational ties are

strong. The underlying analytical move—modeling diffusion as a structured process

with identifiable transmission channels—is preserved; the substantive content of the

channels is updated to reflect the post-Dobbs evidence. The thesis extends rather than

displaces the Walker tradition, demonstrating that the analytical framework survives

the transition from a geographically organized policy environment to a coalitionally

organized one.

A parallel cumulative relationship holds with respect to Berry and Berry (1990). The

event-history framework’s pairing of internal determinants with external influence

remains analytically indispensable; the 2023 record indicates that in a constitutional

vacuum regime, the external-influence term should be specified as organizational co-

presence and coalition alignment rather than as regional diffusion. The framework’s

structure survives; its parameters are updated. Future event-history analyses of post-

shock diffusion domains can inherit the general design while incorporating the revised

specification the thesis supplies.

Jansa, Hansen, and Gray (2019)’s copy-and-paste tradition, by contrast, requires

more intricate engagement. That tradition, developed on pre-Dobbs evidence, gener-

ated an expectation of restrictive-templating dominance that the 2023 record does
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not confirm. The coalition asymmetry documented here is not a refutation of the

copy-and-paste framework but an extension of it. The framework correctly identifies

interest-group drafting as a diffusion channel and correctly predicts that the channel

produces detectable textual signatures; it requires amendment only in its predic-

tion that the signatures should be concentrated on one side of the abortion debate.

The thesis’s revision—that coalition architecture, not coalition identity, determines

which signatures appear most prominently—is a friendly amendment to a broadly

correct framework, and it carries a testable implication: where architectural asym-

metries between coalitions exist, the textual signature of diffusion should track the

asymmetry rather than the substantive valence of the policy under adoption.

The engagement with Hertel-Fernandez (2019) is primarily one of empirical grounding.

State Capture argues that conservative advocacy organizations have developed a sys-

tematic capacity to shape state legislative activity through model-bill distribution,

affiliate coordination, and staff liaison rather than through direct campaign contribu-

tions. The 2023 abortion record provides high-resolution textual evidence that mirrors

Hertel-Fernandez’s case-based argument on the restrictive side while documenting a

parallel—though architecturally distinct—coordination apparatus on the protective

side. The thesis thereby extends the State Capture analytical frame to a domain

and a coalition the book did not extensively treat, and it supplies the text-as-data

measures that the qualitative design did not develop.

The most substantively novel engagement is with the four-mechanism framework of

Shipan and Volden (2008)—learning, competition, imitation, coercion. Reactive tem-

plate mobilization is not straightforwardly a fifth mechanism; it is a mode of operation

that can involve elements of imitation and, in attenuated form, coercion, while dif-

fering from each in its temporal structure and its dependence on pre-positioned orga-
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nizational infrastructure. The contribution is not to supplement the four-mechanism

typology with an additional category but to show that under constitutional vacuum

conditions, the relative weight and operational structure of the four mechanisms shifts

in ways the original formulation did not centrally theorize. The 2023 record does not

fit cleanly into any single mechanism; it fits most closely into imitation mediated by

shared organizational networks, a hybrid the four-mechanism framework contemplates

without fully specifying. Subsequent diffusion research engaging seriously with post-

shock legislative activity should expect to encounter such hybrids and should develop

the analytical apparatus to distinguish them from the more conventional mechanisms

Shipan and Volden catalogued.

The broader positioning that emerges from these engagements is that the thesis oper-

ates within the diffusion literature’s received analytical architecture while revising its

substantive specifications for a regime the literature has not previously been required

to address. The geographic tradition supplies the modeling logic; the event-history

tradition supplies the dependent-variable conception; the copy-and-paste tradition

supplies the measurement strategy; the state-capture literature supplies the organiza-

tional framing; the four-mechanism typology supplies the mechanism vocabulary. The

thesis’s contribution, in aggregate, is to draw these received resources into a framework

capable of characterizing a diffusion regime—constitutional vacuum diffusion—whose

structural features none of the contributing traditions was designed to capture alone.
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7.4 Implications for Post-Shock Policy Domains

The detailed cross-domain extensions are addressed at length in Section 6.6.4, which

evaluates the framework’s travel prospects for firearms regulation following Bruen,

voting rights following Shelby County, and the hypothetical case of marriage-equality

retrenchment. What warrants attention here is not the comparative case work itself

but the analytical implications the thesis carries for the broader class of policy

domains that may eventually experience constitutional shocks of comparable mag-

nitude. Three points bear emphasis.

The availability of pre-positioned templates is the structural precondition that the

reactive template mobilization mechanism requires. Domains in which organized advo-

cacy has spent decades developing model legislation for constitutional contingencies

that had not yet materialized—domains in which pre-Dobbs abortion policy is rep-

resentative rather than exceptional—should be expected to produce the compressed,

text-heavy diffusion signature the 2023 record exhibits. Voting rights after Shelby

County, firearms regulation after Bruen, and a hypothetical future retrenchment on

marriage equality all satisfy this precondition to varying degrees; each involves advo-

cacy networks whose template-production capacity developed in anticipation of con-

stitutional change rather than in response to it. Domains lacking such pre-positioned

infrastructure—emerging regulatory areas, novel technologies, or policy questions that

had not been legally contested before the precipitating event—should produce a dif-

ferent diffusion profile in which customization is more pronounced and cross-state

convergence less concentrated.

The coalition-architecture distinction developed in Chapter 5 should not be assumed

to travel intact across policy domains. The vertical–horizontal asymmetry the 2023

251



abortion record exhibits is a product of the specific organizational histories of the two

coalitions, not a structural feature of advocacy networks in general. Domains in which

both coalitions are organized through vertically integrated national hubs—certain

areas of environmental regulation and federal labor policy, for instance—should pro-

duce more symmetric diffusion signatures than the one documented here. Domains in

which both coalitions are organized horizontally should produce the opposite. What

the thesis contributes is not a universal claim about coalition architecture but a set of

analytical tools for diagnosing the architecture of any given domain from its observed

textual signature, and for predicting which coalition’s convergence should be most

visible in the textual record given its organizational form.

The measurement strategy developed here is portable to any policy domain in which

enacted-bill text is available and in which organizational co-presence can be oper-

ationalized. The computational pipeline does not depend on features of abortion

politics that are not shared with other domains. Its portability means that the next

constitutional shock, if it produces a comparable legislative response, can be analyzed

within months of its occurrence rather than the years typically required for diffusion

scholarship to catch up to unfolding political events. The analytical infrastructure,

pre-built, is itself a form of template; the thesis’s methodological contribution is partly

to demonstrate that such infrastructure can be pre-built.
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7.5 Transitional Anomaly or Structural Transformation

The closing question Chapter 6 identifies as the one the 2023 record poses most

urgently for the field is whether the patterns documented here represent a transitional

anomaly of the immediate post-Dobbs mobilization period or the first evidence of a

structural transformation in how American states make policy after constitutional

shocks. The question cannot be resolved from a single legislative year. What can be

specified is what the two possibilities imply and what evidence would distinguish

them.

The transitional-anomaly reading is that the 2023 coalition asymmetry reflects a one-

time mobilization advantage produced by the particular timing of the Dobbs decision.

Protective coalitions, on this reading, had developed their codification agenda over the

preceding decade in anticipation of the erosion of Roe but had been unable to enact it

against the constitutional backdrop Roe provided; Dobbs removed the backdrop and

created an immediate legislative imperative to codify protections that had previously

been assumed rather than enacted. Restrictive coalitions, correspondingly, had devel-

oped their template infrastructure against a constitutional regime that constrained

permissible restrictions, and the 2023 legislative year found them re-engineering those

templates for the expanded policy frontier rather than deploying pre-existing ones

intact. On this reading, the coalition asymmetry should attenuate in subsequent leg-

islative years as restrictive templates catch up to the expanded frontier and protec-

tive codification exhausts its initial agenda, producing a more symmetric diffusion

signature in 2024, 2025, and beyond. The prediction is directional and testable: the

longitudinal extension specified in Section 6.6.3 constitutes precisely the empirical

test the question requires.
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The structural-transformation reading is that the 2023 coalition asymmetry reflects

deeper differences in how the two coalitions organize and will persist beyond the initial

codification cycle. On this reading, the horizontal affiliate architecture characterizing

the protective coalition is not a one-time mobilization advantage but the structural

form the coalition has taken; the vertical architecture characterizing the restrictive

coalition is likewise structural and historically durable. If these architectures are stable

features of the respective coalitions, the textual signatures they produce should be

stable as well. Protective convergence should continue to exceed restrictive conver-

gence as both coalitions legislate against the post-Dobbs constitutional backdrop,

because the mechanism that produces convergence—affiliate coordination in the pro-

tective case, national-hub distribution in the restrictive case—operates through archi-

tecturally distinct channels on the two sides of the debate.

The two readings are not mutually exclusive. The 2023 coalition asymmetry may

reflect both a transitional mobilization advantage on the protective side and a durable

architectural difference between the coalitions, with the former dissipating as subse-

quent legislative cycles unfold and the latter persisting. What matters analytically

is that the two components are distinguishable: a transitional advantage should

attenuate, while an architectural difference should persist. Five years of post-Dobbs

legislative records, analyzed through the same computational pipeline developed

here, should supply the evidence needed to distinguish the two components, and the

decomposition will carry consequences for the theoretical framework this thesis has

advanced.

The stakes of the distinction extend beyond abortion policy. If the coalition asym-

metry is transitional, the inference for other constitutional-shock domains is that the

coalition better positioned at the moment of the shock will exhibit the most visible tex-
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tual signature, and that the signature will attenuate as the other coalition catches up.

If the asymmetry is structural, the inference is that coalitions’ organizational archi-

tectures produce different signatures regardless of mobilization timing, and that the

textual record will consistently favor whichever coalition is better suited to distributed

affiliate coordination in that domain. The interpretation of textual-convergence pat-

terns in future post-shock domains depends sensitively on which reading prevails. The

2023 record is insufficient to adjudicate the question; it is sufficient to pose it precisely

enough that subsequent research can answer it.
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7.6 Final Remarks

The Dobbs decision returned a half-century-old constitutional question to the states

on a legislative timeline measured in weeks. The first year of the legislative response

is now visible in its full textual detail, and the pattern it displays is not what the

accumulated diffusion literature would have predicted. Moderate customization at the

aggregate level, coalition asymmetry at the specification level, organizational coor-

dination without financial transfer at the mechanism level, and a horizontal affiliate

architecture on the protective side that contradicts both pre-Dobbs expectations and

popular commentary about the post-shock legislative landscape—these are the signa-

tures the 2023 record displays, and they are consistent enough across specifications

to warrant the interpretive apparatus this thesis has developed.

What the thesis does not claim, and what the limitations chapter has taken care to

specify, is that any single 188-bill corpus can settle the large interpretive questions the

diffusion literature must now confront. One legislative year is not a trend. One policy

domain is not a theory. The computational and documentary evidence assembled here

provides the most rigorous account currently available of the post-Dobbs diffusion

record, but the account is pressure-tested only within the year and the domain for

which it was constructed. The contributions it makes to the broader literature are

contingent on the patterns documented here being confirmed, revised, or refuted by

the subsequent research the limitations chapter has specified.

That such pressure-testing will be possible is itself a feature of the research design.

The analytical infrastructure is transparent; the data are public; the methods are

replicable; the extensions are identified. Subsequent work, undertaken with different

instruments and on different corpora, should be able to engage the thesis’s claims
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directly rather than approximately. Whether that subsequent work confirms or revises

what this thesis has documented is, appropriately, a question for the research that

follows rather than for the work that concludes here. What my work establishes,

within the scope conditions the design imposes, is that policy diffusion after consti-

tutional shocks operates through channels the field has not yet fully theorized—and

that the analytical tools required to theorize them are now available for the next

shock, whenever and wherever it arrives.
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Appendix A

Supplementary Tables and Figures

A.1 Policy Diffusion Mechanisms

Table A.1 presents the complete statistical results from Shipan and Volden (2008)’s

analysis of four policy diffusion mechanisms operating simultaneously. This table sup-

plements the discussion in Section 2.2, providing detailed coefficients, standard errors,

and model fit statistics for readers interested in the methodological foundations of

normal diffusion timelines.

Key Methodological Insights

Shipan and Volden (2008)’s analysis demonstrates several methodological innovations

relevant to this thesis. Simultaneous mechanism testing—rather than testing diffu-

sion mechanisms in isolation, Model 5 includes all four simultaneously, revealing that

learning, competition, imitation, and coercion operate independently when control-

ling for each other. Temporal differentiation—by lagging diffusion variables by two

years, the authors showed that imitation effects decay rapidly (coefficient drops 50%)

while learning and competition effects persist, suggesting distinct causal pathways

with different time horizons. Conditional effects—larger cities prove more capable of

learning, less susceptible to economic competition, and less likely to engage in imita-

tion, already serving as models for other jurisdictions rather than emulating peers.
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Table A.1: Four Mechanisms of Policy Diffusion: Complete Results (Shipan and
Volden 2008)

Model 3 Interpretation
All Mechanisms

Horizontal Diffusion (City-to-City)

Learning 3.20*** 10% increase in state population
(Proportion of state population (0.442) covered → 49% higher odds
with local restriction) of adoption in focal city

Competition −0.0320** Cities hesitate to adopt when
(Outflow: economic spillover risk) (0.0150) neighbors lack similar policies;

fear of economic disadvantage

Imitation 0.456*** If nearest bigger city has policy,
(Nearest bigger city adopted) (0.155) focal city 58% more likely

to adopt (short-lived effect)

Vertical Diffusion (State-to-City)

Coercion: State law −0.345*** State adoption reduces city
(0.0924) adoption odds by 29%

Coercion: State preemption −2.75*** State preemption reduces city
(0.428) adoption odds by 94%

Control Variables

City population (in 100,000s) 0.0286*** Larger cities adopt earlier
(0.0083)

Mayor-council government −0.204* Professional governments
(0.128) adopt more readily

Percent high school graduates 0.0284*** Education increases
(0.0082) adoption likelihood

Percent smokers (state-level) −0.0663*** Higher smoking rates
(0.0196) reduce adoption

Tobacco production state −0.216* Tobacco states less likely
(0.136) to adopt restrictions

Observations 32,810 675 cities × 3 policies
× 25 years (1975–2000)

Wald χ2 404.1***
Note: Adapted from Shipan and Volden (2008), Table 2, Model 3, p. 850. Logistic regression
with robust standard errors clustered by city-year. Year dummy variables included but not
shown. All models control for city demographics (health employees, income, race), state-level
factors (lobbyists, ideology), and temporal dependence. ***p < 0.01, **p < 0.05, *p < 0.1
(one-tailed tests). Effect sizes: for positive coefficients, exp(coeff.) = odds ratio; for negative
coefficients, 1− exp(coeff.) = percent reduction in odds.
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These methodological foundations inform this thesis’s approach to distinguishing

advocacy-mediated coordination from learning-based diffusion in post-Dobbs abor-

tion policy, particularly through the dyadic regression design developed in Chapter 3.
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Appendix B

Computational Procedures and Replication Materials

B.1 Reliability, Replicability, and Transparency

Methodological transparency and independent verification constitute core commit-

ments enabling cumulative knowledge development. All materials necessary for exact

replication are documented through comprehensive protocols, with data and code

archived for public access.

B.1.1 Data Provenance and Availability

Legislative text sources derive exclusively from publicly accessible databases and offi-

cial state archives. Bill texts come from the LegiScan database (https://legiscan.com),

supplemented by official state legislative websites for bills unavailable through

LegiScan. Partisan alignment derives from National Conference of State Legisla-

tures classifications of unified versus divided government (https://www.ncsl.org).

Legislative professionalism is measured through Squire Index scores with the 2024

update (Squire 2024). Advocacy spending derives from Federal Election Commission

records accessed through the Stanford Database on Ideology, Money in Politics,

and Elections (DIME), Release 3.0. Policy classification is cross-validated against

Guttmacher Institute state policy databases and the categorizations developed

by Nash and Guarnieri (2022).
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The complete validated dataset—including corrected PDF files, extracted text, TF–

IDF matrices, similarity scores, novelty measures, and substantive coding—is available

from the author upon request.

B.1.2 Computational Replication Materials

All computational procedures are fully specified through documented code with ver-

sion control. The software environment specifications are: Python 3.11.4; pdfplumber

0.10.2 for PDF text extraction; scikit-learn 1.3.0 for TF–IDF vectorization and

cosine similarity computation; pandas 2.0.3 for data manipulation; numpy 1.24.3 for

numerical computation; and nltk 3.8.1 for natural language preprocessing.

The code repository (https://github.com/lilikowalski19-coder/post-dobbs-diffusion)

is organized into six functional directories: 01_data_collection/ contains PDF

download scripts with error logging, validation protocols, and duplicate detec-

tion algorithms; 02_text_extraction/ contains extraction procedures, boilerplate

removal patterns, and preprocessing pipelines; 03_tfidf_analysis/ contains vec-

torization implementation, parameter specifications, and similarity matrix computa-

tion; 04_novelty_calculations/ contains pairwise similarity measurement, novelty

derivation, and high-similarity pair identification; 05_validation/ contains data

quality checks, correction logs, and reanalysis procedures; and 06_coding/ contains

substantive variable codebooks, intercoder reliability testing, and consensus resolu-

tion documentation. Each script includes inline documentation specifying parameter

choices, algorithmic implementations, and decision rules. README files document

execution order, input requirements, and expected outputs, enabling step-by-step

replication.
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All data sources employed in this study derive from publicly accessible databases

and archives not requiring Institutional Review Board approval: legislative text from

LegiScan, campaign finance records from FEC/DIME, institutional measures from

published indices, and documentary evidence from organizational publications, leg-

islative testimony transcripts, and media reporting. Complete bibliographic informa-

tion is documented in the references list.

B.1.3 Intercoder Reliability and Validation

Substantive coding reliability is established through systematic protocols. Detailed

operational definitions specify decision rules for direction coding (protective, restric-

tive, neutral), mechanism classification (seven categories), and impact strength

(three-point scale). The codebook includes boundary cases, resolution procedures for

ambiguous bills, and worked examples illustrating application.

All substantive coding was conducted by the author. To assess coding consistency,

a 20 percent sample of bills (38 of 190) was re-coded independently at a later date,

blind to the original classifications. Agreement between the original and re-coded

classifications was assessed using Cohen’s κ: direction coding (κ = 0.89), mechanism

classification (κ = 0.82), and impact strength (κ = 0.76). Cases of disagreement

between coding rounds were resolved by returning to the bill text, with the rationale

for final classifications documented in the project codebook.

Direction coding was cross-validated against Guttmacher Institute classifications and

the categorizations of Nash and Guarnieri (2022). Agreement above 90 percent with

established policy tracking organizations provides convergent validity for substantive

measures.
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B.1.4 Analytical Reproducibility Standards

Beyond data and code availability, the study implements additional transparency

measures supporting analytical reproducibility. All text-normalization choices (stop-

word lists, stemming algorithms, punctuation handling) are specified with justifica-

tions, and sensitivity analyses test robustness to alternative specifications (Porter

versus Snowball stemming, varying stopword lists, alternative n-gram ranges). The

0.50 similarity threshold for high-similarity pair classification reflects empirical explo-

ration documented in this appendix; threshold variation analysis at 0.40, 0.50, and

0.60 demonstrates stability of coordination-network identification while balancing sen-

sitivity and specificity. Variables hypothesized to predict coordination but showing

null results are reported transparently rather than suppressed: PAC contribution mea-

sures, for instance, exhibit minimal correlation with textual similarity, a substantively

important null finding contradicting campaign finance theories of legislative influence.

Regression models are estimated under multiple specifications (varying control vari-

ables, alternative clustering approaches, robustness to outlier exclusion), with con-

sistency across specifications strengthening inferential confidence and specification-

dependent findings flagged as preliminary.

The transparency infrastructure described above enables independent researchers to

verify computational procedures, replicate statistical analyses, assess alternative inter-

pretations, and extend methods to additional policy domains or temporal periods.

The goal is not merely reproducibility of specific findings but transferability of ana-

lytical frameworks to cumulative research programs in policy diffusion, text-as-data

methods, and organizational influence on legislative processes.
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B.2 Analytical Workflow Integration

The three-stage sequential design specified in Section 3.5 operates through itera-

tive refinement rather than strict linear progression. Each stage generates outputs

informing subsequent analysis while remaining responsive to emergent findings

requiring methodological adjustment.

Stage One—corpus construction and TF–IDF derivation—produces the empirical

foundation on which the subsequent hypothesis tests rest: the corrected and validated

188-bill corpus, the 188 by 188 cosine similarity matrix, and the bill-level cross-state

novelty scores derived from it. The descriptive patterns surfaced at this stage—a mean

cross-state novelty of 0.769 with substantial dispersion (SD = 0.122), 48 cross-state

pairs above the 0.30 inspection threshold, predominantly within-state high-similarity

pairing, and substantial state-level heterogeneity in borrowing intensity—generate the

specific hypotheses formally tested in Stages Two and Three.

Stage Two—bill-level OLS regression—tests hypotheses H1 through H4 and H6 by

regressing cross-state novelty on legislative professionalism, partisan alignment, mech-

anism type, access direction, and the natural log of state-level advocacy spending.

The Stage Two specification is reported in Section 3.5.2, the estimation procedure

(Bell–McCaffrey CR2 cluster-robust standard errors with Satterthwaite degrees of

freedom) in Section 4.6.2, and the results in Section 4.6. The estimates identify a

coalition-direction asymmetry, a procedural-expansion mechanism effect, and a neg-

ative professionalism coefficient that together motivate the theoretical interpretation

developed in Chapter 5.

Stage Three—dyadic regression on 1,035 state pairs—tests hypothesis H5 and isolates

the structural predictors of cross-state textual convergence at the dyad level. The
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Stage Three specification is reported in Section 3.5.3 and the results in Section 4.9.

The dyadic stage is methodologically distinct from the bill-level stage: it shifts the

unit of analysis from individual legislation to state-pair coordination, employs the

maximum cross-state cosine similarity as the dependent variable, and uses one-way

clustering on state_i with the same Bell–McCaffrey small-sample correction applied

at the bill level.

The integrated workflow proceeds from corpus characterization through bill-level

inference to dyadic structural analysis. Each stage interrogates a distinct empirical

object, and the staged design enables findings at one level to discipline interpreta-

tion at another. Patterns identified in Stage One motivate the Stage Two specifica-

tion; coefficients estimated in Stage Two motivate the Stage Three dyadic move; and

the dyadic results recontextualize the bill-level findings by establishing that the tex-

tual convergence patterns are predicted by advocacy-network rather than geographic-

proximity variables.
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B.3 Cosine Similarity: Full Derivation

Cosine similarity measures the angular distance between two TF–IDF vectors, ranging

from 0 (no shared vocabulary) to 1 (identical vectors). For two bill-level vectors A

and B in Rn, where n is the dimensionality of the TF–IDF feature space (104,445

unique unigrams and bigrams in this corpus),

Cosine Similarity(A,B) =
A ·B

∥A∥ ∥B∥
=

∑n
i=1 AiBi√∑n

i=1A
2
i

√∑n
i=1B

2
i

. (B.1)

The numerator computes the dot product between the two vectors; the denominator

normalizes by the product of their Euclidean norms. The metric is independent of

document length because both vectors are normalized prior to comparison, a property

critical for a corpus in which bills range from single-page resolutions to multi-section

statutes. Cross-state novelty is then defined as 1−maxj∈Si
Cosine Similarity(Ai,Aj),

where Si is the set of bills enacted in states other than the state enacting bill i.
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Appendix C

Statistical Robustness

The bill-level regression results reported in Section 4.6 rest on a single preferred speci-

fication (Model 3) estimated on 175 bills with non-missing 2022 DIME advocacy data.

Three diagnostic concerns warrant separate documentation. The first concerns multi-

collinearity: direction and mechanism are correlated regressors, and the joint inclusion

of both raises the question of whether the coalition-direction coefficient identified as

central to Chapter 4’s findings is artifactually inflated by partial overlap with mecha-

nism categories. The second concerns specification sensitivity: the full Model 3 speci-

fication could obscure how the direction and mechanism components separately drive

the observed pattern. The third concerns outlier sensitivity: the Nevada–Washington

reciprocal pair, which contributes the dataset’s only cross-state similarity above 0.50,

exerts mechanical leverage on the bill-level novelty measures derived from the same

similarity matrix.

This appendix addresses each concern in turn. Section C.1 reports variance inflation

factors for all twelve Model 3 regressors. Section C.2 reports two supplementary spec-

ifications: Model 3a retains the direction indicators and drops the mechanism fixed

effects, while Model 3b retains the mechanism fixed effects and drops the direction

indicators. Section C.3 reports Cook’s distance and leverage diagnostics for the five

highest-leverage observations in the Model 3 sample. Across the three checks, the

substantive results of Chapter 4 are stable: the coalition-direction asymmetry, the
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procedural-expansion mechanism effect, and the negative professionalism coefficient

persist under each diagnostic intervention.
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C.1 Variance Inflation Factors for Model 3

Variance inflation factors (VIFs) were computed for all twelve regressors in the pre-

ferred Model 3 specification. The standard interpretive threshold treats VIFs above

5 as indicative of meaningful multicollinearity and VIFs above 10 as indicative of

severe multicollinearity (Neter et al. 1996). For models with categorical regressors of

varying levels, the generalized variance inflation factor adjustment GVIF1/(2·Df) is the

appropriate scale-comparable metric; a value above 2.24 corresponds to a raw VIF

above 5 under the standard interpretation (Fox 2019).

Table C.1 reports the raw VIFs for all twelve Model 3 regressors. The maximum

value (Unified Democratic government, 4.64) falls below the standard threshold of

5, and no regressor exhibits values consistent with a multicollinearity concern that

would invalidate the reported coefficients. The slight elevation of the Unified Demo-

cratic, Protective, and Shield-mechanism VIFs reflects the empirical overlap among

these three indicators: states with unified Democratic control are disproportionately

represented in the protective coalition, and protective bills are disproportionately

Shield-mechanism legislation. This pattern is itself substantively meaningful and is

the subject of Chapter 5’s discussion of the horizontal protective architecture; it is

not a measurement artifact.

The 4.64 maximum is the value referenced in Section 4.6.2’s note on multicollinearity

(All raw VIFs < 5; max = 4.64; all
√

VIF < 2.2). The square-root transformation

reported there (
√
4.64 = 2.15) confirms that no regressor exceeds the GVIF-adjusted

threshold for categorical comparability. Model 3’s reported coefficients are therefore

not artifacts of multicollinearity, and the joint inclusion of direction and mechanism
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Table C.1: Variance Inflation Factors, Model 3

Variable VIF

Unified Democratic government 4.64
Direction: Protective 3.73
Mechanism E: Shield 3.60
Direction: Restrictive 2.90
Unified Republican government 2.88
Legislative Professionalism (Squire) 2.78
Mechanism B: Funding 2.41
Mechanism D: Definitional 2.35
Mechanism C: Constitutional 2.06
Mechanism F: Criminalization 1.78
Mechanism G: Procedural Expansion 1.55
ln(Advocacy Spending) 1.44

Maximum 4.64

Note: Variance inflation factors computed from
Model 3 (Section 4.6.3, Table 4.3). Refer-
ence categories: Direction = Neutral; Mecha-
nism = A (Procedural Ban/Restriction); Gov-
ernment = Divided. All values fall below
the standard threshold of 5 indicating mul-
ticollinearity concern; the maximum (4.64)
corresponds to the Unified Democratic indi-
cator, whose elevated VIF reflects the sub-
stantive overlap with the protective-coalition
and Shield-mechanism categories rather than
a measurement artifact.
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is statistically defensible. The next section confirms this conclusion by alternative

means.
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C.2 Alternative Specifications: Models 3a and 3b

To verify that the coalition-direction effect identified as central to Chapter 4 is not an

artifact of the joint inclusion of direction and mechanism indicators, two supplemen-

tary specifications were estimated. Model 3a retains the direction indicators and drops

the mechanism fixed effects, isolating the coalition-direction effect from any partial

absorption by mechanism categories. Model 3b retains the mechanism fixed effects

and drops the direction indicators, isolating the procedural-expansion effect from any

partial absorption by coalition direction. Both supplementary models were estimated

on the same restricted sample (N = 175) and with the same Bell–McCaffrey CR2

cluster-robust standard errors as Model 3.

Table C.2 reports coefficient estimates and standard errors for the two supplementary

specifications alongside Model 3 for direct comparison.

The supplementary specifications corroborate the Model 3 results across all substan-

tively important predictors. The Protective direction coefficient is essentially iden-

tical in Model 3a (−0.073, p = 0.033) compared to Model 3 (−0.076, p = 0.022);

the small attenuation reflects only the loss of mechanism-category covariates rather

than any sensitivity to specification. The Restrictive direction coefficient remains non-

significant in both specifications and shifts only modestly. The Procedural Expansion

coefficient remains significant in Model 3b (+0.087, p = 0.040), attenuated relative

to Model 3’s +0.125 but reaching conventional significance under the more conser-

vative small-sample correction; this attenuation reflects the partial absorption of the

procedural-expansion effect by the protective-direction indicator in the full specifi-

cation, since procedural-expansion legislation is disproportionately protective. The

professionalism coefficient is negative and directionally stable across both supple-
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Table C.2: Alternative Specifications: Models 3, 3a, and 3b

Model 3 Model 3a Model 3b
Full Direction Only Mechanism Only

Legislative Professionalism (Squire) −0.155† −0.159† −0.158†

(0.062) (0.094) (0.087)

Direction: Protective −0.076∗ −0.073∗ —
(0.030) (0.033)

Direction: Restrictive −0.017 −0.037 —
(0.024) (0.022)

Mechanism G: Procedural Expansion 0.125∗ — 0.087∗

(0.037) (0.041)

Mechanism C: Constitutional 0.063† — 0.058
(0.034) (0.038)

ln(Advocacy Spending) 0.002 0.001 0.002
(0.002) (0.002) (0.002)

Unified Democratic 0.145∗ 0.140∗ 0.131†

(0.061) (0.067) (0.067)

Unified Republican 0.071 0.063 0.058
(0.039) (0.041) (0.039)

Mechanism fixed effects Yes No Yes
Direction indicators Yes Yes No
R2 0.150 0.121 0.134
N 175 175 175

Note: OLS coefficients with Bell–McCaffrey CR2 cluster-robust standard errors in
parentheses, clustered at the state level via estimatr::lm_robust with Satterthwaite-
approximated degrees of freedom. Mechanism fixed effects in Models 3 and 3b include
indicators for mechanisms B (Funding), C (Constitutional), D (Definitional), E (Shield),
F (Criminalization), and G (Procedural Expansion); reference category is mechanism
A (Procedural Ban/Restriction). Reference categories: Direction = Neutral; Govern-
ment = Divided. All three specifications are estimated on the 175-bill subsample with
non-missing 2022 DIME advocacy data.
Model 3a coefficients on Mechanisms B, D, E, F (omitted from this display for parsimony)
are individually non-significant and jointly insignificant (F = 1.43, p = 0.22); their omis-
sion from Model 3a does not materially affect the direction coefficients.
Significance levels: †p < 0.10; ∗p < 0.05; ∗∗p < 0.01; ∗∗∗p < 0.001.
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mentary specifications, with p-values that loosen only modestly (from p = 0.069 in

Model 3 to p = 0.098 in Model 3a and p = 0.075 in Model 3b), indicating that direc-

tion and mechanism jointly sharpen but do not generate the professionalism estimate.

The unified Democratic coefficient remains significant in Model 3a (p = 0.044) and

reaches marginal significance in Model 3b (p = 0.060), and the advocacy-spending

null persists in both specifications.

The coalition asymmetry central to Chapter 4’s findings is therefore robust to the

alternative specification strategy. The Model 3 estimates should not be read as arti-

facts of multicollinearity between direction and mechanism, and the analytical deci-

sion to retain both sets of indicators in the preferred specification is justified.
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C.3 Influential Observation Diagnostics

Cook’s distance (Di) and hat-matrix leverage diagnostics were computed for all 175

observations in the Model 3 estimation sample. The standard cutoff for flagging poten-

tially influential observations is 4/(n − k − 1) = 4/(175 − 12 − 1) = 0.0247 (Cook

1977); no observation in the Model 3 sample reaches this threshold. Table C.3 reports

the five observations with the highest Cook’s D and leverage values for inspection,

each of which falls well below the conventional cutoff and two orders of magnitude

below the practical-influence threshold of 0.5.

Table C.3: Influential Observations in Model 3

State Bill Novelty Residual Leverage Cook’s D

Colorado SB 188 0.513 −0.282 0.066 0.0004
Missouri HB 1155 0.529 −0.275 0.083 0.0070
Nevada SB 370 0.193 −0.460 0.107 0.0006
Vermont SB 37 0.513 −0.159 0.140 0.0002
Washington HB 1155 0.193 −0.566 0.029 0.0006

Maximum across all 175 observations 0.0070

Note: Cook’s D and leverage values for the five observations with the
highest leverage in the Model 3 sample. All values fall well below the
conventional Cook’s D threshold of 4/(n − k − 1) = 0.025. The max-
imum Cook’s D value across the entire estimation sample is 0.0070,
well below the practical-influence threshold of 0.5 (Cook 1977). Re-
estimation of Model 3 excluding these five observations yields coefficient
changes below 5% of the standard error in absolute magnitude across
all twelve regressors, with no change in the sign or significance status
of any reported coefficient. The five flagged observations correspond to
the bills participating in the highest-similarity cross-state pairs docu-
mented in Section 4.7 (Nevada SB 370 and Washington HB 1155, the
Colorado–Vermont pair, and the Missouri–Virginia cluster), confirming
that these bills’ analytical leverage is substantive rather than mechan-
ical.

Three observations warrant brief substantive comment. Nevada SB 370 and Wash-

ington HB 1155 form the dataset’s only cross-state pair exceeding the 0.50 formal
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similarity threshold and are the bills whose template coordination Section 4.7 docu-

ments in detail. Their elevated leverage in the bill-level regression reflects exactly the

substantive coordination that the chapter argues is the central empirical finding; that

the regression flags them as influential is a diagnostic confirmation of, rather than a

threat to, the analytical structure. Vermont SB 37, similarly, anchors the protective-

coalition template hub identified in Sections 4.7 and 5.7, and its elevated leverage is

again substantive rather than artifactual.

The maximum Cook’s D value across the entire estimation sample is 0.0070, two

orders of magnitude below the practical-influence threshold of 0.5 above which a

single observation might be expected to materially alter regression conclusions (Cook

1977). Re-estimation of Model 3 excluding the five observations in Table C.3 produces

coefficient changes below 5 percent of the corresponding standard error across all

twelve regressors, with no change in the sign or significance status of any reported

coefficient. The bill-level findings of Chapter 4 are therefore robust to outlier exclusion

and do not depend on the analytical leverage of the highest-similarity pairs.
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C.4 Summary

The three diagnostics reported above converge on a single conclusion: the bill-level

findings of Chapter 4 are not artifacts of multicollinearity between direction and

mechanism indicators, are not contingent on the joint inclusion of those two sets of

indicators, and are not driven by the analytical leverage of a small number of highly

similar bill pairs. The coalition-direction asymmetry, the procedural-expansion effect,

and the negative professionalism coefficient persist under each diagnostic interven-

tion, with magnitudes and significance levels that vary only within the range expected

from sample-size and specification adjustments. The substantive interpretation devel-

oped in Chapter 5—that the post-Dobbs textual signature reflects horizontal protec-

tive coordination operating through informational rather than financial channels—

survives these robustness tests intact.
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Appendix D

Complete Catalog of Cross-State Bill Pairs

Section 4.7 reports the ten highest-similarity cross-state bill pairs from the corrected

corpus, all exceeding the 0.40 cosine similarity inspection threshold. Forty-eight cross-

state pairs in total exceed the lower 0.30 threshold introduced in Section 4.7; this

appendix lists the complete set. The catalog establishes that the coordination patterns

visible in Table 4.5 are not artifacts of selective reporting but emerge from a broader

population of partial template overlap. Three substantive observations follow from

the full distribution.

First, the protective-coalition concentration documented in Section 4.7 is even more

pronounced across the full 48-pair set than the top-10 subset suggests. Of the 48 pairs,

32 involve at least one protective-leaning bill; of those 32, 27 involve two protective-

leaning bills. The restrictive-coalition pairs cluster instead in the 0.30–0.40 range and

rarely cross the 0.40 threshold, consistent with the vertical-architecture argument

developed in Section 5.4.

Second, the Vermont template hub is visible across multiple bands of the distribution.

Vermont SB 37 appears as a partner in seven of the 48 pairs, more than any other

single bill in the corpus. Five of the seven Vermont pairings are with bills enacted later

in the 2023 legislative cycle, a temporal ordering consistent with Vermont serving as a

template source rather than a template recipient. The cross-sectional design does not

formally identify temporal direction, but the consistency of the pattern is suggestive.
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Third, the Missouri–Virginia axis identified in Section 4.7 is the only sustained

restrictive-leaning cluster in the dataset; no other restrictive-leaning state pair

appears more than twice in the 48-pair set. The constraint of restrictive coordination

patterns to a small number of state pairs, contrasted with the dispersed protec-

tive coordination patterns visible across many state pairs, is itself diagnostic of the

architectural distinction this thesis develops.

Table D.1: Cross-State Bill Pairs Exceeding 30% Cosine Similarity, Complete Cat-

alog

# Bill 1 Bill 2 Sim. Joint Direction

1 Nevada SB 370 Washington HB 1155 0.807 Protective

2 Colorado SB 188 Vermont SB 37 0.487 Protective

3 Missouri HB 1155 Virginia SB 975 0.471 Mixed

4 California SB 345 Vermont SB 37 0.465 Protective

5 New Mexico SB 13 Vermont SB 37 0.452 Protective

6 Colorado SB 188 New Mexico SB 13 0.447 Protective

7 Missouri HB 1155 Wisconsin SB 196 0.436 Mixed

8 Pennsylvania HB 611 Washington SB 5187 0.423 Mixed

9 Missouri HB 402 Virginia SB 975 0.417 Restrictive

10 California AB 100 New York AB 3003 0.415 Protective

11 Michigan HB 4949 Nevada SJR 7 0.406 Protective

12 Iowa HB 732 South Carolina SB 474 0.405 Restrictive

13 Arizona SB 1473 Mississippi HB 1671 0.391 Restrictive

14 New Mexico HB 7 Vermont SB 37 0.373 Protective

15 Alabama SB 261 Utah SB 97 0.372 Restrictive
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(continued)

# Bill 1 Bill 2 Sim. Joint Direction

16 Connecticut SB 3 Washington HB 1155 0.371 Protective

17 Connecticut SB 3 Nevada SB 370 0.368 Protective

18 Arkansas HR 1010 West Virginia HB 2002 0.365 Restrictive

19 California SB 345 Colorado SB 188 0.360 Protective

20 Colorado SB 188 Maryland SB 859 0.360 Protective

21 California AB 571 Vermont SB 37 0.359 Protective

22 New York AB 3003 Pennsylvania HB 611 0.345 Mixed

23 Maryland SB 859 New York SB 1066 0.341 Protective

24 California SB 345 New Mexico SB 13 0.340 Protective

25 Arizona HB 2564 Virginia SB 975 0.338 Restrictive

26 North Carolina SB 20 North Dakota SB 2150 0.335 Restrictive

27 California SB 887 Virginia SB 975 0.333 Restrictive

28 Illinois HB 1596 Virginia SB 798 0.330 Restrictive

29 North Dakota SB 2150 South Carolina SB 474 0.329 Restrictive

30 Arizona HB 2564 Missouri HB 402 0.329 Restrictive

31 Illinois HB 3762 New Jersey AB 5096 0.329 Mixed

32 Colorado HB 1218 Vermont SB 37 0.327 Protective

33 Maryland SB 786 Vermont SB 37 0.327 Protective

34 California SB 887 Missouri HB 1155 0.327 Mixed

35 Louisiana HB 1 Nebraska LB 814 0.327 Restrictive

36 California SB 101 New York AB 3003 0.324 Protective

37 Idaho SB 1044 Missouri HB 1155 0.324 Mixed

38 Idaho SB 1044 New Jersey AB 5096 0.320 Mixed
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(continued)

# Bill 1 Bill 2 Sim. Joint Direction

39 Nebraska LB 814 Pennsylvania HB 611 0.320 Restrictive

40 Maryland HB 200 Nebraska LB 814 0.314 Mixed

41 Illinois HB 1596 New Jersey AB 5096 0.312 Mixed

42 Maryland SB 859 Vermont SB 37 0.309 Protective

43 Arizona HB 2564 Missouri HB 1155 0.309 Mixed

44 California SB 345 New York SB 1066 0.308 Protective

45 California AB 100 Pennsylvania HB 611 0.307 Mixed

46 California AB 1194 Connecticut SB 3 0.306 Protective

47 California AB 1194 Washington HB 1155 0.306 Protective

48 California SB 345 Maryland SB 859 0.304 Protective

The full 48-pair catalog is accessible in the replication archive at CrossState_Pairs_FINAL.csv;

the rows above through Pair 10 reproduce Table 4.5 from Section 4.7. Pairs 11 through

48 fall in the 0.30–0.40 range and represent partial provision-level borrowing rather

than comprehensive template overlap.
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